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Abstract 

In Sweden, sickness absence due to mental disorder is increasing for both men and women, 

although more among women. The psychosocial work environment is acknowledged as an 

important predictor for sickness absence. Employee based work-time control is beneficial for 

the balance between job stress and recovery and could therefore be of interest when aiming to 

prevent sickness absence. The aim is to investigate the association between control over daily 

hours (CoDH) and control over time off (CoT), respectively, and sickness absence. The study 

also examine whether the association differ by gender and if burnout or depression mediates 

the associations. Data was derived from two waves of the Swedish Longitudinal 

Occupational Survey of Health (SLOSH) which is an approximate representation of the 

Swedish working population (n=8418, of which 4936 were females). Binary logistic 

regression was used as method of analysis. After adjustment for possible confounders, no 

association between CoDH and sickness absence was found. Low CoT was significantly 

associated with sickness absence among men (OR=0.90 [0.84, 0.96]), but not among women. 

Neither burnout nor depression mediates the associations. CoT is stronger associated with 

sickness absence than CoDH. CoT with regard to sickness absence is of greater importance 

for men than women. 

Key words: burnout, depression, sickness absence, mental disorders, mental health, work-

time control, work-time flexibility 
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Introduction 

An unhealthy population is enormously harmful for the society and leads to huge societal 

expenses. In 2015, Sweden lost approximately 57 billion SEK due to sickness absence 

(Sanandaji, 2017). This is a summary of each municipality’s costs for sickness compensation 

and rehabilitation fees during 2015, which also includes what has been lost in terms of 

productivity (Sanandaji, 2017). In September 2016, 189 000 individuals were on sick leave in 

Sweden (Swedish Social Insurance Agency, 2017). About 44 % of these 189 000 cases were 

due to mental ill health, which makes mental disorders to the leading causes of sickness 

absence in Sweden (Swedish Social Insurance Agency, 2017).  

We spend a major part of our lives in paid work and the work environment has been found to 

be a considerably important contributing factor for our mental health, particularly the 

psychosocial environment (Socialstyrelsen, 2003; Nijp, 2016). Working conditions in the 

industrialized countries of today are not even comparable with the working conditions some 

decades ago, which is partly explained by changes in the globalization, privatization of the 

markets, political changes and modern technology (Lundberg & Cooper, 2010; Nijp, 2016). 

These changes have resulted in more competition and increased demands for speed, 

efficiency and productivity, which might have contributed to a deterioration of the 

psychosocial work environment (Lundberg & Cooper, 2010; Nijp, 2016). According to 

Hogstedt, Bjurvald, Marklund, Palmer and Theorell (2004), the physical work environment in 

Sweden has improved over the past decade, mainly within the men dominated occupations. 

However, the psychosocial work environment, particularly within the women dominated 

public sector, has on the other hand deteriorated since 1990 (Hogstedt et al., 2004). 

According to Hogstedt et al. (2004) it is for example organizational changes such as 

downsizing/lack of staff that has contributed to this deterioration. In Sweden, the 

consequences of these adverse changes in psychosocial conditions are for example increased 

time pressure and stress, which in turn is acknowledged as strong predictors for both 

depression and burnout (Perski, 2012) and thus also for sickness absence (Swedish Social 

Insurance Agency, 2017).  That is why it is important to understand how these stress-related 

diseases possibly could be prevented through changes in psychosocial work factors.  

Psychosocial environment at work is defined as “interactions between and among work 

environment, job content, organizational conditions and workers’ capacities, needs, culture, 

personal extra-job considerations that may, through perceptions and experience, influence 
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health, work performance and job satisfaction” (Joint ILO/WHO, 1986 p.3). The 

psychosocial work environment include for example the physical work environment, job 

intrinsic factors (e.g. work load), relationships at work, technological changes and work-time 

arrangements. All of them are strongly associated with the employees’ health (Joint 

ILO/WHO, 1986). One psychosocial work factor that might be of importance but is lacking 

consistent evidence is work-time control. Most of the current research within the area of 

work-time control and its relation to health is of cross-sectional design (Bohle, Willaby, 

Quinlan & McNamara, 2011; Fenwick & Tausig, 2001; Jang, Park & Zippay, 2011; Keeton, 

Fenner, Johnson & Hayward, 2007). The few existing longitudinal studies are mainly based 

on the same Finnish population representative for public sector employees including mainly 

women (Ala-Mursula, Vahtera, Kivimäki, Kevin & Pentti, 2002; Ala-Mursula, Vahtera, 

Pentti & Kivimäki, 2004; Ala-Mursula, Vahtera, Linna, Pentti & Kivimäki, 2005; Ala-

Mursula, et al., 2006). This study will investigate whether high control over working time is 

associated with decreased odds of sickness absence, and if stress related mental disorders 

such as depression and burnout explain this potential link.  

Work-time control 

In the 1990’s, a trend of an increase in flexible working arrangements started as a probable 

result of the changes in the family structure and increasing proportion of women on the 

labour market, but also due to the society’s increased needs for services (Ala-Mursula, 2006). 

Work-time flexibility turned out to be of importance both for employees and employers (Ala-

Mursula, 2006). The literature distinguishes between two different flexible working 

arrangements depending on whom they are beneficial for (Costa et al., 2004; Härmä, 2006). 

The Company-oriented flexibility aims to meet the employer’s needs, for example their need 

to extend/reduce or modify work hours in accordance with varying customer- or service 

times. Shift-work, weekend work and mandatory overtime are some examples of this type of 

flexibility (Costa et al., 2004; Härmä, 2006). Individual-oriented flexibility refers to the 

individual perception of the organizations allowance to obtain possibilities to control their 

working times (Ala-Mursula, 2006) and thus aiming to meet the employee’s needs (Costa et 

al., 2004; Härmä, 2006). Some examples of individual-oriented flexibility are to what extent 

they need autonomy regarding time off and control over daily hours (Costa et al., 2004; 

Härmä, 2006). For this study, the individual-oriented flexibility is of interest and will 

hereinafter be referred to as work-time control (WTC). WTC is defined as “an employee’s 

possibilities of control over the duration, position, and distribution of work time, i.e., 
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autonomy with regard to work time” (Ala-Mursula, 2006 p.18). Although this individual 

oriented flexibility aims to be advantageous for the employee at first-hand, it has been shown 

to be favourable also for the organization/work place due to that high employee WTC 

contributes to an increase in productivity, job satisfaction and reduced absenteeism (Ala-

Mursula, 2006). 

WTC can be measured in different ways. The global measure of WTC is a commonly used 

crude one-item measure of WTC (Nijp, 2016; Nijp, Beckers, Geurts, Tucker, & Kompier, 

2012). This measurement does not distinguish between different forms of WTC; for example, 

it does not take into consideration whether WTC refers to leave control (e.g. when to take 

breaks) or flexitime (e.g. when to start/end the working days) (Nijp, 2016; Nijp et al., 2012). 

Another, more valid and reliable measure of WTC is to include several items concerning both 

flexitime and leave control, which captures a broader and deeper insight of the perceived 

level of WTC (Nijp et al., 2012). This several-item measurement makes it possible to break 

these items down and thus, differentiate between two sub-dimensions of WTC; one regarding 

control over daily hours (CoDH) and one regarding control over time off  (CoT) (Nijp et al., 

2012).  The two-dimensional measurement increases the possibilities to capture the 

complexity of the work situation by distinguishing between the two different aspects of 

WTC.  This enables the researcher to be more precise in interpreting which one of these 

dimensions that has the strongest association with the outcome of interest. It could for 

example be that control over time off is more related to recovery-related outcomes such as 

fatigue, while control over daily hours on the other hand might be more related to work-non-

work balance (Nijp et al., 2012).  

Sickness absence 

Sickness absence is acknowledged as a good way of measuring the general health among a 

working population and is commonly used as an outcome measured both as self-reported and 

based on register data (Voss, Stark, Alfredsson, Vingard & Josephson, 2008). For both men 

and women, sickness absence increases significantly over time in Sweden, although more 

among women (Perski, 2012; Statistics Sweden, 2016). The length of sickness absence tends 

to increase and the number of illness caused by stress and mental disorders rises significantly 

(Perski, 2010). In 2010, depression was one of the leading causes for sickness absence in 

Sweden (Perski, 2012). Since 1992, the incidence of sickness absence due to mental disorders 

has quadrupled for women and doubled for men (Socialstyrelsen, 2003). The two most 



   
 
7 

common explanations for why sickness absence occurs to a greater extent among women 

than men are the double burden (Orth-Gomér, 2012) and the occupational segregation on the 

labour market (Hogstedt et al., 2004). Firstly, in Sweden, compared to other countries, a large 

proportion of the women are active in the labour force and at the same time also highly active 

in the domestic work/unpaid work (Orth-Gomér, 2012). The consequence of this will be an 

increase in hours of total workload for the women, which in turn could be harmful for their 

health (Orth-Gomér, 2012). Secondly, the labour market in Sweden is segregated in such way 

that either men or women dominate some occupations, sectors and occupational classes 

(Hogstedt et al., 2008; Swedish Work Environment Authority, 2016). In 2014, only four of 

the 30 biggest professions in Sweden had an equal gender distribution (Statistics Sweden, 

2016). Psychosocial work conditions, which we know differ between the women dominated- 

and men dominated occupations, are of importance when predicting sickness absence (Darr 

and Johns, 2008). The women dominated public sector (which in general has worse 

psychosocial work environment than the private sector) has been associated with higher 

sickness absence compared to the men-dominated private sector (Hogstedt et al., 2004) and 

could therefore to some extent explain gender differences in sickness absence.  

