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Abstract

Driven by the forces of digital transformation, both Artificial Intelligence (AI) and
Customer Relationship Management (CRM) have become essential components in
today’s business environment. The integration of Al into CRM promises considerable
opportunities but also introduces significant challenges for organizations. As a
result, this thesis seeks to answer the following research question: “How can Al be
successfully integrated into CRM across strategic, operational, and analytical CRM?”
The research question is based on the explicated problem that states that “there
exists no comprehensive overview of actual implications of Al integration into CRM
while also providing practical guidelines for successful adoption.” To answer this
research question and address the explicated problem, a Design Science Research
(DSR) approach was chosen, complemented by a Systematic Literature Review (SLR).
The SLR included 19 articles published between 2021 and 2025, and applied an
abductive thematic analysis. The analysis identified key opportunities and challenges
in each of the three CRM types (that is, strategic, operational, and analytical CRM)
and forms the basis for the development of a set of guidelines for CRM-experts. The
results show that Al can enhance CRM functionalities through opportunities such
as improved customer personalization, real-time analytics, and lead management,
creating an overall competitive advantage. At the same time, challenges such as
Al ethics, data quality issues, and employee resistance are evident and must be
addressed. Based on these findings, a set of 14 guidelines is presented as the artifact of
this study. Structured according to the three CRM types, it offers practical guidelines
to support CRM-experts with Al integration in CRM. The artifact was evaluated
through interviews with CRM-experts, which underscored its relevance while also
offering suggestions for improvement. The discussion highlights how the guidelines
address practical barriers and offer a concrete roadmap for organizations seeking to
implement Al into CRM.

Keywords: Artificial Intelligence, Customer Relationship Management, AI-CRM

Integration, Design Science Research, Systematic Literature Review, Abductive Thematic
Analysis, Opportunities and Challenges, Implementation Guidelines
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Synopsis

Background

Customer Relationship Management (CRM) has evolved from a technological
solution into a central strategic element in today’s business landscape. It allows
organizations to build stronger customer relationships and gain a competitive
edge. With the rise of Artificial Intelligence (AI), new possibilities have emerged
to further enhance CRM by automating tasks, improving customer insights, and
offering personalized interactions. As Al technologies mature, their integration
into CRM appears not only logical but necessary. However, this integration does
not come without complexity, particularly in aligning Al capabilities with the
strategic, operational, and analytical dimensions of CRM.

Problem

While literature outlines many potential benefits of Al integration into CRM,
translating these opportunities into practice remains challenging. Moreover,
existing research often focuses either on specific industries or is limited in
scope or time range, making it difficult to gain a comprehensive and up-to-date
overview. There is also a lack of focus on the actual implications of Al integration.
Hence, the explicated problem in this study is that there exists no comprehensive
overview of actual implications of Al integration into CRM while also providing
practical guidelines for successful adoption.

Research
Question

To address this gap, this thesis poses the following main research question:

“How can Al be successfully integrated into CRM across strategic, operational,
and analytical CRM?”

This overarching question is supported by three sub-questions that further
structure the research scope:

a) What are opportunities in the adoption of Al in strategic, operational, and
analytical CRM?

b) What are challenges in the adoption of Al in strategic, operational, and
analytical CRM?

c) What are practical guidelines for CRM-experts that support Al integration in
CRM?

Method

This study followed a Design Science Research (DSR) approach, combining
academic rigor with practical relevance. As the central research strategy within
the DSR approach, a Systematic Literature Review (SLR) was conducted, focusing
on articles published between 2021 and 2025. The SLR was executed using the
PRISMA methodology to ensure transparency and reliability in the identification,
screening, and selection of relevant literature. An abductive thematic analysis
was then applied to categorize the findings according to the three CRM types:
strategic, operational, and analytical. The insights gained from this analysis
formed the foundation for developing the study’s artifact: a set of practical
guidelines for Al integration in CRM. The guidelines were designed to support
CRM-experts in understanding the key tasks necessary for implementation.
Finally, the artifact was evaluated by conducting three expert interviews.
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Results

The results chapter presents the findings from the SLR and abductive thematic
analysis, categorizing insights across strategic, operational, and analytical
CRM. Within these three types, a range of opportunities and challenges were
identified, including competitive advantage and improved personalization on the
opportunity side, and data quality and ethical concerns on the challenge side.
These insights formed the basis for a set of 14 structured, practical guidelines
tailored to CRM-experts, aiming to support Al integration in CRM. The chapter
concludes with an evaluation of these guidelines through expert interviews,
validating their practical relevance.

Discussion

The discussion chapter revisits the central research question and the evaluation
of the developed guidelines. A particular emphasis is placed on the critical issue
of data quality, which emerged as a recurring challenge in analytical CRM and
is identified as a foundational guideline. Drawing on the artifact evaluation, the
chapter reflects on the practical utility of the guidelines and their relevance across
industries. Overall, the chapter situates the findings within existing literature and
reinforces the value of the design science approach in linking academic insight
with real-world application.
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Abbreviation Description

Al Artificial Intelligence
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DL Deep Learning

DSR Design Science Research
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1 Introduction

This Chapter provides the necessary information in connection with artificial
intelligence and customer relationship management. Section [1.1] includes a brief
research background, while Section [1.2| highlights the research problem. The chapter
proceeds with posing the research question in Section Finally, Section |1.4|briefly
discusses delimitations.

1.1 Background

Customer Relationship Management (CRM) has a long history, with a significant rise
in interest and a growing adoption in the mid-1990s (Payne and Frow, 2005). The
rapid evolution of market conditions across industries created the pressing need for
organizations to adopt a more customer-centric approach. Using CRM, organizations
can create a competitive advantage by fostering stronger customer interactions and
gaining a better understanding of the customers unique needs (Chen and Popovich,
2003). Today, driven by digital transformation, CRM is more than just a technology. It
became a key strategic element, playing a vital role in the current economic landscape
(Kumar and Reinartz, 2018).

