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ABSTRACT 

The birth of the first child is a special event for a mother whose life can change dramatically. 

In Ethiopia women’s timing to enter motherhood vary between the regions. This paper is 

therefore focusing on how birth cohort, education and residence affect the rate of entering 

motherhood for Ethiopian women in the different regions and the entire country. The dataset 

is extracted from the 2016 Ethiopia Demographic and Health Survey (EDHS) and contains 

15,019 women from 487 different households.  For more accurate estimations and results, the 

correlation within households is taken into consideration with multilevel survival analysis. The 

methods used are the Cox proportional hazard model and two frailty models. The results of the 

paper show that women residing in rural areas have an increased rate of entering motherhood 

compared to those residing in urban areas, every age group older than those born 1997 to 2001 

have a higher intensity to enter parenthood and those with education have a decreased intensity 

ratio compared to the women with no education. It also shows that there is a regional difference 

in the effect of the estimated ratios of the covariates. Performing the multilevel analysis only 

changes the estimated effects of the covariates in the cities and one region. It is concluded that 

the estimated intensity ratio of multilevel survival analysis only varies from the standard Cox 

regression when the region is heterogeneous. 
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1. Introduction  

1.1 Background 

The birth of the first child is a special event for a mother whose life can change dramatically. 

Priorities of career or education may have to be dropped or put aside since the transition into 

motherhood comes with responsibilities. The norm and expectations of women throughout 

history have been - giving birth and raising children. However, the norm around family building 

has changed. With increasing gender equality, women taking up more space in the work 

environment and the stigma around women prioritising careers and education slowly dissolves, 

family building has evolved with it. The mean age of first-time mothers has increased in the 

last 40 years in developed countries in the Organisation for Economic Co-operation 

Development, OECD countries (OECD, 2019).  

 

The World Health Organisation (WHO) reports that with the increased age of first-time 

mothers, the estimated adolescent birth rate is decreasing. However, the actual number of 

childbirths has not decreased due to the large and in some parts, growing population of young 

women in the 15-19 age group (WHO, 2020). The United Nations Children’s Fund (UNICEF) 

provides statistics that show how East and Southern Africa follows the same tendency of 

decreasing birth rates but has one of the highest adolescent birth rates in the world at 92.1 out 

of 1000 girls aged 15 to 19 as of 2015-2020 (UNICEF, 2019). In lower developed areas, at 

least 39% marry before the age of 18 and young women choose to become pregnant due to 

limited education and employment prospects. In such areas, motherhood is valued and marriage 

and childbearing are the best alternatives (WHO, 2020). 

 

Adolescent motherhood has negative health aspects as adolescent mothers face a higher risk of 

eclampsia, puerperal endometritis, and systemic infections. Their infants face a higher risk of 

premature birth, low birth weight, and severe neonatal conditions. Teenage pregnancies and 

childbirth can also have a negative socio-economic impact. As teen mothers are more likely to 

drop out of school (Central Statistical Agency (CSA) [Ethiopia] and ICF, 2016), the 

consequences of the unfinished education may be low or zero qualifications which may lead to 

low wages or unemployment. 

 

Ethiopia is located in East Africa and is the second-largest country in Africa. Its bordering 

countries are South Sudan and Sudan in the west, Djibouti in the east, Eritrea in the north, 

Kenya and Somalia in the south. The country consists of 10 regions and two administrative 

cities. The northern regions are Tigray, Afar and Amhara, the western regions are Benishangul-

Gumuz and Gambela, to the south are Southern Nations Nationalities and Peoples (SNNPR) 

and formed June 2020 the Sidama region, to the east the Somali and Harari regions are located. 

Oromia is a large region stretching from the south to the central and the western part of the 

country, with the administrative city of Addis Ababa in the centre of it. The last administrative 

city, Dire Dawa is located to the central east. The major religions practised within the country 
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are Christian orthodox, Islam, and Christian protestant. The percentage of women practising 

each respective religion is approximately 43%, 31% and 23%, while the remaining 3% 

practices other religions (CSA [Ethiopia] and ICF, 2016). Ethiopia is considered the fastest 

growing economy in the region (Worldbank, 2021). At the same time, Ethiopia is considered a 

poor country. Approximately 78% of the population are located in rural areas (CSA [Ethiopia] 

and ICF, 2016). Urbanization is essential for economic growth, improving quality of life, and 

reducing poverty. Different projects are in motion to make this possible and creating job 

opportunities in urban areas is fundamental (Alemayehu, 2019).   

 

Another aspect of developing the country is education. From the year 2000 to 2016 the 

enrollment to primary school tripled. On the contrary, several children do not complete their 

education. 15% will not make it past 5th grade and 46% will not make it past 8th grade 

(UNICEF, 2018). Education is a way out of poverty and the importance of it cannot be 

emphasized enough. The increase in primary school indicates that the country is moving in the 

right direction.   

 

The population in Ethiopia is considered young with 41% of the population under the age of 

15. More than 28% are between the ages of 15-29 (USAID, 2017). The Ethiopian Demographic 

and Health Survey (EDHS) from 2016 reported that one in ten teenage girls has already started 

childbearing in the country, indicating that young pregnancies and adolescent birth are a 

predominant issue. The median age for women entering parenthood in Ethiopia for women 

aged 25-49 is 19.2, i.e., 50% of the women in the sample gave birth before turning 20 years of 

age (CSA [Ethiopia] and ICF, 2016). The percentage of young women aged 15-19 who have 

begun childbearing vary from 3% in the capital region to 23% in the Afar region located to the 

northeast (WHO, 2020). The overall fertility rate varies between different regions of the 

country as well, the total fertility rate in the capital city Addis Ababa is 1.8 compared to 7.2 in 

the Somali region in the eastern part of the country.  

 

It is evident that the intensity of entering motherhood differs between regions in Ethiopia. It 

would therefore be interesting to analyse how different factors affect the intensity in the country 

and its regions. 

1.2 Previous studies 

Starting from birth, humans are naturally affected by their surroundings. Factors such as family, 

residence area, education and economic conditions etc., shapes a human from an early age, and 

the impacts will last throughout a person's life.  

 

The circumstances around the event of becoming a mother changed considerably in the 1960s 

when contraceptive methods were introduced and became available in the Western world. As 

the choice of delaying parenthood became an option, women chose to undertake education, 

take on employment, and pursue careers before entering parenthood. Studies show that 

contraceptives and abortion being legal in the 1970s are associated with postponing parenthood 

(Mills et al., 2011). The age of women postponing parenthood has continued to increase 
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throughout the years. Currently, countries such as South Korea, Japan, Switzerland, Greece, 

Italy and Spain are amongst the countries with the oldest women entering parenthood in the 

world with an average age of 31 years (Bui and Miller, 2018; Eurostat, 2020). In a journal 

article entitled “The trend towards delayed parenthood” (Wilkie, 1981) the author reports upon 

the disparity between women who chose to postpone parenthood and those who did not. The 

main differences were that women who chose to postpone parenthood had both higher 

education and higher occupational status, which led them to have more savings and higher 

income when they eventually decided to have a child compared to the women who did not 

choose to postpone parenthood. What Wilkie (1981) once considered a “trend” has now 

become a norm. Higher education and pursuing a career for a stable income is till this day 

prioritized by women and considered as the main reasons women delay parenthood around the 

developed world (Forbes, 2020). 

 

Ethiopia is one of the fastest growing economies in the region which will have a positive effect 

on the whole country (Worldbank, 2021). That being said, Ethiopia is not considered a 

developed country as it is considered one of the poorest nations in Africa. An article (Chernet 

et al., 2019) states that women in Ethiopia living in urban areas have an extended time to first 

birth compared to women living in rural areas. The same applies to employed compared to 

unemployed women and educated versus uneducated women. Urban areas are usually more 

developed than rural areas as the population in urban areas have more access to information, 

and opportunities such as education and/or job opportunities are broad.  

 

As stated previously, young pregnancies and the adolescent birth rate are a predominant issue 

in Ethiopia. Contrary to the western world, the differences in Ethiopia entering parenthood are 

greater depending on the socioeconomic status the woman belongs to. A previous report from 

Indonesia on time to the first child (Hidayat et al., 2014) analysed several variables like age, 

residence and education.  Another article from Nigeria on young females' time to the first child 

(Kunnuji et al., 2018) used variables such as residence and education amongst other variables.  

 

The variables, education and occupational status, mentioned in the article by Wilkie (1981) are 

still accurate today which is shown in the articles by Hidayat et al., (2014) and by Kunnuji et 

al., (2018) where age, education and residence area analysed as reasons for postponing 

parenthood. For this reason, they are included in this paper. However, none of the mentioned 

articles takes clustering of the women and the potential correlation within households that the 

women are clustered into when modelling the women’s intensity of entering parenthood.  

1.3 Current study 

It was previously mentioned in section 1.1 that different statistics like overall fertility rate and 

percentage of teenage pregnancies differ depending on the region in Ethiopia. It would be 

interesting to study how different covariates affect women's timing of motherhood in different 

regions, how they may differ from one another and how accounting for clustering may change 

the estimated intensity to motherhood. All women are clustered into households and it might 

affect the timing as Ethiopia is a culturally diverse country with multiple ethnicities and 
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religions. It would therefore also be interesting to study if taking the household effects into 

consideration, change the estimated effects of the covariates on the timing of motherhood for 

women in Ethiopia and the different regions separately. Many studies have been made about 

how different covariates affect women’s timing of giving birth to their first child, however, the 

household effect is often overlooked. The previous studies mentioned have used the Cox 

proportional hazard model (Cox PH model) when modelling the relative intensities to entering 

motherhood in the different countries. Neither of them did a multilevel analysis and took 

correlation within clusters into consideration. Another possible approach when modelling 

different covariates' effect of timing of motherhood is using the logistic regression as it will 

model the probability of parenthood depending on the covariates.  However, the normal logistic 

regression does not take clustering into consideration either, therefore, we found it interesting 

and important to consider the cluster effect on the relative intensities. 