Mental disorders  

There are similarities between symptoms of burnout and depression, and they are sometimes 

difficult to distinguish (SBU, 2014); Socialstyrelsen, 2003). Depression can for example 

sometimes be considered as a late stage of burnout (Socialstyrelsen, 2003). However, burnout 

seems to be slightly more related to stress and work factors, while depression in turn is 

strongly related to previous negative life events and genetic factors (Socialstyrelsen, 2003). 

However, depending on the individuals’ role in the society, different events might have 

different effects. For example, women are more likely to develop depression due to family-

problems, whereas men more often develop depression due to economic related problems 

(Socialstyrelsen, 2003).  

According to Quinlan (2002), no general definition of burnout exists but the core of the 

concept was founded by Christina Maslach with the Maslach Burnout Inventory (MBI) 

published in 1981 and yet prevailing today (Maslach, Schaufeli & Leiter, 2001). It consists of 

three components described as emotional exhaustion, depersonalization and reduced personal 

accomplishment. Emotional exhaustion is the most obvious indication and the most widely 

reported identification of burnout (Maslach et al., 2001). This component includes for 
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example feelings of helplessness and hopelessness, depression, anger, low energy, chronic 

fatigue, weakness and emotional demanding situations at work (Maslach et al., 2001; 

Quinlan, 2002; Perski, 2012). Signs of depersonalization could be negative feelings towards 

oneself, others or life in general. Reduced personal accomplishment refers to the individual’s 

feelings of nothing being achieved (Maslach et al., 2001; Quinlan, 2002; Perski, 2012).  

Today, depression is a public health concern in Sweden, as well as in many other Western 

countries (Folkhälsomyndigheten, 2017). In 2017, 19% of the Swedish population had been 

diagnosed with depression at least once during their life. A clear gender difference was also 

recognized: 24% of the women and 13 % of the men suffered from depression 

(Folkhälsomyndigheten, 2017). However, men and women with similar working conditions 

develop symptoms of depression and burnout to the same extent, indicating that the 

occupation is more important for predicting mental health than gender itself (SBU, 2014). 

How the work environment is designed, especially psychosocial factors such as control over 

the work, has been proven to play an important role for preventing depression and burnout 

(SBU, 2014).  

WTC is one aspect of work control, which has been found to be associated with mental 

disorders such as depression and burnout. Regarding burnout, Fenwick and Tausig (2001) 

found an association between low WTC and burnout in their cross-sectional study 

representative for the American working population. Another cross-sectional study by Keeton 

et al. (2007) concluded that control over scheduling and working hours are the strongest 

predictors for burnout among American physicians. A longitudinal study representative of the 

Swedish working population found that individuals with high WTC were less likely to suffer 

from depressive symptoms (Albrecht, Kecklund, Rajaleid & Leineweber, 2017). The 

potential link between WTC, mental disorders and sickness absence in the present study is 

based on evidence that low WTC decreases the ability to recover when needed (Nijip, 2016). 

Since lack of recovery is a predictor for stress-related disorders (Geurts & Sonnetag, 2006), it 

is also a risk factor for sickness absence (Swedish Social Insurance Agency, 2017). 

Therefore, burnout and depression could be considered as potential mediators in the 

association between WTC and sickness absence. 

Work-time control and health 

WTC is an important psychosocial work factor that seems to play an important role for 

subsequent health outcomes (Ala-Mursula, 2006; Swedish Work Environment Authority, 



   
 
9 

2016). Fenwick and Tausig (2001) found in their cross-sectional study among the American 

working population that low WTC was associated with adverse general health, distress and 

work-home balance. Furthermore, according to Ala-Mursula et al. (2002), WTC has been 

found to be an independent predictor for health among women (Ala-Mursula et al., (2002). 

They found in a longitudinal study based on the Finnish public sector, that WTC was 

associated with poor health and psychological distress among women (Ala-Mursula et al. 

(2002). In line with these results, Ala-Mursula et al. (2004) came to the conclusion in their 

longitudinal study based on the same population as above, that low WTC increased the risk 

for subsequent health problems among women. Härmä (2006) concluded in his review about 

health effects of work hours, that there is evidence that WTC has a positive impact on health. 

More recent studies have also confirmed this relationship between WTC and health. In a 

prospective study on Japanese workers, Takahashi et al. (2012) investigated how change in 

WTC was associated with sleep and health one year later and found significant associations. 

Lastly, in a longitudinal study representative for the Swedish working population where both 

sub-dimensions of WTC were included, Albrecht et al. (2017) concluded that higher WTC 

was related to fewer symptoms of depression.  

Although the majority of the studies indicate that WTC is associated with subsequent health 

outcomes, the results are not always consistent. A review including 53 longitudinal-, cross-

sectional and intervention studies made by Nijp et al. (2012) who aimed to investigate the 

association between WTC and work-non work balance, health/well-being and job-related 

outcomes, failed to find a causal influence of WTC on health/well-being. This fail was 

however suggested to be due to the lack of longitudinal- and intervention studies (Nijp et al., 

2012).  

Work-time control and sickness absence 

Only few studies have investigated the association between WTC and sickness absence. A 

longitudinal study based on the Finnish public sector that aimed to investigate if the 

combination of uncertainty (including lack of WTC) and organizational justice contributed to 

sickness absence, concluded that WTC was significantly associated with sickness absence 

(Elovainio et al., 2005). However, the association was found only among women (Elovainio 

et al., 2005). Another longitudinal study based on the Finnish public sector employees, that 

aimed to investigate the effects of WTC on health, found an association between low WTC 

and medically certified sickness absence among women (Ala-Mursula et al., 2004). 
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Especially women who were married and those with children living at home gained of high 

levels of WTC, but also men with families and in manual occupations (Ala-Mursula et al., 

2004). Ala-Mursula et al. (2005) investigated in their prospective two-year study based on the 

same population as above, whether WTC moderated the effects of work stress (defined as 

work load and work pace) on sickness absence (Ala-Mursula et al., 2005). They concluded 

that, especially among women, WTC worked as a moderator in the association, meaning that 

high WTC reduces the adverse effects of work stress on sickness absence (Ala-Mursula et al., 

2005). In another longitudinal study on public sector employees in Finland, control over daily 

hours (CoDH) (which was the only sub-dimension of WTC they used) found out to be 

associated with medically certified sickness absence (4 days or more) (Ala-Mursula et al. 

(2006). Furthermore, Ala-Mursula et al. (2002) concluded from a longitudinal study on 

Finnish municipal employees, that low WTC predicted record based sickness absence among 

women, but not among men. In another longitudinal study on Finnish employees that 

investigated whether the effects of time pressure on sickness absence (10 or more days of 

registered sickness absence) varied depending on level of WTC, the results showed that high 

WTC, independent of time pressure, contributed to a lower risk for sickness absence (Nätti, 

Oinas & Anttila, 2015).  

Although there is evidence suggesting that low WTC is associated with sickness absence, 

contradictory results have been found. Fenwick & Tausig (2001) failed to find an association 

between flexible working hours and self-reported days of sickness absence. These results are 

in accordance with Costa et al. (2004) who suggest in their review concerning flexible 

working hours, health and well-being in Europe that individual-oriented flexibility does not 

predict subjectively reported sickness absence. 

Mechanisms behind work-time control and its association with health 

The idea that WTC works as a potential preventive factor for sickness absence and mental 

disorders is based on the effort-recovery theory. According to this theory, workers usually 

devote effort in their working tasks to fulfil their working demands (Meijman, & Mulder, 

1998; Geurts & Sonnentag, 2006). The consequences will be activation in the 

psychophysiological system that eventually might lead to fatigue and sleep complaints if 

recovery does not occur. At this point, the worker will need to mobilize compensatory effort 

to be able to perform at work. If this condition lasts over a long period of time, it will result in 

a state called “allostatic load”, which is known as a primary contributing factor for ill health. 
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However, this allostatic load is preventable, providing that the worker recovers from these 

job efforts (Meijman, & Mulder, 1998; Geurts & Sonnentag, 2006).  

It is well known that recovery is crucial for preventing ill health due to stressful (working) 

conditions (Geurts and Sonnentag, 2006). According to the authors, there are two types of 

work related recovery strategies: internal- and external recovery. Internal recovery refers to 

recovery inside a work context; it could for example be coffee- and lunch breaks. External 

recovery is described as recovery outside the work context, for example during weekends or 

vacation. Both of these recovery types enables workers to recover from job stressors, which is 

a necessity for maintaining a good health (Geurts and Sonnentag, 2006). As high WTC 

increases the individual´s autonomy with regard to working times and time off, it enables the 

worker to receive both internal recovery through adjusting breaks to their needs of recovery, 

and external recovery through increased influence over working times and vacation (Nijp, 

2016). 

Another potential mechanism that might explain why WTC is important in order to avoid 

sickness absence is that a high WTC enables the workers to combine working life with 

private life (Albrecht et al., 2017; Jansen, Kant, Nijhuis, Swaen & Kristensen, 2004; 

Leineweber, Kecklund, Lindfors & Hanson, 2016). Work-family conflict has been related to 

increased risk for adverse health such as emotional exhaustions among both men and women, 

poor self-rated health among women and problem drinking among men (Leineweber, Baltzer, 

Magnusson Hanson, Westerlund, 2012). Work-family conflict is therefore considered as an 

additional risk factor for sickness absence. 