Artificial intelligence also plays a vital role and has brought about great change
in recent years (Ngai et al., 2021). Al can be found anywhere in our daily
activities. Companies such as Netflix and Amazon use Al to provide personalized
recommendations to their customers (Antonio, |2018), while individuals rely on tools
like ChatGPT to assist them with everyday tasks, such as studying or working-related
activities. The effect of Al on society is extensive (Ngai et al., 2021; Antonio, 2018). From
2024 to 2030, Statista is expecting the Al market to increase by 642.7 billion US dollars.
This is an increase of 449 percent over the course of six years (Statista, |2024).

It becomes evident that both CRM and Al are essential in our ever-evolving digital
society. Against this background, the question is raised as to what effect Al has
when integrated into CRM. Kumar et al. (2021) identify several key areas where Al
can improve the functionalities of CRM. With Al, day-to-day tasks can be automated,
forecasting activities can be streamlined, and responses to specific customer needs can
be personalized more effectively. These are just a few potential opportunities that Al
offers to enhance CRM. For Ledro et al. (2023), it is also evident that the integration of
Al into CRM is the next necessary step in the improvement of CRM.



1.2 Research Problem

Current research provides insights into the potential advantages of Al integration
in CRM (Kumar et al., 2021} Ledro et al., 2023). With the fast rise of Al and its
functionalities comes the problem that these opportunities may seem promising at
first. However, in practice, it is not as simple to make use of Al successfully. There is also
a need to prepare the organization for the integration of Al technologies (Chatterjee
et al.,2019; Kumar et al., 2021; Ledro et al., 2023; Libai et al., 2020).

It is evident that there is a need to understand the actual implications of Al
integration into CRM. This means not only discussing its potential benefits, but also
understanding the inherent challenges (Ledro et al., 2023). Although there is extensive
literature on Al integration in CRM, often focused on industries such as manufacturing
and healthcare (Zdravkovic et al., [2022; Kumar et al., 2023), it remains difficult to gain
a comprehensive overview of the broader landscape of Al integration into CRM across
CRM types and technologies.

The study of Saura et al. (2021) takes a first step toward addressing this gap by
conducting a review of the literature on Al-based CRM in digital marketing. In doing
so, the paper classifies CRM into three types: operational, analytical, and collaborative
CRM. Based on this classification, Saura et al. (2021) analyzed Al applications in
marketing using a multiple correspondence analysis. They did, however, not discuss
challenges and opportunities beyond the marketing focus.

Ledro et al. (2022) solve this problem by presenting a review of the literature on
Al and CRM in a wider context. In doing so, 212 peer-reviewed articles published
between 1989 and 2020 were examined using the Scopus database. The findings of
Ledro et al. (2022) include a bibliometric analysis that provides information on the
three main subfields of Al and CRM. The main subfields include (1) Big Data and CRM
as a database, (2) Al and ML techniques applied to CRM activities, and (3) Strategic
management of AI-CRM integrations. In addition, the paper elaborates on possible
future developments for the identified subfields. However, their study is limited to
literature up to 2020, leaving a gap to analyze the latest opportunities and challenges
after 2020.

Ozay et al. (2024) took a similar route as Ledro et al. (2022) and looked at the
trends in the literature on Al and CRM over the course of 1999 until 2023. Their result
classified AI-CRM research into four main groups: (1) Data-driven CRM strategies,
(2) Application of Al techniques to CRM activities, (3) Strategic implementation
of Al into CRM, and (4) CX through Al-based CRM. However, their study mainly
developed a bibliometric analysis without a deeper discussion of practical guidelines
for CRM-experts.

Against this background and given the rapid evolution of Al and CRM, the
explicated problem in this study is that there exists no comprehensive overview of actual
implications of Al integration into CRM while also providing practical guidelines for
successful adoption. This thesis thus aims to close the research gap after 2020 using
three main CRM types, based on the findings of Kumar and Reinartz (2018) and Iriana



and Buttle (2007): strategic, operational, and analytical CRM. This established CRM
classification is used to analyze and structure opportunities and challenges in the field
of Al and CRM. The insights collected then serve as a foundation for the development
of a set of guidelines that outline relevant tasks for the integration of Al into CRM.

1.3 Research Question

This thesis seeks to understand the implementation of Al in CRM, asking the following
research question:
“How can Al be successfully integrated into CRM across strategic, operational, and
analytical CRM?”

Aligned with this main research question are three subordinate research questions
that are designed to differentiate more effectively from previous research and provide
arefined scope for the thesis:

a) “What are opportunities in the adoption of Al in strategic, operational, and
analytical CRM?”

b) “What are challenges in the adoption of Al in strategic, operational, and analytical
CRM?”

¢) “What are practical guidelines for CRM-experts that support Al integration in
CRM?”

In this thesis, CRM-experts is used as an umbrella term that incorporates both
CRM-vendors that develop, sell, and implement CRM software and CRM-consultants
who assist in the selection and integration of CRM systems. Both CRM-vendors
and CRM-consultants are relevant constituencies in the realm of CRM (Buttle, [2012),
but are combined for simplicity. Furthermore, Al integration in CRM is understood
as the socio-technical process of enhancing CRM systems and practices with Al
functionalities. It includes both the technological incorporation of Al and the
organizational context required for successful adoption.

1.4 Delimitations

This study focuses on academic literature published after 2020 to ensure a recent
perspective on Al integration in CRM. The scope is limited to opportunities, challenges,
and guidelines specifically in the CRM and AI context. Rather than focusing on
individual industries or specific AI-CRM functionalities, the aim is to provide a
broad overview of Al integration in CRM and its strategic, operational, and analytical
implications. Furthermore, this thesis seeks to establish a connection between
business and IT perspectives related to Al and CRM. As a result, an examination
of underlying algorithms, infrastructures, or implementation details is intentionally



excluded. The focus also lies on the point of view of CRM-experts, although the
generated guidelines can be useful for CRM-users and CRM-focused researchers too.



2 Extended Background

This Chapter introduces an extended theoretical background to provide a better
understanding of the subject. This includes a Section designated to establish a
common understanding of CRM and the underlying concepts of strategic, operational,
and analytical CRM (Section. Afterward, Sectionpresents a brief overview of A,
focusing on CRM-relevant characteristics of Al. The Chapter concludes with Section
providing a first outline of some key functionalities that Al integration brings to CRM.