 

The overall aim of this paper is therefore to analyse the effect of residence area, birth cohort 

and education on the intensity of entering parenthood among Ethiopian women and how those 

effects change across the regions whilst taking into account clustering. By performing a 

multilevel analysis, the study aims for a more accurate interpretation of the effects of the four 

covariates.  

The issues of the study will therefore be: 

● How does residence area, birth cohort and education level affect the intensity of 

entering parenthood for Ethiopian women? 

● Does the effect of the three covariates change depend on the region? 

● Does accounting for correlation within households change the estimated relative 

intensities of entering parenthood for women in Ethiopia? 

 

The next section presents the data used in this study. Section 3 presents the statistical methods 

used to analyse our data. In section 4 we present our results and discuss them in detail in section 

5. We present a summary and the conclusions in section 6. 

2. Data 

2.1 Data source: The 2016 Ethiopian Demographic and Health 

Survey 

The data analysed in this paper is extracted from the final report of the 2016 Ethiopia 

Demographic and Health Survey (EDHS). The data was collected between January and June 

2016 and contains 15,683 women respondents aged 15 to 49 and 487 households. It is based 

on a nationally represented sample and provides estimates at national and regional levels, as 

well as for urban and rural areas.  

 

The sample frame used in the collection of the data was from the Ethiopian Population and 

Housing Census (PHC) and it is a complete list of 84,915 enumeration areas (EA) created in 

2007. An enumeration area is a geographic area containing 181 households on average. The 
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sample frame contains information on the type of residence area, location and the estimated 

number of residential households. The 2016 EDHS was stratified and then selected in two 

stages. Each region was stratified into urban and rural areas resulting in 21 strata samples. Later 

the samples of EAs were selected independently in each stratum in two stages (CSA [Ethiopia] 

and ICF, 2016). As the data was collected in 2016, the Sidama region was not formed. 

Therefore, no data was collected specifically from this region, instead, its data is included in 

the SNNPR region. Although the 2016 EDHS contains 15,683 women, usable records for the 

purpose of this paper are 15,019 women  

2.2 Response variable 

The response variable in this study is ‘the intensity of transition to parenthood’ since the aim 

of this study is to analyse how education, age and residence area affect the transition to 

motherhood in Ethiopia. The survival time in our dataset is ‘exposure to first birth’ and the 

event is an indicator named ‘first birth’ that is 0 when censored, otherwise 1. A woman is 

exposed to childbirth at age 15 and the time variable is the number of months from age 15 and 

birth of the first child or the survey time - whichever came first.  The censored observations in 

our sample are the women who have not yet given birth to their first child by the time of their 

interview.  

2.3 Explanatory variables 

The 2016 EDHS is a report providing data and statistics in numerous areas, many that will be 

disregarded in this paper. The variables chosen are limited so the variables used are the ones 

that are known to have a significant impact on women's time to parenthood. Other covariates 

are of interest when modelling the intensity of transitioning to parenthood, however, interaction 

terms with specifically age made them inappropriate. The variables chosen are:  

● Residence area: This covariate has been transformed into a factor variable that can take 

on value 1, signifying urban residence, or 2, signifying rural residence. 

● Birth cohort: Cohort is an age covariate that specifies during what time period a woman 

was born. They are in four-year intervals with the first factor, cohort 1 being the 

youngest indicating that the woman was born between 1997 and 2001. There are seven 

cohorts in the dataset so the factor can take a value between 1 to 7.  

● Education: This covariate signifies the education level of the women. It is transformed 

into a factor variable with four possible values. Value 1 signifies that the woman has 

primary education and has completed 8th grade in primary. Value 2 signifies that the 

woman has secondary education and completed 4th grade in secondary. If a woman has 

a higher education than that, the education factor takes value 3. Women who haven’t 

completed 8th grade in primary are considered to have no education and the education 

factor takes value 0.  

● Region: Region is a covariate that signifies where the women are residing. It can take 

11 possible values where 9 are regions and two are city administrations. The region 

covariate is used in the Ethiopia models which contain women from all regions and 
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cities. Figure 1 shows the Kaplan-Meier (1958) estimated functions (proportion of 

women who are not yet mothers) by age and region.  

 

 

It is evident that the timing of entering parenthood differs across regions. Therefore, a closer 

look at the effect of other covariates on the intensity of entering parenthood will be made for 

each region.  

 

We want to consider women with the above explanatory variables and a frailty term to account 

for the fact that women are clustered within households. Such models are expected to adjust 

for correlations between women in the same cluster and yield unbiased estimates. In the 2016 

EDHS, a household is defined as “A person or group of related or unrelated persons who live 

together in the same dwelling unit(s), who acknowledge one adult male or female as the head 

of the household, who share the same housekeeping arrangement, and who are considered a 

single unit” (CSA [Ethiopia] and ICF, 2016, p.12). 
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Table 2.1 contains summary statistics of the dataset across covariates of regions.  

 

 
 

Below the statistical methods used to analyse the dataset are presented. 
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3. Method 

Since our response variable is the intensity of transition to parenthood, the appropriate analysis 

method is the hazard rate framework of which the Cox proportional hazards model (Cox, 1972) 

is the most common. 

3.1 The survival and intensity functions 

One of the main properties of survival data is that the response variable is a non-negative 

discrete or continuous variable and represents the time from a defined origin until a defined 

event or end point. Another property is that censoring arises when the starting or ending events 

are not observed. Right censoring is when the final endpoint is known to surpass a certain value 

(Moore, 2016), i.e., the start point is precisely observed but the event and end point are not for 

an individual. 

 

The survival analysis method depends on the survival distribution, which is mainly specified 

by the survival function and intensity function. The survival function is the probability of 

surviving up to a specific time-point, t. The survival-time T, can take any positive value and is 

expected to have an underlying density distribution f(t). The survival function S(t) will thereby 

formally be expressed as the following: 

 

 (3.1) 

 

where F(t) is the cumulative density distribution and the integral of (t) (Collett, 2015). The 

probability of surviving up until time-point 0 is 1, therefore the survival function takes value 1 

at time 0. The function decreases or remains constant over time and does not go below the 

value 0 (Moore, 2016).  

 

The intensity function and survival function are closely related to one another and the latter is 

frequently defined in terms of the former. The intensity function, also known as the hazard 

function, is the instantaneous rate at which an event occurs. It is the probability of the event 

occurring, given that the subject has survived up to a specific time-point t, divided by the length 

of the time interval. Formally expressed as: 

 

    (3.2) 

where 𝛿 is the time interval (Moore, 2016). The intensity can casually be interpreted as the 

probability of the event occurring, conditional on the subject surviving up to that point (Collett, 

2015). 
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The relationship between the intensity function and the survival function can be derived from 

expression 3.1 and 3.2. 

        (3.3) 

where f(t) is the density function of T (Collett, 2015).  

3.2 Cox proportional hazard model and testing the assumption 

The Cox proportional hazard model (Cox, 1972), is a popular model fitting right censored 

survival data similar to the linear and logistic regressions. The model estimates the effect of 

covariates on the intensity function and assumes that they act multiplicatively on the intensity 

while making no assumption about any parametric underlying distributions. The Cox PH model 

is expressed: 

 

    (3.4) 

 

where h0(t) is the baseline. Further, x is the k number of fixed covariates of the i:th subject and 

𝛽 their respective coefficient. The interpreted intensity rate will therefore be the exponential of 

the estimated coefficient and their respective value of the covariate. Taking the logarithm of 

both sides the model can be rewritten to: 

 

    (3.5) 

 

where 𝛼(t) = log[h0(t)]. 

 

The baseline intensity in model 3.5 is an unspecified function except for it being non-negative. 

Therefore, is the 𝛼(t) also unspecified which makes the Cox PH model popular (Allison, 2010). 

Using parametric models to estimate the intensity rate can be difficult because they require 

strong assumptions about the underlying survival distribution. The maximum partial 

likelihood, which is used to estimate the coefficients for covariates, allows for an unspecified 

baseline survival function for each observed subject (Moore, 2016). 

 

The maximum partial likelihood differs from a regular likelihood because it is the product 

solely of the failure times while the censored times do not contribute to the factors. Another 

difference is that the former’s factors are conditional probabilities, resulting in the maximum 

partial likelihood not being a probability (Moore, 2016). The maximum partial likelihood is 

modelled: 
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     (3.6) 

 

where R(ti) is the set of subjects at risk still at risk immediately before the uncensored data 

point ti. Further, xj is a vector of explanatory variables for the j:th individual and xi is a vector 

of the same set of variables for the subjects experiencing the event and data point ti. The vector 

of the coefficients to be estimated is denoted 𝛽 and lastly, the D is representing the number of 

deaths. 

 

Gebrenegus Ghilagaber mentions in lecture five in the course Survival Analysis (2021) that a 

positive characteristic of the Cox proportional hazards model is that if the baseline intensity 

follows some parametric distribution, the Cox proportional hazard model’s estimations are 

close to the correct ones, i.e., it is robust to distributional assumptions. 