Gender differences in work-time control 

Research suggests that not only levels of WTC differ between gender, but also the strength of 

its association with health. Firstly, women in Sweden tend to report lower WTC as compared 

to men (Albrecht et al., 2016). A plausible explanation could be the occupational segregation 

on the labour market (Swedish Work Environment Authority, 2016). The women-dominated 

public sector usually consists of occupations with low flexibility inherent, such as health care 

personnel and teachers (Albrecht et al., 2016). These professions tend to report lower WTC 

than employees within the private sector (Albrecht et al., 2016). Furthermore, the majority of 

the studies on WTC and its effect on different health outcomes have found that women 

benefit more from WTC (Ala-Mursula et al., 2002; Ala-Mursula et al., 2004; Ala-Mursula et 

al., 2005; Elovainio et al., 2005). Ala-Mursula et al. (2002) speculate that these gender 
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differences might depend on differences in total workload, meaning that women have higher 

total workload than men due to more time spent in domestic work, and therefore benefit more 

from high WTC (Ala-Mursula et al., 2002).  

Despite the fact that a majority of the studies have identified WTC as more important for 

women than for men, results are somewhat inconclusive. Ala-Mursula et al. (2006) concluded 

in their longitudinal study on public sector employees, that the association between CoDH 

and medically certified sickness absence (1-3 days) was statistically significant for only men. 

Fenwick & Tausig (2001) found no gender interactions in the association between WTC and 

health, implying that the effects of flexible working hours do not differ between men and 

women. Neither Albrecht et al. (2017) found any gender differences in their relationship 

between WTC and depression. 

To sum up, psychosocial work factors are strong predictors for the employees’ health and 

sickness absence. WTC is one dimension of psychosocial work factors that seems to be of 

importance for burnout, depression and sickness absence. Most of the existing research 

indicates that WTC with regard to health outcomes such as sickness absence is more 

important for women than for men, although evidence is a bit inconsistent. These diverse 

results might depend on differences in quality and design of the research. There is an 

extensive body of research investigating the association between job control and different 

health outcomes, but there is a lack of high quality, longitudinal studies on WTC and it´s 

effects on subsequent health outcomes (Nijp et al., 2012). Additionally, few studies have 

investigated the two sub-dimensions of WTC. Since the two sub-dimension measure different 

aspects of WTC they should be looked into separately (Nijp, 2012; Albrecht et al., 2017). 

Lastly, many studies that investigated the effects of WTC include only a specific type of 

occupation or employer sector, often the public sector. Therefore, results in the existing 

research are seldom generalizable for a whole working population. Consequently, the present 

study will contribute to fill this research gap by using a two-dimensional measure of WTC 

with a longitudinal design that will be approximately representative for the employed 

Swedish working population.  

 



   
 

13 

Aim and research questions 

The aim of this study is to prospectively examine whether the two sub-dimensions of work-

time control (control over daily hours and control over time off) is associated with sickness 

absence. This study will also investigate whether this potential association differ by gender, 

and to what extent the association is mediated by burnout or depression. 

1. Is there a longitudinal association between control over daily hours and control over 

time off, respectively, and sickness absence? 

2. Does the perceived level of control over daily hours and control over time off differ 

by gender?  

3. Does the potential association differ by gender?  

4. To what extent is the potential association mediated by burnout and depression? 

 

Methods 

Subjects and data collection 

This study was based on data from the Swedish Longitudinal Occupational Survey of Health 

(SLOSH). SLOSH was initiated in 2006 and comprises participants of the Swedish Work 

Environment Survey (SWES) 2003-2011 (Magnusson Hanson, Leineweber, Persson, Hyde, 

Theorell & Westerlund, 2018). Thus, it is approximately nationally representative of the 

Swedish working population. The survey has a follow-up time on 2 years and consists of 6 

waves so far. The latest wave was conducted in 2016. SLOSH aims to investigate the 

association between work organization, work environment and health. According to 

Magnusson Hanson et al. (2018), participants are invited to complete one of two versions of 

the questionnaire depending on their current working situation; either one for those who 

currently are in paid work (work at least 30% of full time) and one for those who have 

temporarily or permanently left paid work (working less than 30% of full time) (Magnusson 

Hanson et al., 2018).  

The current study is based on individuals who answered the questionnaire for those in paid 

work both in 2014 and 2016. Figure 1 shows that the response rate of SLOSH 2014 was 53% 

(n=20 316), whereof 4957 (24%) individuals responded the non-working questionnaire in 

2014, and 15 359 (76%) individuals responded the questionnaire for those in paid work 2014 

(Magnusson Hanson et al., 2018). Out of these, 1490 (9.7%) respondents answered the non-

working questionnaire in 2016 and 3545 (23.1%) did not respond at all in 2016. Thus, 

remaining 10 324 (67.2%) individuals responded the working questionnaire in both 2014 and 
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2016, as shown in Figure 1. After excluding individuals with incomplete answers/missing 

data for all variables being used in the analysis, the analytical sample ended up at 8 418 

(81.5%) (Figure 1). The exposure-, mediator- and background information was based on the 

wave from 2014. Information about the outcome was based on the wave from 2016, implying 

that the study design is prospective. 

 

Figure 1. Flow chart of participants from total respondents of SLOSH 2014 to analytical 
sample in the present study. 

Ethical considerations 

There is a possible risk for the integrity and personal privacy of the participants in SLOSH as 

the data concern personal information about the individuals and other sensitive information 

such as self-reported health. To minimize the risk for individuals to be identified, Statistics 

Sweden always de-identifies the data before it reaches the researchers. This means that the 

researcher that subsequently will use the data will not be able to identify any participant. 

Additionally, without special permission, it is strictly forbidden to bring data from SLOSH 

outside the Stress Research Institute, Stockholm University. Therefore, all data management 
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and data analyses for this study have been performed there.  

Variables 

Outcome variable 

Sickness absence was assessed with one question regarding how many days in total the 

participant has been on sick leave the past 12 months, followed by 5 response alternatives: 

No days at all, 1-7 days, 8-30 days, 31-90 days or 91 days or more. Following Nyberg et al. 

(2008), the responses were subsequently categorized into 2 categories coded as 0=low 

sickness absence including individuals who reported 0-30 sick leave days, and 1=high 

sickness absence for individuals who reported 31 sick leave days or more. In this study 

sample, 6.7% (n=8418) was put above the 31-days cut. 

Predictor variables 

Work-time control was assessed by asking 6 questions regarding how much one can influence 

working hours with respect to 1) the length of the working day, 2) start- and ending time, 3) 

taking breaks during the working day, 4) scheduling, 5) when to take vacation and other time 

off, and 6) when to run private errands. For Swedish versions, see appendices Figure A. 

The questions were answered with a 5-point Likert scale ranged from 1 (very little) to 5 (very 

much). Following Albrecht et al. (2016), the responses were broken down into two sub-

dimensions of work-time control; control over daily hours (CoDH) and control over time off 

(CoT). To check the internal consistency for the items measuring the two sub-dimensions of 

WTC, Cronbach´s coefficient alpha was used (Pallant, 2007). Cronbach´s alpha provides 

information about how correlated the items that make up the scale are, in other words; do they 

measure the same thing? (Pallant, 2007). Values range from 0-1 and the closer 1 Cronbach´s 

alpha is, the higher reliability (Pallant, 2007). Question 1 and 2 were used to measure CoDH 

(Mean: 5.67, SD: 2.72, Cronbach´s alpha: 0.93) and question 3, 5 and 6 were used for CoT 

(Mean: 9.47, SD: 3.12, Cronbach´s alpha: 0.77). Question 4 was not included in any of these 

sub-dimensions. For the analysis, the two sub-dimensions of WTC were used as continuous 

variables with a range of 2-10 for CoDH and 3-15 for CoT. Mean values for women were 5.37 

and 8.86, respectively, and mean values for men were 6.08 and 10.32, respectively. 

Mediating variables 

Burnout was assessed through a sub-scale including eight items derived from the Shirom-
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Melamed Burnout Questionnaire (SMBQ), which has been shown to be a reliable tool when 

measuring burnout (Lundgren-Nilsson, Jonsdottir, Pallant & Ahlborg, 2012). These eight 

items aims to measure mental/physical fatigue by asking to what extent one experience 

following conditions during the majority of the day: 1) I feel tired, 2) I feel alert (reverse 

scored), 3) I feel physically exhausted, 4) I´m fed up, 5) my batteries are empty, 6) I feel 

burned out, 7) I´m mentally tired, 8) I do not have the energy to get up in the morning. The 

subjects were asked to answer on a grading scale with a range from 1 (almost never) to 7 

(almost always). Thus, higher values indicated higher levels of exhaustion. 

To get information about each subjects’ average score, total scores were calculated and 

subsequently divided with number of items (Mean: 2.50, SD: 1.18, Cronbach´s alpha: 0.91). 

This variable was treated as continuous in the regression analysis and dichotomized for the 

descriptive analysis. The dichotomization for the descriptive statistics was based on 

Lundgren-Nilsson et al. (2012). Therefore, the cut-off point was set at 4.4 meaning that 

participants who scored 4.4 and above suffered from severe burnout and participants who 

scored under 4.4 did not suffer from burnout (Lundgren-Nilsson et al., 2012). Burnout was 

subsequently dichotomized into 2 categories coded as; 0=No burnout and 1=Burnout. 

According to this cut off, 8% (n=8418) was put above the cut, implying that 8% of this 

study´s sample suffered from severe burnout.  

Depression was assessed through 6 items measuring depressive symptoms derived from the 

SCL-90, which is an extensively used tool with high reliability when aiming to measure 

depression (Fridell, Cesarec, Johansson & Malling Thorsen 2002; Magnusson Hanson, et al., 

2014). Depressive symptoms were measured by asking the subjects to what extent during the 

past week they have been bothered by 1) lack of energy, 2) feeling depressed, 3) blaming 

oneself for things, 4) worrying about things, 5) lack of interest, and 6) that everything feels 

strenuous. These questions were answered with a grading scale ranging from 1 (Not at all) to 

5 (Very much). Following Magnusson Hanson et al. (2014), this variable was recoded to 

scores from 0-4, implying that the subject could have a total score between 0 and 24 (Mean: 

5.19 SD: 4.88 Cronbach´s alpha: 0.90). The depression variable was used as continuous in the 

regression analysis and dichotomized for the descriptive analysis. A score on 17 or higher has 

been shown to be the best cut-point for major depression and was therefore used as cut-point 

in this study (Magnusson Hanson et al., 2014). Depression was subsequently dichotomized 

into 2 categories: 0=No depression and 1=Depression. In this study sample, 3.5% (n=8418) 
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was put above the cut, implying that 3.5% suffered from major depression.  