2.1 Customer Relationship Management

The term CRM has been around for a long time (Payne and Frow, [2005). Over the
course of time, since the first rise in the mid-1990s, scholars have made attempts
to shape a comprehensive definition of CRM. It became clear that due to its diverse
nature, CRM is hard to define as there are different views to be taken (Iriana and
Buttle, 2007). The first attempt to provide an overall framework and to combine
different perspectives on CRM was made by Payne and Frow (2005). Their study
presents a strategic framework for customer relationship management, incorporating
five key processes: Strategy Development, Value Creation, Multichannel Integration,
Information Management, and Performance Assessment. In an attempt to combine
these findings with an earlier definition approach of the META Group, Iriana and Buttle
(2007) created their own interpretation of the findings of Payne and Frow (2005) and
mapped four of the five core processes on three main CRM types: Strategic, Analytical
and Operational CRM. The resulting interpretation is visualized in Figure 2.1} which is
adapted from the original illustration of Iriana and Buttle (2007).
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Figure 2.1: Strategic, Operational and Analytical CRM. Own illustration based on Iriana
and Buttle (2007, p.25)

Important to understand before diving deeper into the different CRM types is that
these areas are not to be seen as separate entities. They are deeply interrelated and
should therefore be considered equally important for a properly functioning CRM
(Payne and Frow, 2005; Iriana and Buttle, 2007).

2.1.1 Strategic CRM

Based on Iriana and Buttle (2007), the realm of strategic CRM incorporates the strategy
development process defined by Payne and Frow (2005). The strategy development
process is divided into two main categories: (1) Business Strategy and (2) Customer
Strategy. The (1) business strategy is important because the company’s vision and its
approach to creating a lasting competitive advantage directly influence how it interacts
with customers and thus shapes the CRM. On the (2) customer strategy side, it is
important not only to identify “who are our customers?” but also “what characteristics

do the customers have?” and “how can specific targeting of different groups be
achieved?” (Payne and Frow, 2005). In other words, “what is our core business?”
and “what customers are we targeting?” are vital questions that need to be covered
in the strategy development process of strategic CRM (Iriana and Buttle, 2007). This
connection of business and customer strategy shows that both strategies need to be in
line to achieve a working CRM strategy.

The value creation process, on the other hand, evolves around three main
activities. The (1) value the customer receives means creating a value proposition
that resonates with the customer and understanding how to capture value from




interactions with the customer at the same time. The (2) value the organization

receives refers to the benefit that the organization secures from offering an attractive
value proposition to its customers. It is the return on investment the organization
receives from the value it creates through its customers (Iriana and Buttle, 2007). This
is achieved through co-creation activities, targeted acquisition, and retention efforts.
A key aspect of this activity is to understand how each customer differs and how they
can be efficiently segmented to optimize customer value creation. These efforts can,
for example, be realized through cross-selling activities. In addition, a key part of this
process is the determination of (3) customer lifetime value (CLV) (Payne and Frow,
2005). This metric determines the value of a customer to the business over a specific
time period (Iriana and Buttle, |2007).

In summary, the definition of strategic CRM shows that CRM is much more than
just a technology. It provides a guideline for achieving a competitive advantage while
being customer-centric. Considering strategic CRM is essential as it lays the foundation
for organizations to effectively capitalize on the opportunities Al brings to CRM.

2.1.2 Operational CRM

When it comes to operational CRM, Iriana and Buttle (2007) use the multi-channel
integration process defined by Payne and Frow (2005) as their main understanding.
The task of operational CRM is to ensure that the organization’s goals, which were
previously defined by strategic CRM, are captured. In other words, operational CRM
makes sense of the output of strategy development and value creation activities. An
essential part of this is ensuring that all possible channels are covered by the CRM.
Examples of channels can be the sales force itself, telephone conversations, direct-/
indirect marketing, and e-commerce (Payne and Frow, 2005). Furthermore, operational
CRM provides the automation of different processes. These can be marketing activities
such as market segmentation or sales force activities such as lead management (Buttle,
2012).

While Kumar and Reinartz (2018) agree with the previous observations, they
extend the scope of operational CRM by including integration considerations. This
means understanding the relationships and information flows between different
CRM functions and external applications, making sure that these interactions are
supported. Such considerations include, among others, data collection and data
management. Furthermore, data privacy & security implications are an important part
of operational CRM. This includes being aware of regulations such as GDPR or issues
like customer trust and company integrity (Kumar and Reinartz, 2018).

In summary, considering operational CRM helps to understand and improve business
processes, making it easier to identify possibilities where Al functionalities can support
CRM activities.



2.1.3 Analytical CRM

According to Iriana and Buttle (2007), analytical CRM incorporates the information
management process defined by Payne and Frow (2005). This process includes several
key areas that need to be considered: (1) Data repository, (2) analytical tools, (3) IT
systems, and (4) front-/ back office applications. Information management in CRM
includes the collection and usage of customer data. The ultimate goal is to make use
of the stored information, providing valuable customer analysis and insights.

The (1) datarepository builds the baseline for all other functions to follow
(Payne and Frow, 2005). By storing available information in one central repository,

it is possible to get an overview of historical customer data. A crucial task in
this context is to ensure that all information is stored in a standardized format
(Kumar and Reinartz, 2018) so that (2) data analytics can actually build on this
“corporate memory of customers” (Payne and Frow, 2006, p.147). Using statistical
methods, a more refined understanding of customer satisfaction & loyalty can be
established. Furthermore, customer segmentation can be facilitated more easily.
Another application of analytical CRM is the ability to predict the future, based on
previous and current customer behavior patterns (Kumar and Reinartz, 2018). Looking
at (3) IT systems as part of analytical CRM, Payne and Frow (2005) highlight that
computer hardware, software, and middleware must be successfully integrated to
facilitate a functioning CRM. This also supports the scalability of the system in the
future. Finally, (4) front-/back office applications have been mentioned as part of
analytical CRM. The primary task of these applications is to facilitate all processes
connected to the CRM. This includes the support of sales force and call center activities
(Payne and Frow, 2005).