 

When taking the ratio of two individuals’ Cox proportional hazards, i.e., dividing their intensity 

functions, the baseline intensity will be cancelled out. The model must therefore be assumed 

to be proportional and constant over time (Allison, 2010). However, some common covariates 

included in the model might be time-dependent (e.g., income and education) which violates the 

proportionality assumption. The covariates will change at different rates for different 

individuals and result in inconsistent intensity ratios. The maximum partial likelihood 

estimation is not much affected by this problem (Allison, 2010). Allison argues that concerns 

about the proportional assumption are excessive. By estimating a proportional model when the 

proportionality assumption is violated for some time-dependent variable, the estimated 

coefficients for those specific variables are an approximate average effect over the range of 

times observed in the data. Sometimes the interaction of these variables with time is forceful 

that ignoring them would be misleading. An extension of the proportional model is then made 

(Allison, 2010).  

 

To test the proportional hazards assumption, the Schoenfeld residuals method is used. 

Schoenfeld residuals have separate residuals for each covariate of each individual. It tests if the 

Schoenfeld residuals are correlated with time or some function of time, significant results 

signify correlation (Allison, 2010). Education is a time-dependent variable used in this paper. 

We argue, however, that since our purpose of the paper is not to get a profound analysis of the 

education level’s effect on women’s age when entering parenthood, an approximate average of 

education’s effect is satisfactory. Therefore, a Cox proportional model will be used regardless 

of the results of the Schoenfeld residuals test. Additionally, as Allison implies (2010), the Cox 

PH model is robust even if the proportional assumption may be violated in some covariates.   

 

The Cox proportional hazard model assumes that the intensity is continuous since time is a 

continuous variable and under this assumption, subjects cannot have identical survival times, 



11 
 

called tied survival times. Time is always rounded off to the nearest day, month or year which 

may yield to subjects having tied survival times (Collett, 2015). The partial likelihood formula 

expressed above must be modified when the dataset contains tied survival times. One solution 

for the issue with tied continuous survival times is the marginal method for ties which averages 

the numeration of the possible ordering of the failure times. However, large datasets normally 

contain numerous tied observations and the marginal method becomes burdensome. Moore 

writes that the Breslow approximation adjusts the terms of the marginal method so they all 

have the same denominator, corresponding to all subjects at risk. The Breslow approximation, 

therefore, is a more suitable approach to solve the issue with tied survival times when the 

datasets are larger (Moore, 2016).   

3.3 Accounting for clustering of women in households 

3.3.1 The Frailty model 

Data with multilevel structure are commonly encountered in many areas of research. A study 

of mortality of patients is clustered within hospitals, hospitals are clustered within regions etc. 

(Austin, 2017). Therefore, it is natural to assume that not all covariates that could influence the 

distribution are included in a model. Individuals with the same value of the covariates may 

have different distributions, called unobserved heterogeneity since they are nested in different 

clusters (Balan and Potter, 2020). When individuals are nested in the same cluster, the 

assumption of independent observations of regular regression models is violated. Outcomes of 

observations of the same higher-level unit are more likely to be correlated (Austin, 2017).  

 

The Frailty model is similar to the Cox proportional hazard model but with the inclusion of 

random effects. The random effects account for the unobserved heterogeneity or within-cluster 

homogeneity. The term frailty model is used when random effects are incorporated into a 

survival regression model, most commonly a Cox proportional hazards regression model or a 

parametric survival model. Shared frailty model is a description for these types of models since 

all subjects in the same cluster share the same random effect. These random effects indicate an 

increase or decrease in the intensity for distinct classes in the Cox model. 

 

Assuming M clusters, the Cox model is formulated as: 

 

    (3.7) 

 

where similar to the Cox PH model, h0 indicates the baseline intensity, Xi the vector of 

explanatory variables of each i:th subject/observation and the 𝛽 their respective coefficients. 

Additional to the Cox PH model is the 𝛼j which indicates the random effects associated with 

the j:th cluster. The shared frailty is indicated by the exponential of the random effect, 

exp(𝛼j). The random effect can therefore be considered as a random intercept that affects the 
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linear predictor, while the shared frailty term has a multiplicative effect on the reference 

baseline intensity function. 

 

An assumption needed to perform a Cox shared frailty model is that each observation is only a 

member of only one cluster (Austin, 2017). Other assumptions are that failure times in a 

specific cluster are conditionally independent given the frailties. The value of the frailty is 

constant over time and is common to all individuals in a cluster. The dependence created 

between event times in a cluster must be positive in the frailty model (Wienke, 2011).  

 

Interpreting the frailty model is different in comparison to the Cox proportional hazard model. 

The previous models the relative risk at the population level. The frailty model, models the 

cluster-level relative risk and refers to comparison within the cluster where the individuals 

share the same frailty or random effect. The parameters are adjusted for the correlation within 

the cluster and the variance is a measure of the correlation between the survival times in the 

same group. If there is a within-cluster correlation, the estimations of the parameters from the 

two models should differ from one another (Wienke, 2011).  

 

Accounting for clustering and using frailty models is essential since it takes the correlation 

within the clusters into consideration. By disregarding the correlation within observations 

within the same cluster, the results of the models may lead to less accuracy. Therefore, the 

frailty model will be used in this paper to account for the correlation between households.  

3.3.2 Frailty model and the different distributions 

Different distributions have been proposed for the shared frailty term but the most commonly 

used are the gamma and lognormal distributions (Austin, 2017). In the log-normal frailty 

model, the frailty terms will have log-normal distribution and the random effects will have a 

normal distribution (Austin, 2017). In the gamma frailty model, the random effects of the 

clusters are as the logarithms of independent, identically distributed gamma random variables.  

 

The gamma distribution is asymmetrical on the log-intensity scale while the lognormal is 

symmetric. In a particular application made by Therneau and Grambsch the gamma distribution 

had a heavy lower tail implying that there was a portion of clusters with abnormally low risk. 

Depending on the data, the assumption that a proportion of the clusters having low risk may be 

inappropriate. If inappropriate, the lognormal distribution for the shared frailty model may be 

more appropriate. Therneau prefers the lognormal distribution for the random effects since it 

simplifies the framework for multiple and correlated effects. Wienke writes that the log-normal 

distribution assumption allows much more flexibility, especially when modelling multivariate 

correlation structures (Wienke, 2011). There is research on how well the gamma distribution 

fits the shared frailty terms and how well it fits applicable data, however not how good the 

distribution is compared to others (Austin, 2017). In this study, both the gamma and lognormal 

distribution will be used.  
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All the models and the Schoenfeld residuals test are performed by the statistical software R. 

and the specific package used to apply the statistical models in this paper is ‘survival’ and is 

found in the Comprehensive R Archive Network (CRAN) (Therneau, 2021).  

In the following section, the results when using the mentioned methods will be presented.  

4. Results 

4.1 Results of testing the proportional hazards assumption  

R has a procedure that can test the proportional hazards assumption of Cox regression models 

and prints out the p-values of the correlation between the covariate and time. Non-significant 

correlations are what is desirable. Education is a covariate where at least one level correlates 

with time in every model. In the Cox PH model containing all the women in all regions all 

education levels correlate with time, similar results are found in the Tigray Cox PH model. In 

the Amhara, Oromia, Benishangul, Addis Ababa and Dire Dawa regions, the higher education 

levels, secondary and higher correlates with time. In the remaining regions, it differs between 

secondary and higher education correlating with time. Rural has a significant correlation with 

time in overall Ethiopia- and the Amhara-, Oromia- and Benishangul Cox PH models. Cohort 

6 and 7 correlates with time in the Afar Cox PH model and cohort 3 in the Somali Cox PH 

model. Cohort 4 and 7 correlates with time in the Ethiopia Cox PH model containing the 

women from all regions. In that same model, the Afar, Amhara, Oromia, Benishangul and 

Addis Ababa regions correlate with time and violate the proportional hazards assumption. 

4.2 Results from standard Cox model for the entire country 

When modelling the Cox proportional hazard model in R, the program uses the lowest level of 

our variables as the baseline. In this analysis, the baseline includes region level 1 (Tigray), 

residence level 1 (urban), cohort level 1 (born 1997-2001) and education level 0 (no education). 

In the tables are the intensity ratios of each covariate presented, the estimated parameters - the 

log-intensity is the logarithm of the numbers presented in the tables. Table 4.1 presents R’s 

estimated intensity ratios in the standard Cox PH model and the two frailty models.  
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***: Estimates significant at the 1% level. **: Estimates significant at the 5% level.  

*: Estimates significant at the 10% level  

Note that ‘,’ is the decimal separator in the table and ‘.’ elsewhere. 

 

Some of the parameters in table 4.1 are not significant on any level in any of the models. The 

Oromia, Benishangul and Harari regions are not statistically significantly different from zero 

at any level and therefore not statistically significant from the Tigray region. 

 

Women from Gambela and Afar have a 12% higher intensity of entering parenthood compared 

to the women in Tigray. Women from Amhara, Somali, SNNPR regions and the city 

administration Dire Dawa have a lower intensity compared to the Tigray women. Their 

intensity is respectively around 90%, 84%, 81% and 86% that of Tigrays. Women from Addis 

Ababa have the lowest intensity ratio out of all the regions and it is 57% that of Tigray. 

 

Ethiopian women in rural areas enter parenthood at a higher rate than women from urban areas. 

The intensity ratio is 1.36, indicating that living in rural areas increases the intensity by 36% 

in Ethiopia.  
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Women from older cohorts have a higher intensity of entering parenthood compared to the 

youngest women in Ethiopia. Cohort 4 has the largest intensity ratio at 2.4462, i.e., the intensity 

of entering parenthood and giving birth to their first child for women born between 1992 to 

1986, is more than twice the intensity of the women from the youngest cohort at each time 

point. More specifically, their intensity is 2.4 times that of the women from the youngest cohort. 