Background variables  

Background variables included in this study were age, gender, income and socioeconomic 

index (SEI) which all were based on registry data. All individuals were classified in either a 

group of women or men. Men were coded 0 and women were coded 1. Age was treated as a 

continuous variable in the regression analysis, but for the descriptive analysis age was 

categorized into 5 groups (≤ 30, 31-40, 41-50, 51-60, ≥ 61). Income data was obtained from 

income and taxation register (IoT), measured in annual income (before taxes) in thousands of 

Swedish crowns. This variable was treated as continuous in the regression analysis, and 

categorized into 4 categories for the descriptive analysis (≤ 250 000SEK/year, 250 001-500 

000 SEK/year, 500 001-750 000 SEK/year, ≥ 750 001 SEK/year).  SEI is based on what 

educational level normally is required for the profession and gives information about the 

participants’ occupational classes. Following Statistics Sweden (1982), SEI distinguishes 

between (1) manual workers including unskilled/skilled employees in goods- or service 

production, (2) non-manual workers including assistant non-manual employees, intermediate 

non-manual employees and non-manual employees including professionals and other higher 

non-manual employees and (3) self-employed. However, in this study, self-employed 

participants were excluded from the study (n=163) due to that they tend to report higher 

WTC compared to the general population (Albrecht et al., 2016). Therefore, all participants 

were classified as either non-manual workers or manual workers for the regression analysis. 

Non-manual workers were coded as 0 and manual worker as 1. For the descriptive statistics, 

SEI was categorized in manual workers, non-manual workers and upper non-manual workers. 

SEI will hereinafter be referred to as occupational class. 

Work related factors 

Employer sector was measured by asking the respondents what kind of employer they work 

for. The options were private, non-profit organization, municipality, county council/region, 

state, self-employed with employees, self-employed without employees, farmer and other. 

Participants who reported that they were self-employed and farmers were excluded (n=1049). 

This variable was categorized into: 1) Private, 2) Municipality/county council/region, 3) 

State, and 4) Other (including non-profit organization). For the regression analysis, dummies 

were created with “Private” as reference group. 
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Hours worked was measured by asking the respondents how many hours they usually work in 

a week, followed by 7 response options; less than 10 h/week, 10-19 h/week, 20-29 h/week, 

30-39 h/week, 40-49 h/week, 50-59 h/week or 60 h/week or more. Individuals who answered 

“less than 10 hours/week” were excluded from the study (n=722). For regression analyses, 

this variable was used as continuous. For the descriptive analysis it was divided in 3 

categories; 10-29 hours/week, 30-49 hours/week and 50 hours/week or more.  

Shift work was measured by asking “What working hours do you usually have?” with 9 

options: day work, evening work, night work, shift work without nights, shift work including 

nights, rostering without nights, rostering including nights, unregulated working hours and 

other. This question was dichotomized into two categories and coded as 0=Day work 

(including day work, evening work, unregulated work and combinations of these options) and 

1=Shift work (including all other options) (see also Albrecht et al., 2017).  

Statistical analysis 

IBM SPSS Statistics Version 24 was used for the statistical analysis. The analytical sample of 

this study was 8418 individuals. Since the outcome variable was dichotomized, binary 

logistic regression was the most suitable analytical method to use for the aim of this study. 

The results are presented in odds ratio (OR) with a 95% confidence interval. An OR above 1 

indicates a positive association between the exposure- and outcome variable, while an OR 

less than 1 indicates a negative association (Almqvist, Ashir & Brännström, 2014). The 

confidence interval (CI) gives a range of values between which the true population value lies 

in 95% of all cases.  If the CI does not overlap 1, the association is statistical significant on a 

95% level (Almqvist et al., 2014).  

Frequencies of all variables were conducted and presented stratified by gender. Chi-square 

tests were run to check for gender differences for the categorical variables. Independent t-

tests were run to check for gender differences for the continuous variables. 

Regression analyses were run to investigate the association between CoT and CoDH, 

respectively, and sickness absence. Associations between predictor and outcome variables 

were analysed in four models. First raw associations were calculated (crude models), where 

crude associations between exposures and all covariates and the outcome were presented. In 

subsequent models, the association between CoT/CoDH and sickness absence was tested 

controlling for confounders and mediators. In Model 1, the background variables age, income 
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and occupational class were added. In Model 2, work related variables employer sector, shift 

work and hours worked were added. Model 3 and Model 4 included each mediating variable 

depression and burnout.  

Interaction analyses were subsequently performed for gender. An interaction was found in the 

association between CoT and sickness absence. Therefore, subsequent regression analyses on 

CoT were stratified by gender and presented in the same four models as the gender combined 

regression analyses described in the section above. Among the group where the fully adjusted 

association was statistically significant, further regression analyses were run stratified by the 

three-dimensional division of occupational class and employer sector. 

Sensitivity analysis was performed for the outcome variable sickness absence. Firstly, the cut 

point was set to sickness absence 8 days or more (instead of 31 days or more in the original 

analysis), which put 22.3% (n=8418) above the cut. Secondly, individuals who reported that 

they had 31 or more sick leave days at baseline in 2014 were excluded from the analytical 

sample and then analyses were rerun. 

Results 

Descriptive statistics 

Table 1 presents frequencies, percentages, means, standard deviations and p-values for 

gender differences of all variables included in the analysis, stratified by gender. The analytic 

sample consisted of more women than men; women made up 58.6% of the sample and men 

41.4% (n=8418). Gender differences were found for all variables included. It is more 

common to have a high income among men than women, and the most common income for 

men and women is 250 001-500 000 SEK/year. For both men and women in this study, it is 

more common to be a non-manual worker than manual worker. 65.2% (n=3482) of the men 

compared to 31.1% (n=4936) of the women works for private employers while about half of 

the women (52.4%) work for the municipality/county council/region compared to 18.1% of 

the men. Table 1 also shows that it is more common to work more hours/week for men than 

for women. The majority of both men and women do not work shifts, but it is slightly more 

common to work shifts among the women. Compared to men, burnout and depression are 

more common among women. Regarding sickness absence, women report significantly 

higher sickness absence than the men; 8.4% of the women (n=4936) had 31 or more days of 

sickness absence compared to 4.2% of the men (n=3482). In Table 1, results show that 

women report significantly lower CoDH and CoT than the men. The mean of CoDH for 
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women is 5.37 compared to 6.08 for the men. The mean for CoT is 8.89 for women, 

compared to 10.32 for the men. Women also report lower CoDH and CoT within all 

occupational classes and employer sectors, except CoT within the state where no gender 

differences in perceived CoT was found (results not reported). 

Table 1. Frequencies, percentages, means, standard deviations (SD) and gender differences for all 
variables stratified by gender (n=8418). 
                                                                       Women                            Men 
                                                                       n=4936                           n=3482 

 

       58.6%         41.4%      
   n   %    n   %   p for gender differences 
      
Age     0.04 
   ≤30 137 2.8 92 2.6  
   31-40 660 13.4 488 14  
   41-50 1517 30.7 1032 29.6  
   51-60 2030 41.1 1377 39.5  
   ≥61 592 12 493 14.2  
Income     0.00 
   ≤250 000 820 16.6 170 4.9  
   250001-500000 3593 72.8 2378 68.3  
   500001-750000 424 8.6 687 19.7  
   ≥750001 99 2 247 7.1  
Occupational class     0.00 
   Manual workers 1158 23.5 1207 34.7  
   Non-manual workers 2716 55 1365 39.2  
   Upper non-manual workers 1062 21.5 910 26.1  
Employer sector     0.00 
   Private 1533 31.1 2269 65.2  
   Municipality/county council /region 2586 52.4 630 18.1  
   State 496 10 390 11.2  
   Other 321 6.5 193 5.5  
Hours worked     0.00 
   10-29 h/week 433 8.8 135 3.9  
   30-49h/week 4204 85.2 2959 85  
   ≥50h/week 299 6.1 388 11.1  
Shift work     0.00 
   Day work 4160 84.3 3039 87.3  
   Shift work 776 15.7 443 12.7  
Burnout     0.00 
   Yes 489 9.9 181 5.2  
   No 4447 90.1 3301 94.8  
Depression     0.00 
   Yes 217 4.4 78 2.2  
   No 4719 95.6 3404 97.8  
Sickness absence     0.00 
   ≤30 days 4522 91.6 3336 95.8  
   ≥31 days 414 8.4 146 4.2  
 Mean SD Mean SD  
Work-time control      
   CoDH 5.37 2.68 6.08 2.72 0.00 
   CoT 8.89 3.14 10.32 10.32 0.00 

S  
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Crude associations 

Table 2 and Table 3 (crude models) show that all variables are associated with sickness 

absence. An increase in both CoDH (Table 2, crude models) and CoT (Table 3, crude 

models) are significantly associated with decreased odds of high sickness absence (OR=0.91 

[0.88, 0.94]; OR=0.91 [0.88, 0.93], respectively). Being a woman increases the odds for high 

sickness absence (OR=2.09 [1.72, 2.54]) as well as being older. An increase in income 

decreases the odds of high sickness absence. Being a manual worker is more harmful with 

regard to high sickness absence compared to having a non-manual occupation. Working for 

the municipality/county council/region and for the state is significantly more harmful with 

regard to sickness absence compared to working for the private sector. An increase in 

working hours lower the odds for high sickness absence, while shift workers have 

significantly higher odds for sickness absence compared to day workers. Higher scores on 

depression and burnout are significantly associated with high sickness absence (OR= 1.07 

[1.06, 1.09]; OR=1.05 [1.04, 1.06], respectively) (Table 2 & Table 3, crude models). 