In summary, analytical CRM is valuable as it provides the data, infrastructure,
and tools necessary to generate actionable insights and enables Al implementation to
further improve analytical capabilities.

2.2 Artificial Intelligence

The first relevant steps in Artificial Intelligence were made in the 1950s to 1960s,
where the Dartmouth Conference in 1956 formed the groundwork for Al as an
academic discipline. Real progress was made in the 1990s, through advances made
in statistical methods, neural networks, machine learning, and overall computational
power (Nilsson, |2009). Since this progress, Al has become an integral part of our
daily lives (Antonio, 2018). In simple terms, Al encompasses the ability of computer
programs or machines to imitate human behavior and solve tasks using human-like
intelligence. Although there is extensive research on the conceptualization of Al, this
thesis exclusively addresses subjects of Al that are directly relevant in the CRM context
(Kaplan, 2016; Russell and Norvig, |2021).



An important subfield of Al is machine learning. Machine learning (ML) refers to
algorithms that are trained on different models and data. The algorithm learns from
different patterns, enabling predictions and decisions based on available data. A
specialized form of machine learning is deep learning. Deep learning (DL) uses
multi-layered neural networks to learn from a variety of complex patterns from
extensive, often unstructured datasets. Applications include image & voice recognition,
as well as knowledge extraction from text. Another relevant concept in the Al area
is natural language processing. Natural language processing (NLP) leverages the
capabilities of DL, making it possible to analyze, understand, and generate human
speech and text. The applications of NLP are chatbots and speech recognition (Russell
and Norvig, 2021; Davenport,|[2018).

In summary, Al is a fast-evolving discipline with a wide variety of applications
and use cases. Several subfields of Al are essential for CRM: ML, DL, and NLP. These
technologies enable several key CRM functionalities, which will be discussed in the
following Section[2.3]

2.3 Al Integration in CRM

Al is changing businesses in all kinds of ways. A considerably affected part of
the business is the sales department and, in its extension, CRM. The integration
of Al in CRM is used to achieve business growth by supporting the sales team in
various ways (Antonio, [2018). A significant part of leveraging Al in general, but
also in the sales context, is the ability to handle and analyze large amounts of
data through data analytics. Data analytics, in turn, is dependent on a sustainable
data-driven culture throughout the organization (Antonio and Glenn-Anderson, 2018;
Libai et al., 2020). Becoming data-driven means acknowledging the necessity of
data and appreciating the usefulness of the results generated by Al (and/or other
data-driven methods). Acknowledging the need to become data-driven also means
recognizing the importance of having the financial support and commitment of top
management. The support of the leadership is crucial for the successful realization of
these advancements (Antonio and Glenn-Anderson, 2018).

An important aspect of Al is predictive modeling. 1t is the ability to predict
certain events and activities primarily facilitated by ML. Some of these activities
are encountered regularly in our daily lives, such as weather forecasts or navigation
predictions (Agrawal et al., 2018; Davenport, 2018). However, other applications
can be found in the sales setting (Antonio and Glenn-Anderson, 2018; Davenport,
2018; Agrawal et al., 2018). This includes providing an indication as to who is likely
to buy, what the expected profit of the company will be, or who might choose to
switch to a competitor. Predictive modeling can also lay the groundwork for follow-up
activities such as offering appropriate discounts or sending product recommendations
to the customer. The latter falls under the concept of up-/cross-selling, which is
also promoted by ML. This means identifying who might be willing to buy a more



expensive product (up-selling) or who might be interested in a different product
offering (cross-selling) (Antonio and Glenn-Anderson, |2018; Rodrigues Chagas et al.,
2018).

Connected to predictive modeling is the ability to analyze customer sentiments. In
sales, it is important not only what someone says, but also the way it is articulated.
Sentiment analysis quantifies the moods that a customer expresses by counting the
number of words with a positive, negative, or neutral connotation collected during a
customer interaction. These sentiments can be identified in texts, such as emails or
on social media. But sentiments can also be analyzed based on a voice conversation,
such as a phone call with the customer. As a result, it becomes possible to serve the
customer more effectively, based on the identified feelings the person is experiencing
(Antonio and Glenn-Anderson, |[2018; Davenport, 2018).

Lead management is another CRM functionality that can profit from Al algorithms.
A sales lead can be a single individual or a whole organization that is a suitable match
for the products and services of the company. With leads, it is important not only
to identify but also to qualify them. Qualification in this context means classifying
the likelihood that a lead will become an actual customer. Variables that affect this
likelihood include the need, interest, and fit of the product corresponding to the
specific customer (Toy, 2025). Making a decision about who to contact and how to
classify leads is time-consuming and stressful for salespeople, especially if the pipeline
of leads is extensive. With Al, the process of identifying and contacting leads can be
optimized. (Antonio, 2018; Ozay et al., 2024; Ledro et al., 2023).

Another important topic in the realm of Al and CRM is the chatbot. Chatbots
are also known as digital assistants or conversational agents. Using NLP, they can
understand user input, respond in a human-like manner, and hold a productive
conversation (Dale, 2016; Brandtzaeg and Folstad, 2017; Sofiyah et al., 2024). Chatbots
are able to automate customer service processes and enhance customer experience by
offering faster response times and real-time interaction (Davenport, |2018; Kouroupis
et al., 2021; Sofiyah et al., |2024). In addition to customer service, chatbots can
also support the sales process of a salesperson by assisting with customer-specific
decisions and providing recommendations on how to interact with a certain customer
(Kouroupis et al., 2021} Sofiyah et al., 2024; Hoffmann et al.,[2024).

In summary, Al integration in CRM brings several capabilities to improve sales
activities and generate a competitive advantage. This Section highlighted key activities
where explaining foundational concepts was necessary. A detailed examination of
functionalities with their relevance and occurrence will be discussed in Chapter[4]
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3 Research Methodology

This Chapter introduces the research methodology used in this thesis. First, Section
explains the design science research approach, while Section extends on
the research strategies used, also discussing alternative strategies. The following
Sections show the data collection (Section[3.3) and data analysis (Section[3.4) methods
employed. Afterwards, in Section the application of the DSR is explained.
The Chapter concludes with Section where relevant ethical considerations are
discussed.