The smallest intensity ratio is that of cohort 2 at 1.87702.  Overall, the rest of the cohort 

intensity ratios are between 2.1 and 2.3. 

 

Women with education have a lower intensity of entering parenthood compared to women with 

no education. The intensity ratios are 85%, 47% and 33% respectively, i.e., the intensity rate 

of women with primary education is 15% lower, the intensity of women with secondary 

education is 53% lower and the intensity of women with higher education is 67% lower than 

the intensity of women with no education at each time point in Ethiopia. 

4.3 Results from Cox model with frailty for the entire country 

Fitting the multilevel frailty models to the data did not change the overall significance of any 

parameter. Nor does the estimated parameters change notably compared to the Cox PH model. 

Comparing the estimations of the intensity ratios of the two frailty models, the difference is 

barely existent as none of the absolute differences exceeds 0.01.  

 

When interpreting the intensity ratios in the frailty models they do not vary from the Cox PH 

model. The only intensity ratio that differs is that of cohort 4 and cohort 6. The Cox PH model 

estimates that the rate of entering parenthood of women from the fourth cohort is 2.45 times 

higher than that of the first and that the sixth cohort’s rate is 2.34 higher. The frailty models 

estimated that the same intensity ratios are 2.46 times higher than the first cohort’s intensity 

and 2.35 times higher respectively. However, as mentioned, those are the only intensity ratios 

that have slightly different estimated intensity ratios.  

 

The frailties, or random effects, have a low variance in both models and a high p-value 

indicating that they are not significant. 

 

4.4 Results from standard Cox model for each region 

All three tables presented below are also found in appendix A for closer observations. 
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***: Estimates significant at the 1% level. **: Estimates significant at the 5% level.  

*: Estimates significant at the 10% level  

Note that ‘,’ is the decimal separator in the table and ‘.’ elsewhere. 
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4.4.1 Tigray Region 

The intensity of Tigray women residing in rural areas entering parenthood is not statistically 

different from the intensity of Tigray women living in urban areas since the intensity ratio of 

the previous is not significant at any significance level.  

 

All the cohorts enter parenthood at a higher rate compared to the youngest women. The rate of 

the women from cohort 2 and 3 is slightly more than twice the rate of the youngest cohort. The 

intensity ratio of cohort 4, 6 and 7 is even higher, their ratio is around 3 times higher.  

 

Tigray women with no education do not have a statistically significant intensity of entering 

parenthood compared to the Tigray women with no education, i.e., the hypothesis that the rate 

of entering motherhood is equal for both groups cannot be rejected at any level. The women 

with completed secondary education in the region enter parenthood at a slower rate than the 

women with no education in the same region as their estimated intensity ratio is 43%. The 

intensity ratio of Tigray women with higher education is even lower as it is 26% that of those 

with no education.  

4.4.2 Afar Region 

In the Afar region, women residing in rural areas enter parenthood at almost twice the rate 

compared to the women living in urban areas.  

 

The intensity ratios by birth cohort, compared to the other regions, do not differ greatly from 

one another. Neither cohort 3,6 or 7 are significant at any level, i.e., they do not enter 

parenthood at another rate than the youngest women in the region. The remaining intensity 

ratios are 1.48, 1.61 and 1.59 signifying that the rate of entering parenthood of the women 

belonging to the cohorts are 48%, 61% and 59% higher than the youngest Afar women.  

 

The estimated intensity ratios of Afar women with completed secondary education and Afar 

women with higher education do not vary greatly as they are 47% and 0.44% respectively. 

More specifically, the women with completed secondary education enter parenthood at a 53% 

slower rate compared to the rate of the women with no education at each time point, while the 

rate of the women with higher education is 56% slower. The intensity ratio of Afar women 

with no education is estimated to be 89% but the parameter, the log-intensity, is not significant 

at any level. Therefore, it cannot be concluded that the Afar women with completed secondary 

education enter parenthood at a different rate compared to those with no education.  

4.4.3 Amhara Region 

Similarly, to the Tigray region, when fitting a Cox PH model to the dataset containing 

exclusively women staying in the Amhara region, the estimated intensity ratio of the women 

residing in rural areas is not statistically significant. The rate of entering parenthood of Amhara 

women living in rural areas cannot be proven in our dataset to be different from the rate of 

those living in urban areas.  
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The estimated intensity ratio increases with each birth cohort in the Amhara region, except for 

the last one where it decreases to be about the same ratio as the one of cohort 3. Their rates of 

entering parenthood, going from cohort 2 to 7, are 2.42, 3.18, 3.59, 3.16, 4.40 and 3.30 times 

higher than the rate of the youngest cohort in the Amhara region. All of the intensity ratios are 

statistically significant at the 1% significance level. 

 

With every higher level of education, the estimated intensity ratio decreases. Women with 

higher education in the Amhara region enter motherhood at a lower rate than those with no 

education. The estimated intensity ratio of women with completed primary education is 74% 

that of the intensity of the women with no education at each time point. The intensity of women 

with completed secondary education is 32% and the intensity of those with higher education is 

20% that of the women with no education.  

4.4.4 Oromia Region 

All the estimated intensity ratios are significant at the 5% and 1% level when the Cox PH model 

is fitted to exclusively the women staying in Oromia.  

 

The estimated intensity ratio for the Oromia women residing in rural areas is 1.29, signifying 

that the intensity of mentioned women is 29% higher at each time point than the intensity of 

the Oromia women living in urban areas.  

 

Among the cohorts, the estimated intensity ratios differ and do not follow a particular pattern 

as the Amhara Cox PH model does. Cohort 4 is the cohort with the highest estimated intensity 

ratio as they enter parenthood at twice the rate compared to the women from the youngest 

cohort in the same region. The cohort with the smallest intensity ratio is cohort 7 whose 

intensity of entering parenthood is 53% higher than the youngest cohort. 

 

Similarly, to the Afar Cox PH model, the intensity ratios of the women with completed 

secondary education and the women with higher education do not differ much from one 

another. The intensity of entering parenthood for those with secondary education is 34% 

compared to those with no education and the intensity of the women with higher education is 

32% lower. Women with completed primary education have a lower intensity of entering 

parenthood compared to the women with no education as it is 68% compared to those with no 

education. It is the lowest ‘primary’ intensity ratio out of all the regions. 

4.4.5 Somali Region 

In the Somali region, the women residing in rural areas enter parenthood at a slightly higher 

rate as their intensity is 29% higher than the intensity of the women residing in urban areas. 

 

The estimated intensity ratio of the cohorts follows a different pattern compared to the intensity 

ratios of previous regions. Among the women in the Somali region, the younger cohorts give 

birth to their first child at a higher rate than the older cohorts as the estimated intensity ratio 
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decreases with each older cohort level. Neither cohort 5, 6 or 7 are statistically significant at 

any level, signifying that there is not enough support in our dataset that Somali women from 

the 5th, 6th and 7th cohort would have a different rate of entering motherhood compared to the 

youngest women in the same region. The women belonging to cohort 2 and 3 enter parenthood 

at an almost 50% higher rate than the youngest Somali cohort while the 4th cohort enters 

parenthood at a 44% higher rate.  

 

The only education level in the Somali Cox PH model that is significant is the highest level of 

education ‘higher’. The estimated intensity ratio is 0.38, i.e., Somali women with higher 

education enter parenthood at a 62% slower rate than the Somali women with no education. 

The other education levels are not significant at any level, so the hypothesis that Somali women 

with primary education enter parenthood at a different intensity than those with no education 

cannot be rejected at any significance level. The same goes for the Somali women with 

secondary education.  

4.4.6 Benishangul Region 

The rate of entering parenthood for women residing in rural areas of the region is not 

significantly different from the rate of the women residing in urban areas as the estimated 

intensity ratio in table 4.2 is not statistically significant at any level.  

 

The intensity ratios of the cohorts do not follow a particular pattern. The women belonging to 

cohort 3 and cohort 7, enter parenthood at 3 times higher rate compared to the youngest women, 

cohort 1. Cohort 2 rate is 2.5 times higher compared to the youngest cohort.  

 

Education on a primary level is not statistically significant. There is not enough evidence to 

state that the intensity of entering parenthood for women with primary education is different 

from the intensity of women with no education. Education on a secondary and a higher level 

are both statistically significant at all levels. The estimated intensity ratio is 50% for women 

with secondary education and 13% for women with higher education. More specifically, the 

groups enter parenthood at a 50% and 87% lower rate compared to the women with no 

education, respectively.  

4.4.7 Southern Nations & Nationalities People’s Region (SNNPR)  

As the estimated intensity ratios for women residing in the rural areas is not statistically 

significant, there is not enough evidence to state that there is a difference in the rate for women 

in the SNNPR region entering parenthood based on if the woman resides in the urban or rural 

areas.  

 

The estimated intensity ratios for the cohorts are all statistically significant at all significance 

levels. The rate increases with each cohort up until cohort 6. The 7th cohort has a lower ratio 

than cohort 6 and enters parenthood at 3,3 times higher rate compared to cohort 1. Whilst cohort 

6 enters parenthood at 3.7 times higher rate than cohort 1.  
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All levels of education are statistically significant on at least significance level 5%. Women 

with primary education enter parenthood at a 15% lower rate, women with education on 

secondary level enter parenthood at a 67% lower rate, and women with higher education enter 

parenthood at a 74% lower rate compared to the not educated women.  