Association between CoDH/CoT and sickness absence 

When including background confounders in Table 2 (model 1), the association between 

CoDH and sickness absence is no longer statistically significant (OR=0.97 [0.94, 1.01]). 

Additionally controlling for work-related confounders does not further alter the association 

between CoDH and sickness absence (OR= 0.97 [0.94, 1.01]) (Table 2, model 2).  

In Table 3, model 1, the association between CoT and sickness absence remains statistically 

significant after including background confounders (OR=0.96 [0.94, 0.99]). Additionally 

controlling for work-related confounders weakens the association but it remains significant 

(OR=0.97 [0.94, 1.00]) (Table 3, model 2).  

When including depression and burnout as mediators (Table 2 and Table 3, model 3 and 

model 4) none of them alter the strength of the association between CoDH/CoT and sickness 

absence noticeably and therefore provide no evidence on mediation. 
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1 Control over daily hours 

Table 2. Association between CoDH1 and high sickness absence based on logistic regression analysis (n=8418). 
   High sickness absence  
 Crude models Model 1 Model 2 Model 3 Model 4 
 OR (CI) OR (CI) OR (CI) OR (CI) OR (CI) 
CoDH 0.91 (0.88, 0.94) 0.97 (0.94, 1.01) 0.97 (0.94, 1.01) 0.99 (0.95, 1.02) 0.99 (0.95, 1.03) 
Gender      
   Male (ref.) 1.0 1.00 1.00 1.00 1.00 
   Women 2.09 (1.72, 2.54) 1.88 (1.54, 2.31) 1.69 (1.36, 2.10) 1.58 (1.27, 1.97) 1.56 (1.25, 1.94) 
Age 1.02 (1.01, 1.03) 1.02 (1.01, 1.03) 1.02 (1.01, 1.03) 1.02 (1.01, 1.03) 1.02 (1.01, 1.03) 
Income 0.56 (0.48, 0.65) 0.68 (0.58, 0.81) 0.72 (0.60, 0.86) 0.74 (0.62, 0.90) 0.74 (0.62, 0.89) 
Occupational class      
   Non-manual worker (ref.) 1.0 1.0 1.0 1.0 1.0 
   Manual worker 1.46 (1.29, 1.65) 1.25 (1.08, 1.45) 1.30 (1.11, 1.52) 1.35 (1.15, 1.58) 1.30 (1.11, 1.52) 
Employer sector      
   Private (ref.) 1.0  1.00 1.0 1.0 
   Municipality/county council/region 1.87 (1.55, 2.27)  1.35 (1.09, 1.67) 1.37 (1.10, 1.69) 1.34 (1.08, 1.66) 
   State 1.45 (1.07, 1.95)  1.50 (1.10, 2.04) 1.45 (1.06, 1.97) 1.41 (1.03, 1.92) 
   Other 1.34 (0.92, 1.97)  1.13 (0.78, 1.67) 1.14 (0.77, 1.69) 1.12 (0.75, 1.65) 
Hours worked 0.75 (0.68, 0.83)  0.92 (0.82, 1.03) 0.91 (0.81, 1.02) 0.91 (0.81, 1.02) 
Shift work       
   Day work (ref.) 1.0  1.00 1.00 1.00 
   Shift work 1.38 (1.10, 1.72)  0.92 (0.71, 1.18) 0.92 (0.71, 1.19) 0.92 (0.72, 1.19) 
Depression 1.07 (1.06, 1.09)   1.07 (1.05, 1.09)  
Burnout 1.05 (1.04, 1.06)    1.04 (1.04, 1.05) 
Crude models: Unadjusted. Model 1: Adjusted for age, income and occupational class. Model 2: Adjusted for all confounders (age, income, 
occupational class, employer sector, hours worked and shift work). Model 3: Adjusted for all confounders + mediator (depression). Model 4:  
Adjusted for all confounders + mediator (burnout). Statistically significant odds ratios (CI 95%) in bold face.	
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1 Control over time off 

Table 3. Association between CoT1 and high sickness absence based on logistic regression analysis (n=8418). 
   High sickness absence  
 Crude models Model 1 Model 2 Model 3 Model 4 
 OR (CI) OR (CI) OR (CI) OR (CI) OR (CI) 
CoT 0.91 (0.88, 0.93) 0.96 (0.94, 0.99) 0.97 (0.94, 1.00) 0.99 (0.96, 1.02) 1.00 (0.96, 1.03) 
Gender      
   Male (ref.) 1.0 1.00 1.00 1.00 1.00 
   Women 2.09 (1.72, 2.54) 1.82 (1.48, 2.24) 1.66 (1.33, 2.06) 1.57 (1.26, 1.96) 1.56 (1.25, 1.95) 
Age 1.02 (1.01, 1.03) 1.02 (1.01, 1.03) 1.02 (1.01, 1.03) 1.02 (1.01, 1.03) 1.02 (1.01, 1.03) 
Income 0.56 (0.48, 0.65) 0.69 (0.58, 0.82) 0.73 (0.61, 0.87) 0.74 (0.62, 0.89) 0.74 (0.62, 0.88) 
Occupational class      
   Non-manual worker (ref.) 1.0  1.0 1.0 1.0 
   Manual worker 1.46 (1.29, 1.65)  1.30 (1.12, 1.52) 1.36 (1.16, 1.58) 1.31 (1.13, 1.53) 
Employer sector      
   Private (ref.) 1.0  1.00 1.00 1.00 
   Municipality/county council/region 1.87 (1.55, 2.27)  1.31 (1.06, 1.63) 1.36 (1.06, 1.69) 1.34 (1.08, 1.69) 
   State 1.45 (1.07, 1.95)  1.49 (1.09,1.02) 1.44 (1.06, 1.96) 1.40 (1.03, 1.92) 
   Other 1.34 (0.92, 1.97)  1.13 (0.76, 1.67) 1.14 (0.77, 1.69) 1.11 (0.75, 1.65) 
Hours worked 0.75 (0.68, 0.83)  0.91 (0.81, 1.02) 0.91 (0.81, 1.02) 0.91 (0.81, 1.02) 
Shift work       
   Day work (ref.) 1.0  1.00 1.00 1.00 
   Shift work 1.38 (1.10, 1.72)  1.04 (0.82, 1.32) 0.93 (0.72, 1.19) 0.93 (0.72, 1.20) 
Depression 1.07 (1.06, 1.09)   1.07 (1.05, 1.09)  
Burnout 1.05 (1.04, 1.06)    1.04 (1.03, 1.05) 
Crude models: Unadjusted. Model 1: Adjusted for age, income and occupational class. Model 2: Adjusted for all confounders (age, income, 
occupational class, employer sector, hours worked and shift work). Model 3: Adjusted for all confounders + mediator (depression). Model 4: 
Adjusted for all confounders + mediator (burnout). Statistically significant odds ratios (CI 95%) in bold face. 
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Interactions 

No statistically significant interaction was found between gender and CoDH in relation to 

sickness absence (OR=1.06 [0.98, 1.18]) (results not reported). However, the interaction 

analysis showed that gender moderated the association between CoT and sickness absence 

(OR=1.11 [1.04, 1.18]), implying that high CoT is more important for men than for women, 

with regard to high sickness absence. Therefore, subsequent results will be reported stratified 

by gender. 

Crude association stratified by gender 

Table 4 (crude models) show that CoT, age, income, occupational class, depression and 

burnout are significantly associated with increased odds for high sickness absence among 

men. An increase in CoT is associated with decreased odds for high sickness absence 

(OR=0.86 [0.81, 0.91]). Being older increases the odds of high sickness absence, whereas an 

increase in income decreases the odds of high sickness absence. Being a manual worker is 

more harmful with regard to high sickness absence compared to having a non-manual 

occupation (see Table 4, crude models). Employer sector, hours worked and shift work were 

not significantly associated with high sickness absence for men. Men who score higher on 

symptoms of depression and burnout are significantly more likely to report high sickness 

absence (OR= 1.08 [1.04, 1.11]; OR=1.05 [1.03, 1.06], respectively). 

As demonstrated in Table 5 (crude models), all variables are statistically significantly 

associated with sickness absence among women. An increase in CoT is associated with 

decreased odds of high sickness absence (OR=0.95 [0.92, 0.99]). An increase in age is 

positively associated with high sickness absence whereas an increase in income is negatively 

associated with high sickness absence among women (see Table 5, crude models). Being a 

manual worker increases the odds of high sickness absence significantly compared to having 

a non-manual occupation. Those women who work for a municipality/county council/region 

have significantly higher odds for high sickness absence compared to those who work for a 

private employer. Table 5 (crude models) also shows that to work more hours is associated 

with significantly lower odds of high sickness absence. Moreover, women who work shift 

have statistically significant higher odds for high sickness absence compared to day workers. 