3.1 Design Science Research Approach

This Section begins with a general overview of the DSR framework (see Section|(3.1.1),
followed by a detailed explanation of the research strategies employed to support each
step of the DSR process (see Section|3.1.2).

3.1.1 DSR Framework Overview

This thesis followed Design Science Research (DSR approach), using a combination
of two DSR approaches classified by Johannesson and Perjons (2021) and Peffers
et al. (2007) (see Figure[3.1). When conducting research in the information systems
discipline, two concepts stand out: behavioral science and design science. While
behavioral science focuses on understanding human or organizational behavior,
design science aims to create artifacts that solve a practical problem in a real-world
scenario, providing an additional new and innovative solution (Hevner et al., 2004;
Johannesson and Perjons, 2021).

This study combines two Design Science Research (DSR) approaches. Specifically,
for step two of the DSR process, it follows the definition of Peffers et al. (2007),
which involves defining objectives, rather than defining requirements as suggested
by Johannesson and Perjons (2021). This choice was made because defining concrete
requirements for guidelines proved impractical. Instead, setting objectives was more
suitable for the nature of this research. All subsequent steps follow the principles
outlined by Johannesson and Perjons (2021). It is important to understand that these
steps are not to be seen as a strict sequence of one another. They can all receive input
and provide output for different steps in the framework. In addition, it is practice to
return to and repeat previously performed steps. Furthermore, DSR is supported by a
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knowledge base that establishes the foundation for the research project and includes
relevant theoretical insights (Johannesson and Perjons, |[2021). The resulting approach
used is illustrated in the following figure

| Research Strategies and Methods |

Initial Problem Explicate
—

Problem )
Problem Define
Objectives
Obiecti
Design
and
Develop
Artefact Artefact

Demonstrate

Artefact

Demonstrated
Artefact

| Evaluate Artefact
Artefact

| Knowledge Base |

Figure 3.1: Design Science Research Framework. Johannesson and Perjons (2021} p.82)
& Peffers et al. (2007, p.54)

As a first step in the DSR process, a (1) practical problem is explicated. This
step aims to clarify relevant issues within the research domain and establish a
shared understanding of their underlying causes. The problem needs to illustrate
the importance of why handling these causes is relevant in practice. As such, the
explicated problem clarifies what the current state in practice is and what the desired
outcome could be, while being aware of the existing research related to the practice
(Johannesson and Perjons, 2021). The problem explication lays the groundwork for
the second step in DSR, which is to (2) define objectives for the desired artifact. These
objectives are taking the problem definition into account, while also using the existing
knowledge base to ultimately decide what kind of artifact is needed to handle the
problem at hand and its related objectives (Peffers et al., 2007). The third step then
is to (3) design and develop this artifact (Johannesson and Perjons, 2021). The final
steps four and five include the (4) demonstration of the designed artifact as well as its
(5) evaluation, to discuss how well it fulfills the objectives defined in step two (Peffers
et al., [2007), and, thereby, how well it addresses the explicated problem, specified in
step one.

3.1.2 Research Strategies used per DSR step

The artifact produced in this thesis is a set of practical guidelines for Al implementation
in CRM. Steps one and two share a common research strategy: a literature review.
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As step one, a preliminary literature review was conducted to build a shared
understanding of the current state of CRM and Al research, which formed the basis for
identifying the explicated problem. This problem is explicitly stated in the research
problem section (see Section and further contextualized in the background
chapter (see Section . For step two, the same literature base was used to define
the objectives of the artifact. Thus, both steps are closely intertwined and grounded
in the same theoretical foundation. Although artifacts are often developed based on
surveys or case studies through stakeholder involvement (Johannesson and Perjons,
2021), this thesis draws on the SLR as its research strategy for step three, which
employed an abductive thematic analysis, identifying opportunities and challenges.
The results of the thematic analysis lay the foundation for eliciting guidelines and
streamlining the development of the artifact. Doing so provides relevant practical
insights and ensures respect for theoretical foundations. In step four, the artifact was
not demonstrated. Such a demonstration would require an actual integration project
in which the guidelines are applied in practice. This lies beyond the scope of this thesis,
as the guidelines developed here are intended to serve as an initial baseline, providing
foundational support for future Al integration efforts within CRM. For step five, a
survey was conducted by holding three expert interviews. The described activities with
supporting research strategies are displayed in the following figure[3.2]

| Research Strategies and Methods |

| ' I
Literature Literature Systematic Survey
Review Review Literature (Expert
l Review interviews)
Initial Problem Exp”cate
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Problem ’
Problem
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Artefact Artefact
Demonstrate
Artefact Demonstrated
Artefact
Evaluate Artefact
Artefact
Published Published Published
Research on Research on Research on CRM-Experts
CRM and Al CRM and Al CRM and Al
| I

| Knowledge Base |

Figure 3.2: Design Science Research Activities. Johannesson and Perjons (2021, p.82) &
Peffers et al. (2007, p.54)

3.2 Research Strategies

For the development of the artifact, this study performed a SLR, while it used a survey
to conduct the artifact evaluation. The SLR is briefly explained in the following Section
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(see Section [3.2.1) while the survey is introduced in Section Alternatives are
discussed for each research strategy.

3.2.1 Systematic Literature Review

The aim of a SLR is to summarize existing research related to a specific subject to
establish a broad overview of a topic and, thereby, establish a common understanding
of it. It aims at identifying gaps in existing research and subsequently offers a
framework to address these gaps and provides a background for future research
directions. It is crucial that a SLR is performed rigorously on the basis of a selected
search strategy. This ensures that only literature relevant to the research objective &
question is selected and that other scholars can comprehend how the research was
conducted (Kitchenham and Charters, 2007).

In addition to SLR, other research strategies have been considered, but were
ultimately disregarded based on the overall goals of this thesis. An alternative research
strategy for this study could have been action research. Action research addresses
problems occurring in the real world by considering practical implications and using
an iterative approach. However, action research requires active participation of
stakeholders, often with a social or psychological orientation. That is, action research
often requires the involvement of an organization to properly address a practical
problem. In contrast, SLR offers more flexibility in terms of research design and
does not need the specific organizational context, making it more suitable for this
study’s goal of creating a generalizable overview of Al integration in CRM (Snyder, 2019;
Kitchenham and Charters, 2007; Denscombe, 2010). For this reason, action research
was disregarded as a possible research strategy.