4.4.8 Gambela Region 

The estimated intensity ratio for women residing in the rural area are significant on all levels, 

and therefore there is a difference in the rate of entering parenthood if a woman lives in the 

rural or urban area of the region. The rate is 49% higher for women living in rural area to enter 

parenthood compared to urban.  

 

Cohort 2 to 6 are statistically significant on all levels. Cohort 7 is significant at significance 

level 1% and 5%. Women belonging to cohort 2 and 6 enter parenthood at a 97% higher rate 

compared to cohort 1. While cohort 3, 4 and 5 enter parenthood at an approximately 2 times 

higher rate compared to women in cohort 1.  

 

In the Gambela region, there is no proof that women with education on a primary and secondary 

level differ in the rate of entering parenthood from women with no education as the estimated 

intensity ratios for those levels are not statistically significant.  

Women with education on a higher level enter parenthood at a 46% slower rate compared to 

women with no education at a significance level of 1%.  

4.4.9 Harari Region 

The estimated intensity ratio indicates that women in the region residing in the rural areas enter 

parenthood at an almost 2 times higher rate than women residing in the rural areas, at a 

significance level of 1%.  

 

The only significant cohort for this region is level 4. Women belonging to the cohort enter 

parenthood at nearly 2 times higher rate than the youngest women at a significance level of 

5%. The other cohorts are not significant and are interpreted the same i.e., there is no statistical 

evidence that women belonging to the other cohorts enter parenthood at another rate than 

women belonging to cohort 1. 

 

Women with primary education do not differ from women with no education in the event of 

entering parenthood as the estimated intensity ratio for primary education is not statistically 

significant and therefore there is not enough evidence to state otherwise. Women with 

secondary education and higher education are statistically significant on all levels and have a 

difference in entering parenthood compared to women with no education. Women with 

secondary education enter parenthood at a 41% slower rate and women with higher education 

enter parenthood at a 59% slower rate, both individually compared with women with no 

education. 
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4.4.10 Addis Ababa City Administration 

Addis Ababa is the capital of Ethiopia and is considered as urban i.e., there are no women from 

Addis Ababa that are considered as residing in a rural area and therefore there is no estimation 

for that level.  

 

Estimated intensity ratios for all levels of birth cohort are significant, at least a significance 

level of 5%. Women belonging to any birth cohort but cohort 1 will enter parenthood at a higher 

rate regardless. Cohort 6 enters parenthood at almost 9 times higher rate than cohort 1. Cohort 

7 enters parenthood at an 8 times higher rate than cohort 1. Cohort 5 and 4 are very similar 

with a higher rate of nearly 7 times than cohort 1. Cohort 3 enters parenthood at nearly 6 times 

higher rate whilst cohort 2 enters parenthood with a nearly 3 times higher rate compared to 

cohort 1.    

 

The estimated intensity ratio of women with primary education is not statistically significant 

meaning there is no statistical evidence that there is a difference in the rate of entering 

parenthood for women with no education and women with primary education.  

The parameters for women with secondary and higher education are both significant at all 

significance levels. Women with secondary education enter parenthood at a 52% lower rate 

and women with higher education enter parenthood at a 61% lower rate, both levels in 

comparison with women with no education.  

 

4.4.11 Dire Dawa City Administration 

Dire Dawa is the only region where all estimated intensity ratios are statistically significant on 

all levels.  

 

The intensity ratio indicates women enter parenthood at a 2 times higher rate, at a significance 

level of 1%, if residing in the rural areas compared to women living in the urban areas.  

 

The estimated intensity ratios for birth cohorts are all significant at a level of 1%. All cohorts 

enter parenthood at a higher rate than cohort 1. Cohort 5 enters parenthood at approximately 4 

times higher rate than cohort 1. Cohort 7 and 2 enter parenthood at a 3 times higher rate than 

cohort 1.  

 

Women with primary education enter parenthood at an 11% lower rate than women with no 

education. Women with secondary education enter parenthood at a 51% lower rate and higher 

education at a 64% lower rate.  

4.5 Results from Cox model with frailty for each region and city 

administration 

Table 4.3 and 4.4 presents the estimated intensity ratios of the gamma- and log-normal frailty 

models in every region.  
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4.5.1 Results from Cox model with gamma distributed frailty 

When assuming that the frailties have a gamma distribution, the estimated intensity ratios in 

the gamma model barely vary from the estimated intensity ratios in the Cox PH models of the 

regions. This is the case in the regions Tigray, Amhara, Oromia, Somali, Benishangul, SNNPR, 

Gambela and Harari, where the estimated intensity ratios do not have noticeable differences. 

The p-value in the gamma frailty model for those regions are very high and indicates that the 

correlation within the households is small and insignificant. The random effects of each 

household are not statistically different. When assuming that the frailties are gamma 

distributed, the variance of the households in mentioned regions are small indicating that there 

is no difference between the intensities of entering parenthood between the households.  

 

For the remaining three regions, Afar, Dire Dawa and Addis Ababa there is a difference in the 

estimated parameters that are worth mentioning. The estimated intensity ratio of the Afar 

women living in rural areas increases slightly by 0.09 in the gamma frailty model and the 

intensity ratio of cohort 3 increases by 0.05 in the Afar gamma frailty model compared to the 

Afar Cox PH model. The remaining estimated intensity ratios of the Afar gamma frailty model 

remain indifferent from the Cox PH model. The p-value of the household effects in Afar is 0.18 

which is high and is not significant.  

 

For the city of Dire Dawa, there is an increase in the estimated intensity ratio in the gamma 

frailty model compared to the Cox PH model. For women residing in rural areas, the increase 

is 0.08, for women belonging to cohort 5 the increase is 0.15 and for women belonging to 

cohort 7 the increase is 0.18. The p-value, 0.13 in the frailty gamma model, is close to being 

significant at the 10% level but is not.  

 

The capital Addis Ababa has the biggest difference compared to all regions with some 

increasing estimated intensity ratios in the frailty gamma model compared to the Cox PH 

model. The increase is in the cohorts where all cohorts, besides cohort 2, have an increase that 

is observable. Women belonging to cohort 3 have an increase of 0.18, 4th cohort has an increase 

of 0.19, 5th cohort has an increase of 0.35, 6th cohort has an increase of 0.48 and 7th cohort 

has an increase of 0.58. The p-value is 0.1 which is at a significance level of 10% and 

significant. The variance is 0.097 and is the highest variance detected amongst the regions 

indicating that the intensity ratio of the covariates differs depending on the household. At an 

acceptable significance level, accounting for correlation within households changes the 

estimated intensities of entering parenthood.  

4.5.2 Results from Cox model with log-normal distributed frailty 

When assuming that the frailties have a log-normal distribution, the estimated intensity ratios 

in the log-normal model vary more than the gamma model when comparing the estimated 

intensity ratios in the Cox PH model. In the regions Tigray, Afar, Amhara, Oromia, Somali, 

SNNPR, Gambela and Harari the estimations are barely noticeable. The p-values in the above-

mentioned regions are high and the correlation within households are not significant. The 
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remaining three regions, Benishangul, Addis Ababa and Dire Dawa, have differences in the 

estimates that are worth mentioning. 

 

In Benishangul an increase in the estimated intensity ratio, from the Cox PH model to the log-

normal frailty model, is seen in cohort 3 up to cohort 7. In cohort 3 the increase is 0.13, cohort 

4 0.17, cohort 5 0.08, cohort 6 0.15 and cohort 7 0.17. The p-value is 0.097 indicating that the 

correlation within households is statistically significant at the 10% level. The variance of the 

household effects is 0.09 signifying that the rate of entering parenthood differs depending on 

the household.   

 

Addis Ababa has increased estimated intensity ratios in the log-normal frailty model. Similar 

to the Benishangul region, the differences are distinguishable from cohort 3 up to cohort 7. In 

cohort 3 the increase is 0.21, cohort 4 0.22, cohort 5 0.39, cohort 6 0.51 and cohort 7 0.67. The 

p-value is 0.051 indicating that the correlation within households is statistically significant at 

the 10% level. The variance of the household effects is 0.13 signifying that the rate of entering 

parenthood differs depending on what household the woman belongs to.  

 

Dire Dawa has similar results as the two previous regions, where the increase in the estimated 

intensity ratio in the log-normal frailty model (once again compared to the Cox PH intensity 

ratio estimates) can be seen in cohort 3 to 7. Cohort 3 has an increase of 0.05, cohort 4 0.06, 

cohort 5 0.21, cohort 6 0.09 and cohort 7 0.24. The p-value is 0.045 indicating that the 

correlation within households is statistically significant at the 5% level in Dire Dawa. The 

variance of the household effect is 0.13 signifying that the rate of entering parenthood differs 

depending on what household the woman belongs to. 

 

The following section will discuss the results presented above.  

5. Detailed discussion of results 

5.1 Validity of the proportional hazards assumption 

The results when testing the proportional hazards assumption in section 4.1 indicates that the 

Cox PH model may not be the best suitable when covariate education is included in the 

regression model. This covariate was a variable that was known to violate the assumption 

before using the Schoenfeld residuals method to get the significance levels of the correlations. 

However, somewhat unexpected was that all the other covariates used in the modelling were 

proven to be correlated with time in at least one region Cox regression model. Allison writes, 

as mentioned in section 3.2, that concerns about these violations may be considered excessive 

as estimated coefficients for the variables that do not achieve the proportionality assumption 

are an approximate average effect over the range of times observed in the data. This implies 

that the Cox PH model is robust, even if the proportional hazards assumption is violated.  
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The frailty models are a version of the Cox PH model as it includes a random effect, in this 

study the random effect is the effect of the different households on the intensity of women 

giving birth to their first child. As the Cox model with mixed effects is a nested model of the 

Cox PH model, performing the later models enables simpler comparison between the two and 

analyses if household effect is something that needs to be taken into consideration when 

modelling similar models. Therefore, are the Cox PH models still performed in this study, 

regardless of the assumption violations.  