Women who score higher on depression symptoms are more likely to report high sickness 

absence than those who score lower (OR= 1.06 [1.05, 1.08]) and the same pattern appears for 

women who score high on burnout (OR=1.04 [1.04, 1.05]). 
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1 Control over time off 

 
Table 4. Association between CoT1 and high sickness absence among men, based on logistic regression analysis (n=3482) 
   High sickness absence  
 Crude models Model 1 Model 2 Model 3 Model 4 
 OR (CI) OR (CI) OR (CI) OR (CI) OR (CI) 
CoT 0.86 (0.81, 0.91) 0.90 (0.85, 0.96) 0.90 (0.84, 0.96) 0.91 (0.86, 0.97) 0.92 (0.86, 0.98) 
Age 1.04 (1.02, 1.06) 1.04 (1.02, 1.06) 1.04 (1.02, 1.06) 1.04 (1.02, 1.06) 1.04 (1.02, 1.06) 
Income 0.42 (0.31, 0.58) 0.45 (0.32, 0.64) 0.45 (0.32, 0.64) 0.45 (0.31, 0.65) 0.45 (0.31, 0.64) 
Occupational class      
   Non-manual workers (ref.) 1.0 1.0 1.0 1.0 1.0 
   Manual workers 1.89 (1.35, 2.63) 1.11 (0.78, 1.59) 1.20 (0.81, 1.77) 1.26 (0.85, 1.88) 1.20 (0.81, 1.78) 
Employer sector      
   Private (ref.) 1.0  1.0 1.0 1.0 
   Municipality/county council/region 1.38 (0.91, 2.09)  1.11 (0.71, 1.74) 1.15 (0.73, 1.81) 1.14 (0.72, 1.79) 
   State 1.24 (0.74, 2.09)  1.32 (0.77, 2.27) 1.33 (0.78, 2.29) 1.34 (0.78, 2.31) 
   Other 1.55 (0.81, 2.96)  1.48 (0.76, 2.86) 1.41 (0.72, 2.74) 1.40 (0.72, 2.72) 
Hours worked 0.91 (0.73, 1.13)  1.10 (0.87, 1.40) 1.11 (0.87, 1.41) 1.11 (0.87, 1.40) 
Shift work       
   Day work (ref.) 1.0  1.0 1.0 1.0 
   Shift work 1.37 (0.87, 2.15)  0.89 (0.55, 1.47) 0.92 (0.56, 1.51) 0.92 (0.56, 1.52) 
Depression 1.08 (1.04, 1.11)   1.08 (1.04, 1.11)  
Burnout 1.05 (1.03, 1.06)    1.04 (1.02, 1.06) 
Crude models: Unadjusted. Model 1: Adjusted for age, income and occupational class. Model 2: Adjusted for all confounders (age, income, 
occupational class, employer sector, hours worked and shift work). Model 3: Adjusted for all confounders + mediator (depression). Model 4: 
Adjusted for all confounders + mediator (burnout). Statistically significant odds ratios (95% CI) in bold face. 
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1 Control over time off 

Table 5. Association between CoT1 and high sickness absence among women, based on logistic regression analysis (n=4936). 
                                                                High sickness absence  
 Crude models Model 1 Model 2 Model 3 Model 4 
 OR (CI) OR (CI) OR (CI) OR (CI) OR (CI) 
CoT 0.95 (0.92, 0.99) 0.98 (0.95, 1.02) 0.99 (0.95, 1.02) 1.01 (0.97, 1.04) 1.02 (0.98, 1.06) 
Age 1.01 (1.00, 1.03) 1.01 (1.00, 1.02) 1.01 (1.00, 1.02) 1.01 (1.00, 1.03) 1.01 (1.00, 1.03) 
Income 0.73 (0.61, 0.87) 0.78 (0.65, 0.95) 0.85 (0.70, 1.04) 0.87 (0.71, 1.06) 0.87 (0.71, 1.07) 
Occupational class      
   Non-manual worker 1.0 1.0 1.0 1.0 1.0 
   Manual worker 1.70 (1.37, 2.11) 1.46 (1.16, 1.85) 1.47 (1.13, 1.91) 1.54 (1.18, 2.00) 1.49 (1.14, 1.94) 
Employer sector      
   Private (ref.) 1.0  1.0 1.0 1.0 
   Municipality/county council/region 1.53 (1.20, 1.94)  1.39 (1.08, 1.80) 1.43 (1.11, 1.84) 1.42 (1.10, 1.83) 
   State 1.36 (0.94, 1.98)  1.52 (1.04, 2.22) 1.44 (0.98, 2.10) 1.37 (0.94, 2.01) 
   Other 1.05 (0.65, 1.70)  1.02 (0.63, 1.65) 1.04 (0.64, 1.69) 1.01 (0.62, 1.65) 
Hours worked 0.77 (0.68, 0.87)  0.84 (0.74, 0.96) 0.84 (0.73, 0.96) 0.84 (0.74, 0.96) 
Shift work       
   No (ref.) 1.0  1.0 1.0 1.0 
   Yes 1.32 (1.02, 1.70)  0.90 (0.67, 1.21) 0.91 (0.67, 1.22) 0.91 (0.67, 1.23) 
Depression 1.06 (1.05, 1.08)   1.07 (1.05, 1.09)  
Burnout 1.04 (1.04, 1.05)    1.04 (1.03, 1.05) 
Crude models: Unadjusted. Model 1: Adjusted for age, income and occupational class. Model 2: Adjusted for all confounders (age, income, 
occupational class, employer sector, hours worked and shift work). Model 3: Adjusted for all confounders + mediator (depression). Model 4: 
Adjusted for all confounders + mediator (burnout).  Statistically significant odds ratios (95% CI) in bold face. 
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Association between CoT and sickness absence stratified by gender 

In Table 4 (model 1) when including background variables, the association between CoT and 

sickness absence among men got slightly weaker compared to the crude association, but is till 

statistically significant (OR=0.90 [0.85, 0.96]). Additionally controlling for work-related 

confounders does not further alter the association between CoT and sickness absence (Table 

4, model 2), and the association remains statistically significant throughout all models 

(OR=0.90 [0.84, 0.96]). Table A and Table B (see appendices) shows that, after controlling 

for all confounders, the association is statistically significant among men with manual 

occupations working for the private sector (OR= 0.90 [0.81, 1.00]) and men working as non-

manual workers in the municipality/county council/region (OR= 0.77 [0.64, 0.94]).  

Table 5 shows that, when including background variables among women (model 1), the 

association between CoT and sickness absence is no longer statistically significant (OR=0.98 

[0.95, 1.02]). Additionally controlling for work-related confounders, as shown in Table 5 

(Model 2) leads to a further weakening of the association (OR=0.99 [0.95, 1.02]). 

When including the potential mediators in the association between CoT and sickness absence 

stratified by gender (Table 4 and Table 5, model 3 and model 4), no mediating effects were 

found for either men or women.  

Sensitivity analysis 

In the sensitivity analysis where the cut point for sickness absence was decreased to 8 days or 

more (compared to 31 days or more in the original analysis), the association between CoDH 

and sickness absence went statistically significant in the fully adjusted gender combined 

regression analysis (OR=0.96 [0.94, 0.99]). The association between CoT and sickness 

absence in the gender combined analysis got slightly stronger (OR=0.96 [0.94, 0.98]) 

compared to the original fully adjusted results. In the analysis stratified by gender, the 

association between CoT and sickness absence got stronger compared to the original fully 

adjusted analysis among men (OR=0.94 [0.91, 0.97]), and for women, the association turned 

out to be statistically significant in the fully adjusted model (OR=0.96 [0.94, 0.98]). 

In the sensitivity analysis where all individuals reporting long sickness absence (31 days or 

more) at baseline were excluded, the results did not change compared to the primary results. 

This implies that the association between CoT/CoDH and sickness absence is not driven by 

that individuals were sick already at the baseline. 
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Discussion 

 
Key findings  

This study investigated the association between the two sub-dimensions of WTC (CoDH and 

CoT) and sickness absence. Furthermore, the study also investigated whether these 

associations differed by gender and if there was any mediating effects of burnout and 

depression. The findings of this study showed that after controlling for confounders, no 

association between CoDH and sickness absence was found. However, CoT was associated 

with sickness absence among men while no association was found among women. Women in 

this study perceived lower WTC than men. Neither burnout nor depression did mediate any 

of the associations. 

Association between CoDH/CoT and sickness absence  

The results of this study showed that high CoDH is not associated with decreased odds of 

sickness absence. CoT, on the other hand, was significantly associated with sickness absence, 

which indicates that low CoT is a stronger predictor for sickness absence than low CoDH. 

These results goes in line with Albrecht et al. (2017), which is one of few studies that have 

investigated the effects of the two sub-dimensions of WTC, i.e., control over daily hours and 

control over time off. They found that CoT had a stronger effect on depressive symptoms 

than CoDH. Albrecht et al. (2017) suggest that one possible explanation might be the fact that 

high CoT means high control over when to take breaks. This, in turn, allows the employees to 

take breaks in accordance to when recovery is needed during a work shift (which is not the 

case for CoDH) (Albrecht et al., 2017). According to the effort-recovery theory (described in 

the introduction section), internal recovery is of great importance for the maintenance of a 

good health (Geurts & Sonnentag, 2006). High CoT also increases the possibility to external 

recovery since a high CoT also entails influence over when to take vacation and ability to run 

private errands (Albrecht et al., 2017). Both of these possibilities are likely to alleviate the 

combination of work and private life and thus contribute to less family conflicts (Albrecht et 

al., 2017). Less family conflicts has in turn been related to improved health (Leineweber et 

al., 2012; Nylén, Melin & Laflamme, 2007). This goes in line with the suggested mechanism 

described in the introduction, that WTC contributes to less family conflicts and is therefore 

important in order to prevent sickness absence. 