Besides action research, a case study could have been an appropriate research
strategy. However, case studies are designed to investigate a single case in great detail,
often over a longer period of time (Denscombe, 2010; Bryman, 2012; Bhattacherjee,
2012). As this thesis is limited in its time frame and also provides a broader overview of
its subject, a case study was not carried out.

3.2.2 Survey

Surveys are a type of research strategy that aims to provide insight into trends,
behavior, or opinions by examining a specific sample of a study-relevant population
(Denscombe, 2010; Creswell, 2009). They typically collect data through interviews
or questionnaires to draw conclusions about the broader population (Bryman, 2012;
Creswell, 2009). In this study, three experts in the CRM-AI domain served as
the sample, providing a basis for drawing informed conclusions about the broader
population of CRM-experts.

As an alternative research strategy, a case study could have been considered.
However, this strategy was ultimately rejected, as the objective of this thesis is to
develop an artifact that is practical and relevant across industries. A case study would
likely introduce bias by focusing on a single industry, and the resulting insights might
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be too context-specific, limiting their generalizability. Moreover, as noted in Section
conducting a case study would require too much time, making it impractical for
the timely evaluation of the artifact.

3.3 Data Collection

To collect relevant data for the SLR, this study employed the Preferred Reporting Items
for Systematic reviews and Meta-Analyses (PRISMA) framework (see Section[3.5.3). The
chosen data collection method for the survey was a semi-structured interview, as
described in Section[3.3.2] Alternatives are discussed for each data collection method.

3.3.1 PRISMA framework

Conducting a valuable SLR requires a transparent, exhaustive, and comprehensible
explanation of how the review was conducted. To meet these requirements, the
Preferred Reporting Items for Systematic reviews and Meta-Analyses (PRISMA) serves
as the data collection method for this thesis (Page et al., 2021).

PRISMA was originally established for medical research, but is also applicable in
other research areas. The method includes a 27-item checklist and a flow diagram
providing a guideline on the execution of PRISMA. In its essence, PRISMA comprises
three main steps: identification, screening, and analysis. In the identification
stage, relevant records are identified and collected from databases and registers using
predefined search criteria. Before the next stage, duplicates are removed. In the
screening stage, records are assessed based on exclusion and inclusion criteria. In
accordance with the defined criteria, unsuitable records are excluded from the review
sample. The final part of the screening process involves including the remaining
eligible studies in the SLR, and a clear overview of these studies must be provided (Page
et al. (2021); see[Appendix B). The final step, the analysis step, is described in the data
analysis section, Section 3.4]

An alternative data collection method could have been the Scientific procedures and
rationales for systematic literature reviews (SPAR-4-SLR). SPAR-4-SLR was developed by
Paul et al. (2021) and consists of three stages: assembling, arranging, and assessing.
It emphasizes rigorous planning and transparent reporting, specifically established
to facilitate impactful and justified SLRs (Paul et al., 2021). PRISMA was ultimately
more suitable for this thesis, as it provides a standardized and widely recognized
framework for reporting literature reviews. The structured clarity and transparency
offered by PRISMA's flow diagram is particularly beneficial, as it ensures replicability
and facilitates a comprehensible communication of findings.

3.3.2 Semi-Structured Interview

Denscombe (2010) explains that semi-structured interviews offer the possibility to
address specific issues while giving the interviewee the opportunity to be flexible about
certain aspects. It further should be kept in mind that it is crucial to obtain the consent
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of the parties involved to use their provided information for the research (Denscombe,
2010). This thesis seeks to identify distinct issues that need to be addressed, but at
the same time, interviewees should have the possibility to answer certain problems in
a way that they feel is reasonable. In this way, the interviewee is free to elaborate on
the topics that are most relevant to them. As a result, a semi-structured interview is
suitable for the evaluation purposes of this thesis.

An alternative data collection method for the artifact evaluation could have been
a questionnaire. Questionnaires can take on different forms, such as supervised-,
internet-, or postal-based questionnaires (Bryman, 2012). They are used primarily
for convenience. That is, you can easily reach the chosen sample group and in a
short period of time (Denscombe, 2010). However, questionnaires might not offer
the flexibility and depth of insights, as predefined questions restrict the possibilities
for interviewees to provide more nuanced and contextual feedback. This study aims
to generate more open-ended discussions to allow participants to bring their unique
backgrounds and experiences into play. As a result, questionnaires are not suitable.

3.4 Data Analysis

To perform a comprehensive data analysis based on the results of the PRISMA
framework, an abductive thematic analysis was used (see Section . For the
analysis of the semi-structured interviews conducted, a deductive thematic analysis
was employed (see Section|3.4.2).

3.4.1 Abductive Thematic Analysis

When performing data analysis in qualitative research, there are several methods to
choose from (Denscombe, 2010; Saunders et al., 2007). This thesis employed an
abductive thematic analysis to find common codes among the collected reports and
to establish themes/categories, but also aligning with previous research findings from
other scholars.

Thematic analysis focuses mainly on identifying common patterns of meaning,
typically following two approaches: inductive or deductive. Inductive thematic analysis
is a data-driven method that gathers codes bottom-up among qualitative research
findings. Deductive thematic analysis is fueled by an initial theoretical understanding
based on theoretical concepts, frameworks, and methods. It is commonly used when
the goal is to provide codes that closely examine a specific research question. However,
with an inductive approach, the research question can be adapted during the coding
process. That is, through regularly re-evaluating, the themes can change, and hence
the overall context of the research. This, as a consequence, can affect the research
question identified for the underlying study (Braun and Clarke, 2006).