 

If the purpose is to study what model fits the dataset and explains the intensity and timing of 

first birth for women in Ethiopia, another model may be suggested. When the underlying 

distribution of the exposure times are unknown and the proportionality assumptions of the 

covariates are violated, there is another model called extended Cox model. Although an 

interesting issue about what model would fit the data the best, it is not investigated in this study 

as the purpose is to see the covariates and household effect on the timing of motherhood for 

Ethiopian women. 

 

5.2 Regional similarities and differences in intensity of transition 

to parenthood 

The intensity of entering parenthood for women residing in rural areas is not significantly 

different from the women residing in urban areas in the Tigray, Amhara, Benishangul and 

SNNPR region. This is not the case for women in the Afar, Gambela, Harari and Dire Dawa 

regions where there is a significant difference for women residing in the rural areas at a 1% 

significance level. i.e., the women residing in rural areas enter parenthood at a different rate 

compared to the women residing in urban areas. Being the capital city, Addis Ababa is 

considered as urban and therefore rural is left blank. Dire Dawa is the region where the 

estimated intensity ratio of women residing in rural areas, compared to the urban, is highest 

across regions as their intensity is twice as high. The lowest estimated intensity ratio is the one 

estimated in SNNPR where the women residing in the rural areas enter parenthood at an 11% 

lower rate compared to those residing in urban areas. Note that the estimated intensity ratio in 

SNNPR is not significant at any levels.  

 

All cohorts are significant for the regions Tigray, Amhara, Oromia, Benishangul, SNNPR, 

Gambela, Addis Ababa and Dire Dawa. Nearly all of them are significant at all levels. The 

remaining regions Afar and Somali have three significant estimated intensity ratios each, whilst 

Harari only has one estimation that is significant.  

 

Addis Ababa differs the most from the rest of the regions where the intensity increases greatly 

with each cohort in comparison to the other regions. In cohort 2 the estimated intensities do not 

vary much between the regions. For instance, the estimated intensity of cohort 2 in Addis 

Ababa is 2.6 times higher, 2.5 times higher in Benishangul and 2,4 times higher in Amhara 

compared to the youngest cohort of each respective region. The same cohort has an 

approximately 2 times higher intensity in the Tigray, Oromia, SNNPR, Gambela and Dire 
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Dawa regions. In cohort 3 the differences between regions in the estimated intensity ratios is 

evident as it is nearly 6 in Addis Ababa. Whilst the second highest estimated intensity ratio in 

cohort 3 is in the Amhara region at 3. The lowest ratio among the regions in cohort 3 is found 

in the Somali region with an estimation intensity ratio of 1.49, which translates to 50% higher 

intensity compared to the youngest women. Addis Ababa continues to have a remarkably high 

estimated intensity ratio with each birth cohort level compared to all the regions. 

 

When observing all the regions, excluding Addis Ababa, the estimated intensity ratios of the 

cohorts are most similar in the Amhara, SNNPR and Dire Dawa regions. The estimated 

intensity ratios of the cohorts are similar in the Tigray and Benishangul regions as well. Out of 

all regions, Oromia and Gambela are the most similar regions when comparing estimated 

intensity ratios of the cohorts. 

 

All the statistically significant education level intensity ratios are below 1, i.e., women of all 

education levels enter parenthood at a lower rate compared to the women with no education in 

all regions. All levels of education are significant at the 5% level in Amhara, Oromia, SNNPR 

and Dire Dawa. Primary level is not significant in Tigray, Afar, Benishangul, Harari and Addis 

Ababa. Secondary and higher education level is significant at the 1% level in all regions except 

in Gambela where secondary education is not significant at any level. Both primary and 

secondary levels are not significant in Somali and Gambela where only the highest level of 

education is significant on 1% significance level.  

 

With each level of education, the estimated intensity ratio decreases in all regions. The lowest 

significant estimated intensity ratio of primary education is in the Oromia region where the 

intensity of entering parenthood is 32% lower compared to those not educated in the region. 

Dire Dawa has the highest intensity ratio of primary education at 88%. At the primary education 

level, the estimated intensity ratios for region SNNPR and Dire Dawa are similar.  

 

The lowest intensity ratio of secondary level education is in the Amhara region where the 

estimated intensity ratio is 32%. The highest intensity ratio is found in the Harari region, where 

the estimated intensity ratio is 59%. The Amhara, SNNPR and Oromia regions have similar 

estimated intensity ratios for the secondary education level. Afar, Addis Ababa, Dire Dawa and 

Benishangul are other regions with similar estimates. 

The estimated intensity ratio for the higher education level varies slightly between regions. 

Benishangul is the region with the lowest estimated intensity ratio at 0.13 and Gambela is the 

region with the highest at 0.54. Tigray and SNNPR have the most similar intensity ratio 

estimates. 

5.3 Effect of clustering of women within households 

An interesting result is that the inclusion of random effects into the models barely change the 

estimated intensity ratios, indicating that households do not have a significant effect on the 

timing of birth of the first child in the majority of the regions and not in Ethiopia overall. When 

analysing the model containing women from all regions, this issue may be because there is an 
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insufficient number of households in the dataset considering the number of women. The 

approximate average number of women in a household is 31 and possibly fewer women in each 

household would change the results. However, after dividing the dataset into regions and 

reducing the average amount of women in a household considerably, significant household 

effects are only achieved in the Addis Ababa region with the gamma frailty model and Addis 

Ababa, Dire Dawa and Benishangul with the log-normal frailty model. The results of the region 

divided frailty models contradict the hypothesis that lower average women per household 

would increase the variation within households and increase their significance.  

 

Overall, it is evident that households do not have a significant effect on women’s timing of 

parenthood in most regions. Dire Dawa and Addis Ababa are both cities and therefore might 

be heterogeneous as they are inhabited by a large number of people from different ethnic groups 

and religions. Because of the diverse ethnic background, households have a significant effect 

in these cities. This also applies to the region of Benishangul where the population is 

heterogeneous and could be the reason why accounting for households in the log-normal frailty 

model had an effect in the region. The households in the different regions may not be entirely 

homogeneous, but they are not as diverse as the cities. For example, the Somali region is almost 

entirely inhabited by Somali ethnic groups, the Oromia region is almost entirely inhabited by 

the Oromo ethnic group, the Afar region is almost entirely inhabited by the Afar ethnic group, 

the Amhara region by the Amhara ethnic group etc. This may be the cause of the low variance 

and insignificant results of the households even after reducing the average amount of women 

per household by performing the frailty models at regional levels. 

 

Including a household effect may be more efficient when there is a belief that there is a 

multilevel effect that should be taken into consideration. When the dataset is from a diverse set 

of women with different backgrounds, like city administrations, the inclusion of the household 

effect is beneficial when analysing the effect of different covariates on women's intensities of 

entering motherhood. If the region is homogeneous in ethnic groups and background, 

accounting for clustering may not be a necessity. 

 

Although the intensity ratio in the majority of regions and city administrations models barely 

changed with the inclusion of household effect, it should be mentioned that, although small, 

the absolute value of each parameter increased. By ignoring the effect of clustering, the effects 

of the covariates on the intensity of transitioning to parenthood may be underestimated and 

therefore should be analysed when doing these types of studies.  

5.4 Choice of distribution for the frailty term 

Another interesting result is that the estimated intensity ratios do not vary much between the 

gamma- and the log-normal frailty model, some coefficients do, however. The Benishangul 

region is where the estimated coefficients vary the most and the p-value changes drastically 

from being non-significant to significant when fitting the log-normal frailty model instead of 

the model with gamma distributed frailties. The intensity ratios of the cohorts are the ones that 

change the most as cohort 3 to 7 increase by 0.07 to 0.15 when fitting the former model instead 
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of the latter. The estimated intensity ratio of Cohort 7 in the Addis Ababa frailty models 

increases by 0.1 when fitting the log-normal frailty model instead of the gamma frailty model. 

In the Dire Dawa models cohort 7 and 5 increase by 0.6.  

 

The remaining intensities do not increase or decrease by more than 0.05. Most household 

effect’s p-values decrease when fitting the log-normal frailty model instead of the gamma one. 

The exceptions are the Afar and Somali models.  

 

With our results, it could be implied that misidentifying the underlying distribution of the 

random effects does not affect the results substantially. The log-normal frailty model seems to 

identify the household variation slightly better compared to the gamma frailty model, however, 

this is not applied for all regions as the Somali and Afar region seem to be better fitted with the 

gamma frailty model when it comes to identifying the household effect on the intensity.  

 

The following and last section presents a summary and the conclusions of this study. 

6. Summary and conclusions 

When a woman decides to enter motherhood has a direct economic consequence not only for 

the mother and child but for the whole society as well. Therefore, it is important to study the 

underlying factors influencing a woman’s decision under different conditions. This paper 

attempted to do an empirical study of the effects of residence area, birth cohort and education 

level on the rate Ethiopian women enter parenthood whilst taking account of clustering of 

women in households on a regional level and the entire country. We performed survival 

analysis on the intensity of entering parenthood in Ethiopia by performing the Cox proportional 

hazard model and the frailty models on the entire country and on the regional level. The data 

was provided by the 2016 Ethiopian Demographic and Health Survey.  