Another speculation for why high CoDH does not have the same positive effect on sickness 

absence as high CoT could be due to that CoDH implies high control over start- and ending 
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times, and therefore enables the employees to choose how to distribute their working hours 

(Albrecht et al., 2017). When the employee gets the freedom to schedule their working times 

themselves, it could have negative effects if they do not distribute the working hours in 

accordance to recommendations. This explanation goes in line with Albrecht et al. (2017) 

who speculate, based on an intervention study by Garde et al. (2012), that self-rostering 

(which is a system where the employees to some extent are able design their own schedule) 

sometimes leads to that individuals do not schedule in accordance to what is most healthy for 

them. An example could be that the employee chooses to compress the working week in 

order to maximize the length of subsequent time off. The consequence will however be an 

attenuation of sufficient recovery between the working days instead.  

Another adverse effect of high CoDH could be the contribution to boundary-less work, which 

may lead to lack of mental recovery (Albrecht et al., 2017).  Thus, instead of receiving 

positive health effects of the increased ability to combine work life with private life, the 

positive health effects will be reversed (Albrecht el at., 2017).   

Gender differences in perceived CoDH and CoT  

In the present study, women reported lower CoDH and CoT within all occupational classes 

and employer sectors with the exception of reported CoT within the state, where no gender 

difference was found. These results goes in line with Albrecht et al. (2016); Ala-Mursula et 

al. (2005) and Ala-Mursula et al. (2002) who also found that women usually report lower 

levels of WTC. The results are however somewhat contradictive to the Swedish Work 

Environment Authority (2016) who suggest that gender differences in perceived WTC are 

explained by occupational segregation on the labour market. Since women and men in the 

present study, both within the same occupational class and almost all sectors reported 

different levels of WTC, this indicates that differences are not fully explained by 

occupational segregation. This speculation goes in line with a previous study by Ala-Mursula 

et al. (2002) who suggest that gender differences in WTC are rather explained by differences 

in actual work characteristics and perceptions instead of formal work characteristics. 

Speculative, it could either be that the actual WTC differ between men and women although 

they work in the same occupation. This could be a result of that men are better in negotiating 

with the employer to increase their WTC. Or it could be due to that men and women perceive 

a given level of WTC differently due to differences in need of WTC. For example, it might 

be the case that women need higher WTC to be able to combine work with private life, and 
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therefore perceive their WTC lower then the men.  

Gender differences in the association between CoT and sickness absence  

Not only gender differences in perceived CoDH and CoT were found, the results also showed 

that there are gender differences in how CoT relates to sickness absence. In the present study, 

CoT was consistently associated with sickness absence only among men. These results goes 

in line with Eklund, 2003 (referred in Hogstedt et al., 2004) who found that men perceived 

that lack of flexible working hours and overtime were the most important work-related 

factors that caused sickness absence while women, on the other hand, perceived that shift 

work and working more hours than desired were the most harmful working factors for 

sickness absence. However, the results in the present study contradicts previous findings 

where the majority of the research indicates that women benefit more from WTC in relation 

to sickness absence compared to men (e.g. Ala-Mursula et al., 2002; Ala-Mursula et al., 

2004; Ala-Mursula et al., 2005). However, these studies were based on the Finnish 

population and might have different findings compared to the present study due to that 

Finland have a wider gender gap in terms of unpaid domestic work compared to Sweden 

(Voicu, Voicu & Strapcove, 2008). This might explain why previous studies find WTC as 

more important for women than men. Additionally, as most of previous studies are based on 

the Finnish female dominated public sector, individuals within the men-dominated private 

sector has not yet been studied that much. Since the present study includes the private sector 

and thus, a group of men that previously has more or less been neglected, it might be a 

potential explanation for why this study found the association between CoT and sickness 

absence stronger among men.  

That none of the sub-dimensions of WTC was associated with sickness absence among 

women remains unclear. However, it might to some extent be explained by that the 

confounders in the present study, especially the work-related confounders, affected the 

women stronger than the men. For women, all confounders, both background- and the work 

related, were significantly associated with sickness absence. For men, only the background 

related confounders (income, age and occupational class) were significantly associated with 

sickness absence. This implies that women are more susceptible for work related factors such 

as employer sector, shift work and hours worked than men. This goes in line with conclusions 

by Hogstedt et al. (2004) who suggest that substantially more factors are of importance when 

predicting sickness absence among women than men. 
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Another explanation for the greater significance of CoT for men may relate to the fact that 

men utilize their high CoT differently than women. For example, it might be the case that 

men use their time for recovery activities while women use their time to meet their household 

demands, and therefore do not receive the beneficial effects of their high CoT as men do. 

This speculation is confirmed by Hammer, Neal, Newsom, Brockwood and Colton (2005) 

who suggested that although the women have high WTC, they are not as positively affected 

as the men, since they use the WTC to take more responsibilities in domestic work, which in 

turn increases their total workload. Therefore, a high WTC could possibly be harmful for the 

women (Hammer et al., 2005). An additional confirmation of this speculation was found in a 

recent study by Leineweber, Falkenberg and Albrecht (2018). They investigated the 

association between parents’ work flexibility (in relation to their partner) and emotional 

exhaustion among the working population in Sweden and found that the fathers used 

flexibility to recover while the mothers used their flexibility for unpaid domestic work 

(Leineweber, Falkenberg and Albrecht (2018).  

Speculatively, the greater significance of CoT on sickness absence for men could also be 

explained by that higher CoT indicates higher status among men, but not among women. 

Leineweber et al. (2018) who found in their recent study based on SLOSH, that relatively low 

work flexibility was harmful for the fathers’ emotional exhaustion, while no association was 

found among the mothers. They suggest that this partly depend on perceived lower status in 

comparison to the mothers (Leineweber et al., 2018). 

That the strongest association between CoT and sickness absence was found among men with 

non-manual occupations within the municipality/county council/region and men who work 

for the private sector as manual workers, but not among those in upper non-manual 

occupations, confirms previous research that found that lower occupational classes benefit 

more from high WTC compared to people in higher positions (Ala-Mursula et al., 2004). 

They suggested that it might depend on that lower occupational groups do not have the same 

opportunities to pay for domestic services and therefore benefit more from high WTC (Ala-

Mursula et al., 2004.). To work for the public sector is acknowledged to be a risk factor for 

adverse health due to bad psychosocial working conditions (Hogstedt et al., 2004). Therefore, 

a high CoT might buffer the negative effects of the adverse psychosocial working conditions 

within this sector. Why the associations in the present study only appears among the non-

manual workers within the municipality/county council/region and not the manual workers 
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remains unclear. However, one potential explanation could be that the occupations within this 

municipality sector often require some kind of university education (for example teachers and 

nurses) and therefore does not comprises that many manual workers. 

Burnout and depression as mediators 

Although both burnout and depression were associated with increased odds for sickness 

absence, no notable mediating effects of neither burnout nor depression was found in this 

study. This might be explained by the fact that few main effects between WTC and sickness 

absence was found after adjusting for possible confounders. For example, no association was 

found among the women, who in general suffer from burnout and depression to a higher 

extent than men, and therefore the mediating effect was expected to be stronger for women. 

This might partly explain why no mediating effects were found. Another explanation could 

be that the mediators were measured at the same time as the exposure, i.e., two years prior to 

the outcome. That is, individuals who reported symptoms of burnout and depression already 

at baseline, might be more likely to work less than 30% of full time two years later when the 

outcome is measured, and therefore excluded from the study. This might lead to that the 

mediating effect appears weaker than it actually is. 

Strengths and limitations of the study 

The two primary strengths of this study are its longitudinal design and that the study is based 

on a large sample approximately representative of the Swedish working population. The 

longitudinal design is considered as a strength since the exposure is collected prior to the 

outcome, and therefore enables the researcher to explore in what direction the association 

goes (Ahrens & Pigeot, 2014, p. 20). That the study is approximately representative of the 

Swedish working population is a strength due to that it increases the possibilities to 

generalize the findings to all employed individuals in the labour force in Sweden. 

A two-dimensional measurement of WTC was used in this study, which Nijp et al. (2012) 

and Nijp (2016) suggest is more reliable than a global single-item measurement. A multi-

dimensional measurement increases the possibilities to capture the complexity of the work 

situation by distinguishing between different aspects of WTC (Nijp, 2016; Nijp et al., 2012). 

This enables the researcher to be more precise in interpreting which of these dimensions 

(CoT or CoDH in this case) that has the strongest association with the outcome. It also helps 

future interventions and researchers to determine what sub-dimension to focus on (Nijp et al., 

2012; Nijp, 2016). Apart from this two-dimensional WTC measure, this study included other 
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often used, and validated measures of for example depression and burnout. 

The potential bias from confounding factors that were controlled for was based on previous 

research and factors that evidentially have been related to the exposure and outcome. Income 

is for instance associated with both the exposure and the outcome, but seldom controlled for 

in previous research. Darin-Mattsson, Forn & Kåreholt (2017) suggest that if the indicator of 

SES is included in the study only for adjust the model for socioeconomic differences (instead 

of analysing inequalities per se), income is a good choice of SES-indicator. Noteworthy, this 

study includes two factors that capture different aspects of SES, i.e., income and occupational 

class as potential confounders that are related to SES, which is considered as a strength.  

Despite its strengths the study also has some limitations. One limitation in this study is that 

the main variables were based on subjective self-reported data, which increases the risk for 

reporting bias. For example, WTC was subjectively measured in the present study. 