This thesis started the generation of codes using an inductive approach. Common
codes were identified among the research by thoroughly examining and comparing
each article included in the SLR. This approach enabled codes to emerge directly from
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current scientific insights in AI-CRM integration. To properly streamline the codes,
a deductive approach was used to organize the findings and establish overarching
categories based on previous research perspectives. This allowed data-driven analysis
while structuring the results using a theoretical foundation. As the theoretical
foundation, the three established CRM types (strategic, operational, and analytical
CRM) were used as themes, while categories were generated by combining identified
codes through the SLR and insights from Payne and Frow (2005), Iriana and Buttle
(2007), and Kumar and Reinartz (2018). The combination of both inductive and
deductive approaches qualifies as an abductive approach to thematic analysis
(Reichertz, 2014). This method was ultimately chosen to make use of the flexibility that
comes with an inductive perspective while ensuring theoretical alignment through a
deductive view.

To facilitate and document the abductive thematic analysis, all identified themes,
categories, and codes were imported into Microsoft Excel. @A worksheet was
created for each theme, with individual codes arranged in separate columns and
accompanied by the corresponding quotations extracted from the SLR articles to
ensure full transparency and traceability. Subsequently, two additional worksheets
were introduced to synthesize and map codes, as well as quotations, according to
opportunities and challenges.

An alternative data analysis method could have been content analysis. Content
analysis also finds codes in a text, mainly employing a deductive approach using
previously identified categories. Codes are collected according to these categories and
are additionally counted on their frequency (Denscombe, 2010). Although content
analysis offers a comprehensive approach to quantify categories, thematic analysis
is more suitable for this research. Its flexibility allows this study to use an abductive
approach while offering interpretation leeway to find common meaning among codes
in terms of opportunities and challenges. As a result, a rich analysis of the literature
is generated, providing a useful foundation for the subsequent elicitation of guidelines
(Braun and Clarke, 2006).

3.4.2 Deductive Thematic Analysis

A deductive thematic analysis was carried out on the transcripts resulting from the
semi-structured interviews. A set of predefined evaluation questions was generated
that seeks to establish whether the defined artifact objectives (see Section were
met. Through the questions, the themes for the thematic analysis were already given,
and hence, an inductive or abductive approach was not considered. In doing so, the
thesis is in accordance with Braun and Clarke (2006). The deductive themes used were
strengths, weaknesses, suggestions for improvement, applicability, and relevance.
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3.5 Application of Design Science Research

This Section provides information on how the DSR methodology was carried out. This
includes explaining how each of the DSR steps was conducted. Before doing that, it
had to be established what an artifact is and how it can be classified. Artifacts can
adopt various forms. Based on March and Smith (1995), there are four different forms
to consider when classifying artifacts:

1) Constructs: notations, definitions and concepts
2) Models: representations, drawings and structures
3) Methods: guidelines and processes

4) Instantiations: working systems and prototypes

Guidelines, selected in this study, are considered a type of method artifact and are
intended to offer recommendations on how specific problems can be addressed
and goals accomplished (Johannesson and Perjons, 2021). Offermann et al. (2010)
distinguish guidelines from a method and describe it as a way to formulate behavioral
suggestions for a specific situation. In summary, the set of guidelines as an artifact is a
recognized typification in current research. As a result, this thesis generates guidelines
for Al implementation in CRM.

3.5.1 Explicate Problem

The explicated problem in this study is that there is no comprehensive overview of the
actual implications of Al integration into CRM while also providing practical guidelines
for successful adoption.

3.5.2 Define Objectives

The objective of this artifact is to provide crucial guidelines that support CRM-experts
with Al implementation in CRM, by providing insight into what Al implementation
means in practice. The artifact is a set of guidelines that must be derived based on
previously identified opportunities and challenges. It must be structured using the
three main CRM types. In addition, a clear logic should be provided, explaining how
each guideline is generated. Furthermore, the derived guidelines should be relevant
and applicable to CRM-experts in all industries.

3.5.3 Design and Develop Artifact

The design and development stage builds on the SLR, which is why this section
introduces the employed search strategy, following up with the inclusion and exclusion
criteria identified for the application of the PRISMA framework. As data collection
sources, this thesis used three different databases to collect relevant articles from:
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a) EBSCO
b) Scopus

c) Web of Science

EBSCO, Scopus, and Web of Science were selected due to their comprehensive
coverage of peer-reviewed literature across multiple disciplines, including information
systems, business, and technology. Using a combination of these well-established
and widely recognized sources ensures a broad and reliable foundation for identifying
high-quality, relevant studies for the SLR.

Search Strategy

The search for relevant articles to include in the SLR was conducted on the 15th of
February 2025. The general goal of the search strategy was to identify papers that are
connected to both the CRM and Al research areas.

The CRM-related keywords are: CRM, Customer Relationship Management, and
Customer Management. In the search query, it was checked that at least one of
the mentioned keywords was in the title of the respective record. The Al-related
keywords are: Al and Artificial Intelligence. At least one of these keywords also had
to appear in the title of the corresponding article. Structuring the query like this
ensured that the title of an article always included at least one of the CRM-related and
Al-related keywords. To further narrow the search to articles focused specifically on
the intersection of Al and CRM, an additional set of contextual keywords was applied
to the abstracts. At least one of the following terms had to appear in the abstract:
Challenges, Opportunities, Al adoption, Implementation, Strategy, Barriers, Best
Practices, Transformation, Success Factors, Organizational Readiness, and Integration.
These abstract-level filters were used to refine the results and ensure the relevance of
the literature to the research objectives. The search queries used are provided in the
following table
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Database Query

TI (CRM OR Customer Relationship Management OR Customer
Management) AND TI (AI OR Artificial Intelligence) AND AB (Al adoption
EBSCO OR Challenges OR Opportunities OR Implementation OR Strategy OR
Barriers OR Best Practices OR Transformation OR Success Factors OR
Organizational Readiness OR Integration)

TITLE (“AI” OR “Artificial Intelligence”) AND TITLE (“Customer
Relationship Management” OR “CRM” OR “Customer Management”)
AND ABS (“Al adoption” OR “Challenges” OR “Opportunities” OR

Scopus “Implementation” OR “Strategy” OR “Barriers” OR “Best Practices” OR
“Transformation” OR “Success Factors” OR “Organizational Readiness” OR
“Integration”)
((TI=(CRM OR Customer Relationship Management OR Customer
Web of Management)) AND TI=(AI OR Artificial Intelligence)) AND AB=(Al
Science adoption OR Challenges OR Opportunities OR Implementation OR Strategy