 

Our results show that the effects of the covariates vary depending on the region. In the regions 

overall, women residing in rural areas enter parenthood at a higher intensity compared to 

women residing in urban areas, the older cohort enters parenthood at a higher intensity 

compared to the youngest birth cohort and education has a negative effect on the estimated 

intensity of entering parenthood, as the estimated intensity ratio of the women decreases with 

each level of education. The results of this study clearly show that in the 2016 EDHS dataset, 

the inclusion of a household effect does not primarily change the estimated intensity ratios of 

the covariates. When accounting for clustering in the frailty models, the estimated intensity 

ratios of the covariates only differ in the regions where the populations are heterogeneous, 

compared to the estimates in the standard Cox model. The regions are the city administrations 

Addis Ababa and Dire Dawa and Benishangul are the only regions where household effects are 

significant. The other regions are more homogeneous.  

  

Based on the above results we can draw the following conclusions: 
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● Women residing in rural areas enter parenthood at a higher rate compared to women 

residing in urban areas. 

● All cohorts enter parenthood at a higher rate compared to the youngest cohort born 1997 

to 2001. 

● Education has a decreasing effect on the intensity of entering parenthood 

● The multilevel survival analysis is the best fit on the heterogeneous cities and regions  

 

In future studies, more covariates can be used. Interesting covariates to analyse in 

heterogeneous cities and regions are religion and wealth for example. Performing a multilevel 

analysis on those covariates could provide insight and interesting results. Another suggestion 

is to analyse different distributions of the frailties and to analyse what distribution fits the data 

best. Having a dataset with more households would increase the variance of the household 

effect and result in significant household effects. 
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Appendix B: R-codes 

########################################################################### 

##                                 EXAMENSARBETE                                     ## 

########################################################################### 

# Transporting the data into R and naming it ethiopia16 

library(readxl) 

ethiopia16 <- read_excel("C:/Users/Amanda/Desktop/Uppsats Statistik VT21/GG-Data-to-

Amanda-Elelta.xlsx") 

View(ethiopia16) 

###########################################################################

####### 

# Creating subsets for each region 

Tigray <- subset(ethiopia16, Region == 1) 

Afar <- subset(ethiopia16, Region == 2) 

Amhara <- subset(ethiopia16, Region == 3) 

Oromia <- subset(ethiopia16, Region == 4) 

Somali <- subset(ethiopia16, Region == 5) 

Benishangul <- subset(ethiopia16, Region == 6) 

SNNPR <- subset(ethiopia16, Region == 7) 

Gambela <- subset(ethiopia16, Region == 8) 

Harari <- subset(ethiopia16, Region == 9) 

Addis_Ababa <- subset(ethiopia16, Region == 10) 

Dire_Dawa <- subset(ethiopia16, Region == 11) 

########################################################################### 

##    1. Kaplan-Meier estimated survival curves by region    ## 

########################################################################### 

library(survival) 

 

RegionTigray <- which(ethiopia16$Region==1) 

regionT <- ethiopia16[RegionTigray,] 

km.regionT <-survfit(Surv(Exposure, Status)~1, data=regionT) 

 

RegionAfar <- which(ethiopia16$Region==2) 

regionAf <- ethiopia16[RegionAfar,] 

km.regionAf <-survfit(Surv(Exposure, Status)~1, data=regionAf) 

 

RegionAmhara <- which(ethiopia16$Region==3) 

regionAm <- ethiopia16[RegionAmhara,] 

km.regionAm <-survfit(Surv(Exposure, Status)~1, data=regionAm) 

 

RegionOromia <- which(ethiopia16$Region==4) 

regionO <- ethiopia16[RegionOromia,] 
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km.regionO <-survfit(Surv(Exposure, Status)~1, data=regionO) 

 

RegionSomali <- which(ethiopia16$Region==5) 

regionS <- ethiopia16[RegionSomali,] 

km.regionS <-survfit(Surv(Exposure, Status)~1, data=regionS) 

 

RegionBenishangul <- which(ethiopia16$Region==6) 

regionB <- ethiopia16[RegionBenishangul,] 

km.regionB <-survfit(Surv(Exposure, Status)~1, data=regionB) 

 

RegionSNNPR <- which(ethiopia16$Region==7) 

regionSN <- ethiopia16[RegionSNNPR,] 

km.regionSN <-survfit(Surv(Exposure, Status)~1, data=regionSN) 

 

RegionGambela <- which(ethiopia16$Region==8) 

regionG <- ethiopia16[RegionGambela,] 

km.regionG <-survfit(Surv(Exposure, Status)~1, data=regionG) 

 

RegionHarari <- which(ethiopia16$Region==9) 

regionH <- ethiopia16[RegionHarari,] 

km.regionH <-survfit(Surv(Exposure, Status)~1, data=regionH) 

 

RegionAddis <- which(ethiopia16$Region==10) 

regionAA <- ethiopia16[RegionAddis,] 

km.regionAA <-survfit(Surv(Exposure, Status)~1, data=regionAA) 

 

RegionDire <- which(ethiopia16$Region==11) 

regionDD <- ethiopia16[RegionDire,] 

km.regionDD <-survfit(Surv(Exposure, Status)~1, data=regionDD) 

 

plot(km.regionDD, main="Figure 1: Survival functions by region: KM estimation", col = 

"green", 

     cex.axis=0.7, xlab = "Exposure in months", ylab = "Survival functions", conf.int = "none") 

lines(km.regionAA, col = "orange", conf.int = "none") 

lines(km.regionH, col = "darkblue", conf.int = "none") 

lines(km.regionG, col = "yellow", conf.int = "none") 

lines(km.regionSN, col = "red", conf.int = "none") 

lines(km.regionB, col = "blue", conf.int = "none") 

lines(km.regionS, col = "black", conf.int = "none") 

lines(km.regionO, col = "purple", conf.int = "none") 

lines(km.regionAm, col= "pink", conf.int = "none") 

lines(km.regionAf, col="violet", conf.int = "none") 

lines(km.regionT, col = "brown", conf.int = "none") 
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legend("topright",  c("Dire Dawa", "Addis Ababa", "Harari", "Gambela", 

"SNNPR","Benishangul", "Somali", "Oromia", "Amhara", "Afar", "Tigray"),  

       lty = c(1:1), cex=0.7, col = c("green", "orange", "darkblue", "yellow", "red", "blue", 

"black", "purple", "pink", "violet", "brown")) 

 

########################################################################### 

##   2. COX proportional models for the whole country and  for each region        ## 

########################################################################### 

coxall <- coxph(Surv(Exposure, Status) ~  as.factor(Region) + as.factor(Residence) + 

as.factor(Cohort) + as.factor(Education), method="breslow", data = ethiopia16)  

summary(coxall) 

 

coxTigray <- coxph(Surv(Exposure, Status) ~ as.factor(Residence) + as.factor(Cohort) + 

as.factor(Education), method="breslow", data = Tigray)  

summary(coxTigray) 

 

coxAfar <- coxph(Surv(Exposure, Status) ~ as.factor(Residence) + as.factor(Cohort) + 

as.factor(Education), method="breslow", data = Afar)  

summary(coxAfar) 

 

coxAmhara <- coxph(Surv(Exposure, Status) ~ as.factor(Residence) + as.factor(Cohort) + 

as.factor(Education), method="breslow", data = Amhara)  

summary(coxAmhara) 

 

coxOromia <- coxph(Surv(Exposure, Status) ~ as.factor(Residence) + as.factor(Cohort) + 

as.factor(Education), method="breslow", data = Oromia)  

summary(coxOromia) 

 

coxSomali <- coxph(Surv(Exposure, Status) ~ as.factor(Residence) + as.factor(Cohort) + 

as.factor(Education), method="breslow", data = Somali)  

summary(coxSomali) 

 

coxBenishangul <- coxph(Surv(Exposure, Status) ~ as.factor(Residence) + as.factor(Cohort) 

+ as.factor(Education), method="breslow", data = Benishangul)  

summary(coxBenishangul) 

 

coxSNNPR <- coxph(Surv(Exposure, Status) ~ as.factor(Residence) + as.factor(Cohort) + 

as.factor(Education) , method="breslow", data = SNNPR)  

summary(coxSNNPR) 

 

coxGambela <- coxph(Surv(Exposure, Status) ~ as.factor(Residence) + as.factor(Cohort) + 

as.factor(Education) , method="breslow", data = Gambela)  

summary(coxGambela) 
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coxHarari <- coxph(Surv(Exposure, Status) ~ as.factor(Residence) + as.factor(Cohort) + 

as.factor(Education), method="breslow", data = Harari)  

summary(coxHarari) 

 

coxAddis_Ababa <- coxph(Surv(Exposure, Status) ~ as.factor(Cohort) + 

as.factor(Education), method="breslow", data = Addis_Ababa)  

summary(coxAddis_Ababa) 

 

coxDire_Dawa <- coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ as.factor(Cohort) + 

as.factor(Education), method="breslow", data = Dire_Dawa)  

summary(coxDire_Dawa) 

########################################################################### 

##    3. Testing the proportional hazards assumptions                ## 

########################################################################### 

cox.zph(coxall) 

cox.zph(coxTigray) 

cox.zph(coxAfar) 

cox.zph(coxAmhara) 

cox.zph(coxOromia) 

cox.zph(coxSomali) 

cox.zph(coxBenishangul) 

cox.zph(coxSNNPR) 

cox.zph(coxGambela) 

cox.zph(coxHarari) 

cox.zph(coxAddis_Ababa) 

cox.zph(coxDire_Dawa) 