Subjectively measurements could be considered as a limitation since personal moods such as 

stress and negative affectivity might influence how they report their answers (Albertsen, 

Persson, Garde & Rugulies, 2010). Among the participants who suffered from burnout or 

depression at the same time point as WTC was measured, there is for example a risk that their 

mental health affects their perceived possibilities to influence their working times. In that 

case, there is a risk that they report lower WTC compared to the other participants. Using 

objective measures of WTC reported by the employer, would exclude the risk of WTC being 

affected of personal moods, as it is the case for self-reports (Albrecht et al., 2017). However, 

objective measures have been shown to correspond well with subjective measures among 

women, but not among men (Ala-Mursula et al., 2005). For the aim of this study, subjectively 

reported WTC could on the other hand be considered as a strength since the individuals’ 

perceived WTC is of greater importance rather than the objective WTC. Sickness absence is 

in the present study retrospectively self-reported which brings a risk for recall bias. There is 

also a risk for underreporting bias, especially regarding undesirable outcomes (Grimes & 

Schulz, 2002), which in this study could be symptoms of depression and burnout, but also 

sickness absence. However, self-reported sickness absence is acknowledged as a good way of 

measuring the general health among a working population (Voss et al., 2008). Retrospective 

self-reported sickness absence has been proven to correspond well to employers register and 

is therefore useful in epidemiological studies (Voss et al., 2008).  

Additionally, when dichotomizing continuous measures, the measurement is not as precise as 
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in continuous measurements due to that important information can be lost (Lovasi, Underhill, 

Jack, Richards, Weiss & Rundle, 2012). Sickness absence was in this study dichotomized. 

However, WTC, depression and burnout were treated as continuous in the analyses, which on 

the other hand makes it more difficult to interpret the results. 

Since this study only includes people who are currently working 30% or more, there is a risk 

that this group possesses better health compared to the general population since people who 

are sick are less likely to be employed, the so called “Healthy worker effect” (Campbell, 

Machin & Walters, 2007). Therefore, it is of importance to emphasize that this study is not 

representative for the Swedish adult population, but representing the Swedish employed 

working population. Another general limitation for studies that are based on questionnaire is 

that they have an increased risk for that individuals who respond the questionnaire are 

healthier than those who avoid to respond, leading to an additional increased risk for the 

sample to be healthier than the general population (Campbell, Machin & Walters, 2007). An 

additional methodological limitation in this study is that the mediators (burnout an 

depression) were measured at the baseline. This is considered as a weakness since we cannot 

see the direction of the association, for example we cannot say whether low WTC leads to 

subsequent symptoms of burnout/depression or if it is the other way around. To measure the 

mediators at baseline was however the best solution for this study since the follow-up time 

was every second year. A potential solution would have been to measure WTC at baseline, 

then the mediators two years later and the outcome four years after the baseline. It would, 

however, not be optimal to wait four years between the measure of exposure and outcome. 

Furthermore, it might be the case that this two-year time period is too long to be able to find 

associations. 

This study did not control for job control, which might be considered as a weakness. 

However, following Albrecht et al. (2017), who suggest that job control is similar to WTC 

with regard to autonomy, job control was excluded as a covariate in the present study to 

avoid over-controlled effects. Additionally, Ala-Mursula et al. (2002) included job control as 

a potential confounder in their association between WTC and health, and concluded that the 

association was independent of job control. 

Lastly, a limitation with this study is that it does not measure the occurrence of the actual 

diseases. When looking at WTC and its association with sickness absence, it is important to 

have in mind that there is a risk that people with high WTC report lower sickness absence 
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compared to those with low WTC. This could be explained by that employees with high 

WTC do not need to be absent from their work although they are sick, since they are more 

likely to be able to work from home, compared to those with low WTC. This means that 

people who have high WTC might be sick more often than they report, and therefore appear 

healthier than they actually are. 

Study implications and future research 

Providing employees with high WTC, in particular CoT, could contribute to a decrease in the 

occurrence of sickness absence. This study is therefore of interest for both policy makers and 

employers within the public- and private sector when aiming to reduce sickness absence. 

Future research should further study the two sub-dimensions of WTC and their effects on 

different health outcomes among the Swedish working population. Such studies would 

contribute to more consistent evidence for what impact they have on different employer 

sectors and occupational classes. Secondly, although the results of this study are contradictive 

to previous research, the results should not be ignored. I would therefore, based on the results 

of the present study, suggest that there is a need for more research that look deeper into the 

association between WTC and health among men in both the private- and public sector. 

Thirdly, future research is suggested to use objective measure of sickness absence in order to 

reduce reporting bias, but also to measure the actual occurrence of diseases in addition to 

sickness absence. Lastly, it is suggested to study the mediating effects of depression and 

burnout in a more correct way, tentatively to measure them between WTC and sickness 

absence, but also other potential mediators such as work-family conflict, sleep and recovery. 

Conclusion 

In conclusion, the current study has demonstrated that women perceive lower CoDH and CoT 

than men. Furthermore, CoDH does not predict sickness absence neither for men or women. 

CoT on the other hand, is significantly associated with sickness absence among men, but not 

among women, and therefore CoT is considered as a stronger predictor for sickness absence 

than CoDH. Neither burnout nor depression mediates the association between CoT and 

sickness absence. Given the inconsistent evidence within this area, results in this study should 

be interpreted with caution. 
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Appendices 

	

	

	

	

	

Table A. Association between control over time off (CoT) and high sickness absence 
among men with manual occupations working for the private sector, based on logistic 
regression analysis (n=928).  
 High sickness absence 
 Crude models Model 1 Model 2 
 OR (CI) OR (CI) OR (CI) 
CoT 0.90 (0.81, 0.99) 0.91 (0.82, 1.01) 0.90 (0.81, 1.00) 
Age 1.04 (1.01, 1.08) 1.04 (1.01, 1.08) 1.04 (1.01, 1.08) 
Income 0.50 (0.21, 1.16) 0.45 (0.19, 1.08) 0.47 (0.19, 1.13) 
Hours worked 0.94 (0.64, 1.39)  0.98 (0.66, 1.46) 
Shift work     
   Day work (ref.) 1.0  1.0 
   Shift work 0.89 (0.46, 1.73)  0.82 (0.41, 1.64) 
Crude models: Unadjusted. Model 1: Adjusted for age and income. Model 2: Adjusted 
for all age, income, hours worked and shift work. Statistically significant odds ratios 
(95% CI) in bold face. 
 

Table B. Association between control over time off (CoT) and high sickness absence 
among men with non-manual occupations working for the municipality/county 
council/region, based on logistic regression analysis (n=284).  
 High sickness absence 
 Crude models Model 1 Model 2 
 OR (CI) OR (CI) OR (CI) 
CoT 0.78 (0.65, 0.93) 0.78 (0.65, 0.94) 0.77 (0.64, 0.94) 
Age 1.01 (0.99, 1.03) 1.02 (0.96, 1.09) 1.01 (0.95, 1.08) 
Income 0.63 (0.14, 2.78) 0.68 (0.14, 3.31) 0.88 (0.17, 4.42) 
Hours worked 0.61 (0.34, 1.10)  0.61 (0.32, 1.14) 
Shift work     
   Day work (ref.) 1.0  1.0 
   Shift work  1.54 (0.42, 5.66)  1.19 (0.30, 4.66) 
Crude models: Unadjusted. Model 1: Adjusted for age and income. Model 2: Adjusted 
for all age, income, hours worked and shift work. Statistically significant odds ratios 
(95% CI) in bold face. 
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1 The study sample is based on individuals in 2014. Some of these were excluded when sickness absence was 
measured in 2016. Hence the low percentage. 
2 Control over daily hours. Min=2 Max=10 
3 Control over time off. Min=3 Max=15 

Table C. Frequencies, percentages, means and standard deviations (SD) 
of all variables stratified by study sample and analytical sample. 
 Study sample         Analytical sample 

    n=15359                        n=8418 
   N   %  N  % 
     
Sex     
   Men 6644 43.3 3482 41.4 
   Women 8715 56.7 4936 58.6 
Age     
   ≤30 515 3.4 229 2.7 
   31-40 2100 13.7 1148 13.6 
   41-50 4300 28 2549 30.3 
   51-60 5488 35.7 3407 40.5 
   ≥61 2956 19.2 1085 12.9 
Annual income     
   ≤250 000 2225 14.5 990 11.8 
   250001-500000 10643 69.3 5971 70.9 
   500001-750000 1885 12.3 1111 13.2 
   ≥750001 606 3.9 346 4.1 
Occupational class     
   Manual workers 4553 29.6 2365 28.1 
   Non-manual workers 7002 45.6 4081 48.5 
   Upper non-manual workers 3318 21.6 1972 23.4 
Employer sector     
   Private 6538 42.6 3802 45.2 
   Municipality/county council/region 5273 34.3 3216 38.2 
   State 1465 9.5 886 10.5 
   Other 861 5.6 514 6.1 
Hours worked     
   10-29 h/week 1262 8.2 568 6.7 
   30-49h/week 11854 77.2 7163 85.1 
   ≥50h/week 1379 9 687 8.2 
Shift work     
   Day work 13110 85.4 7199 85.5 
   Shift work 2151 14 1219 14.5 
Burnout     
   Yes 1285 8.4 670 8 
   No 13714 89.3 7748 92 
Depression     
   Yes 600 3.9 295 3.5 
   No 14532 94.6 8123 96.5 
Sickness absence 1     
   ≤30 days 10858 70.7 7858 93.3 
   ≥31 days 850 5.5 560 6.7 
 Mean SD Mean SD 
Work-time control     
   CoDH2 5.75 2.75 5.67 2.72 
   CoT3 9.55 3.18 9.46 3.12 
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Figure A. Swedish version of the questions from SLOSH regarding work-time control. 

 

 

 

 

	

 

Hur	mycket	kan	du	påverka	dina	arbetstider	med	avseende	på…	

a)	…arbetspassets	längd?	

b)	…arbetspassets	start-	och	sluttid?	

c)	…att	ta	paus/rast	under	arbetspasset?	

d)	…vilka	dagar	som	du	arbetar?	

e)	…att	ta	semester	och	annan	ledighet?	

f)	…att	utföra	privata	ärenden	på	arbetstid?	