########################################################################### 

##    4. Frailty models for the whole country and  for each region              ## 

########################################################################### 

#Gamma- and log-normal frailty distributed models 

#Ethiopia 

GammaAll <- coxph(Surv(Exposure, Status) ~ as.factor(Region) + as.factor(Residence) + 

as.factor(Cohort) + as.factor(Education) + frailty(HouseHold,distribution="gamma"), 

method="breslow", data = ethiopia16)  

summary(GammaAll) 

 

lognormalAll <- coxph(Surv(Exposure, Status) ~ as.factor(Region) + as.factor(Residence) + 

as.factor(Cohort) + as.factor(Education) + frailty(HouseHold,distribution="gaussian"), 

method="breslow", data = ethiopia16)  

summary(lognormalAll) 

 

#Tigray 

GammaTigray <- coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ as.factor(Cohort) + 

as.factor(Education) + frailty(HouseHold,distribution="gamma"), data=Tigray) 
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summary(GammaTigray) 

 

lognormTigray <- coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ as.factor(Cohort) + 

as.factor(Education) + frailty(HouseHold,distribution="gaussian"), data=Tigray) 

summary(lognormTigray) 

 

#Afar 

GammaAfar <- coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ as.factor(Cohort) + 

as.factor(Education) + frailty(HouseHold,distribution="gamma"), data=Afar) 

summary(GammaAfar) 

 

lognormAfar <- coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ as.factor(Cohort) + 

as.factor(Education) + frailty(HouseHold,distribution="gaussian"), data=Afar) 

summary(lognormAfar) 

 

#Amhara 

GammaAmhara <- coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ as.factor(Cohort) + 

as.factor(Education) + frailty(HouseHold,distribution="gamma"), data=Amhara) 

summary(GammaAmhara) 

 

 

lognormAmhara <- coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ as.factor(Cohort) 

+ as.factor(Education) + frailty(HouseHold,distribution="gaussian"), data=Amhara) 

summary(lognormAmhara) 

 

 

#Oromia 

GammaOromia <-coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ as.factor(Cohort) + 

as.factor(Education) + frailty(HouseHold,distribution="gamma"), data=Oromia) 

summary(GammaOromia) 

 

lognormOromia <- coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ as.factor(Cohort) + 

as.factor(Education) + frailty(HouseHold,distribution="gaussian"), data=Oromia) 

summary(lognormOromia) 

 

#Somali 

GammaSomali <-coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ as.factor(Cohort) + 

as.factor(Education) + frailty(HouseHold,distribution="gamma"), data=Somali) 

summary(GammaSomali) 

 

lognormSomali <- coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ as.factor(Cohort) + 

as.factor(Education) + frailty(HouseHold,distribution="gaussian"), data=Somali) 

summary(lognormSomali) 
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#Benishangul 

GammaBenishangul <- coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ 

as.factor(Cohort) + as.factor(Education) + frailty(HouseHold,distribution="gamma"), 

data=Benishangul) 

summary(GammaBenishangul) 

 

lognormBenishangul <- coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ 

as.factor(Cohort) + as.factor(Education) + frailty(HouseHold,distribution="gaussian"), 

data=Benishangul) 

summary(lognormBenishangul) 

 

#SNNPR 

GammaSNNPR <-coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ as.factor(Cohort) + 

as.factor(Education) + frailty(HouseHold,distribution="gamma"), data=SNNPR) 

summary(GammaSNNPR) 

 

lognormSNNPR <- coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ as.factor(Cohort) 

+ as.factor(Education) + frailty(HouseHold,distribution="gaussian"), data=SNNPR) 

summary(lognormSNNPR) 

 

#Gambela 

GammaGambela <- coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ as.factor(Cohort) 

+ as.factor(Education) + frailty(HouseHold,distribution="gamma"), data=Gambela) 

summary(GammaGambela) 

 

lognormGambela <- coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ as.factor(Cohort) 

+ as.factor(Education) + frailty(HouseHold,distribution="gaussian"), data=Gambela) 

summary(lognormGambela) 

 

#Harari 

GammaHarari <- coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ as.factor(Cohort) + 

as.factor(Education) + frailty(HouseHold,distribution="gamma"), data=Harari) 

summary(GammaHarari) 

 

lognormHarari <- coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ as.factor(Cohort) + 

as.factor(Education) + frailty(HouseHold,distribution="gaussian"), data=Harari) 

summary(lognormHarari) 

 

#Addis Ababa 

GammaAddis_Ababa <- coxph(Surv(Exposure, Status) ~ as.factor(Cohort) + 

as.factor(Education) + frailty(HouseHold,distribution="gamma"), data=Addis_Ababa) 

summary(GammaAddis_Ababa) 
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lognormAddis_Ababa <- coxph(Surv(Exposure, Status) ~ as.factor(Cohort) + 

as.factor(Education) + frailty(HouseHold,distribution="gaussian"), data=Addis_Ababa) 

summary(lognormAddis_Ababa) 

 

#Dire Dawa 

GammaDire_Dawa <- coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ 

as.factor(Cohort) + as.factor(Education) + frailty(HouseHold,distribution="gamma"), 

data=Dire_Dawa) 

summary(GammaDire_Dawa) 

 

lognormDire_Dawa <- coxph(Surv(Exposure, Status) ~ as.factor(Residence)+ 

as.factor(Cohort) + as.factor(Education) + frailty(HouseHold,distribution="gaussian"), 

data=Dire_Dawa) 

summary(lognormDire_Dawa) 

########################################################################### 

##     5. The different frequencies                      ## 

########################################################################### 

# Ethiopia 

table(ethiopia16$Residence) 

table(ethiopia16$Cohort) 

table(ethiopia16$Education) 

table(ethiopia16$Residence,ethiopia16$Status) 

table(ethiopia16$Cohort,ethiopia16$Status) 

table(ethiopia16$Education,ethiopia16$Status) 

 

#Tigray 

table(Tigray$Residence) 

table(Tigray$Cohort) 

table(Tigray$Education) 

table(Tigray$Residence,Tigray$Status) 

table(Tigray$Cohort,Tigray$Status) 

table(Tigray$Education,Tigray$Status) 

 

#Afar 

table(Afar$Residence) 

table(Afar$Cohort) 

table(Afar$Education) 

table(Afar$Residence,Afar$Status) 

table(Afar$Cohort,Afar$Status) 

table(Afar$Education,Afar$Status) 

 

#Amhara 

table(Amhara$Residence) 

table(Amhara$Cohort) 
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table(Amhara$Education) 

table(Amhara$Residence,Amhara$Status) 

table(Amhara$Cohort,Amhara$Status) 

table(Amhara$Education,Amhara$Status) 

 

#Oromia 

table(Oromia$Residence) 

table(Oromia$Cohort) 

table(Oromia$Education) 

table(Oromia$Residence,Oromia$Status) 

table(Oromia$Cohort,Oromia$Status) 

table(Oromia$Education,Oromia$Status) 

 

#Somali 

table(Somali$Residence) 

table(Somali$Cohort) 

table(Somali$Education) 

table(Somali$Residence,Somali$Status) 

table(Somali$Cohort,Somali$Status) 

table(Somali$Education,Somali$Status) 

 

#Benishangul 

table(Benishangul$Residence) 

table(Benishangul$Cohort) 

table(Benishangul$Education) 

table(Benishangul$Residence,Benishangul$Status) 

table(Benishangul$Cohort,Benishangul$Status) 

table(Benishangul$Education,Benishangul$Status) 

 

#SNNPR 

table(SNNPR$Residence) 

table(SNNPR$Cohort) 

table(SNNPR$Education) 

table(SNNPR$Residence,SNNPR$Status) 

table(SNNPR$Cohort,SNNPR$Status) 

table(SNNPR$Education,SNNPR$Status) 

 

#Gambela 

table(Gambela$Residence) 

table(Gambela$Cohort) 

table(Gambela$Education) 

table(Gambela$Residence,Gambela$Status) 

table(Gambela$Cohort,Gambela$Status) 

table(Gambela$Education,Gambela$Status) 
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#Harari  

table(Harari$Residence) 

table(Harari$Cohort) 

table(Harari$Education) 

table(Harari$Residence,Harari$Status) 

table(Harari$Cohort,Harari$Status) 

table(Harari$Education,Harari$Status) 

 

#Addis Ababa 

table(Addis_Ababa$Residence) 

table(Addis_Ababa$Cohort) 

table(Addis_Ababa$Education) 

table(Addis_Ababa$Residence,Addis_Ababa$Status) 

table(Addis_Ababa$Cohort,Addis_Ababa$Status) 

table(Addis_Ababa$Education,Addis_Ababa$Status) 

 

#Dire Dawa 

table(Dire_Dawa$Residence) 

table(Dire_Dawa$Cohort) 

table(Dire_Dawa$Education) 

table(Dire_Dawa$Residence,Dire_Dawa$Status) 

table(Dire_Dawa$Cohort,Dire_Dawa$Status) 

table(Dire_Dawa$Education,Dire_Dawa$Status) 

 

 

length(unique(ethiopia16$HouseHold)) #487 

length(unique(Tigray$HouseHold)) #452 

length(unique(Afar$HouseHold)) #410 

length(unique(Amhara$HouseHold)) #452 

length(unique(Oromia$HouseHold)) #466 

length(unique(Somali$HouseHold)) #451 

length(unique(Benishangul$HouseHold)) #415 

length(unique(SNNPR$HouseHold)) #459 

length(unique(Gambela$HouseHold)) #390 

length(unique(Harari$HouseHold)) #383 

length(unique(Addis_Ababa$HouseHold)) #442 

length(unique(Dire_Dawa$HouseHold)) #402 

########################################################################### 