OR Barriers OR Best Practices OR Transformation OR Success Factors OR
Organizational Readiness OR Integration)

Table 3.1: Search Query for each Database

Inclusion and Exclusion Criteria

The search was carried out on the basis of the above-mentioned search queries and
additional inclusion/exclusion criteria explained in the following table

Inclusion Criteria Reasoning

Publication Years: 2021 until 2025 To ensure recent research and appropriate

time-frame
Articles and Conference Papers To ensure the research is of high-quality
English Language To ensure understandability

To ensure the article can be properly

Full-Text Availability assessed on its content

To ensure the articles are relevant for

Defined Keywords the study’s research objective and research
question
Exclusion Criteria Reasoning

To ensure the articles are relevant for
Research Focus & Design the study’s research objective and research
question

Table 3.2: Inclusion and Exclusion Criteria

The resulting records were exported to Zotero. In Zotero, the remove duplicates
function was used. Based on this result, a title and abstract screening was done using
the exclusion criteria. With the resulting papers, a full-text analysis was performed to
end up with the final 19 articles used for the SLR.
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PRISMA Framework Application

The following Figure illustrates the PRISMA framework step by step, highlighting
the records excluded in each step, based on duplicate removal and screening criteria.
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Figure 3.3: PRISMA Flow Diagram

The total number of records identified among the three databases using the search
parameters and queries described was 62. After the removal of duplicates, a total of
40 papers remained. These papers were screened on the basis of the title and abstract.
This screening led to the exclusion of 13 more records. The remaining 27 studies were
thoroughly assessed by checking the full-text of each paper. After that assessment, 8
further reports were excluded. The PRISMA process overall resulted in a total of 19
papers remaining as a relevant analysis foundation for this thesis. These papers are

provided in

3.5.4 Evaluate Artifact

The artifact was evaluated by conducting semi-structured interviews. The chosen
interviewees are CRM-experts and CRM-focused researchers. A purposive sampling
strategy was used to identify participants based on their knowledge, relevance to
the research topic, and availability. CRM-experts have a real understanding of the
practical considerations in the subject area. As a result, they can effectively inform and
evaluate certain guidelines for Al integration in CRM. CRM-focused researchers bring a
theoretically oriented perspective to the evaluation. Hence, the evaluation covers both
the practical and theoretical implications of Al integration in CRM. The interviewees
are provided with the finished artifact so that they can offer deeper insights and
recommendations for the guidelines.
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Interview Questions

The interview questions align with the objectives defined for the artifact. They were
phrased to be answered openly so that deeper insights and opinions could be collected
on the guidelines. The first four questions are to establish the general opinion on the
artifact and to find potential improvements. Questions five and six inquire whether
the artifact is applicable and relevant to the subject area. As such, the questions are in
accordance with the artifact objectives (see Section[3.5.2).

1. What is your overall opinion on the guidelines?

2. What are the strengths of the guidelines?

3. What are the weaknesses of the guidelines?

4. Would you change any guidelines? If so, in what way?
5. Are the guidelines relevant across industries?

6. Do you believe that the guidelines support CRM experts in supporting Al
integration in CRM? If so, in what way?

3.6 Ethical Considerations

When considering the ethical implications of scientific research, it should be clear
that the research conducted must be appropriate every step of the way. This includes
acknowledging the rights of participants taking part in the study, but also individuals
indirectly affected by it (Saunders et al.,[2007; Johannesson and Perjons, 2021). Ethical
research usually involves four key principles that need to be followed. First, it must
be ensured that participants in a research project are not negatively affected and that
their interests are protected. Second, participants in a study must give their consent
to the use of their provided information and data (Bryman, 2012; Johannesson and
Perjons, [2021). Third, the privacy of any parties concerned should not be invaded.
This includes participants already identified, but also possible participants not directly
known to the researcher (Saunders et al., 2007; Bryman, [2012). Lastly, the researcher
must not be deceitful when conducting and communicating the research (Bryman,
2012). In summary, ethics must be respected throughout the course of the research
conducted, from the formulation of the research topic to the reporting of research
findings (Saunders et al., 2007).

This thesis conducted a DSR using a SLR as its main research strategy. All steps
taken to conduct the SLR were transparently presented and saved for verification. The
SLR was not ethically sensitive, as the studies were retrieved based on open access
availability through Stockholm University access. As such, there are no privacy or
consent issues to report on. However, in conducting a semi-structured interview for
evaluation of the developed artifact of this study, several ethical considerations must
be addressed. This study ensured that the interview participants were taking part

22



voluntarily and could also withdraw from the research process. Therefore, participants
were asked to give their consent to participate in this study. In addition, it is important
to protect private information about participants, so real names and identities were
redacted. With the use of semi-structured interviews, it was simultaneously ensured
that interviewees were not deceived or led in any way, further improving the ethical
soundness of this study. The interview transcripts are provided in
and The voice recordings were stored safely and were only

accessed by the researcher to ensure no misuse of data privacy.
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4 Results

This Chapter presents the opportunities and challenges for Al integration in CRM
based on the SLR as well as practical guidelines, based on the identified opportunities
and challenges. Section provides an overview of the themes, categories, and codes
based on the three CRM types. Section then introduces the opportunities and
Section 4.3| the challenges for Al integration in CRM. Section |4.4| provides an overview
of the artifact developed: The guidelines collected across strategic, operational, and
analytical CRM. Finally, Section[4.5)illustrates the results of the artifact evaluation.

4.1 Al Integration in CRM

The conducted SLR generated the following results. First, CRM was divided into three
CRM types: strategic, operational, and analytical CRM. Based on these CRM types
(called themes), different categories and codes have been established. These themes,
categories and codes can both be part of opportunities as well as challenges.

For the strategic CRM theme, the categories and codes are displayed in Table

4.1l

Theme Category Code
. Competitive Advantage
CRM Vision
Data-Driven
. Customer Value Customer Lifetime Value
Strategic CRM
Change Management
Organizational Alignment & Culture Employee Experience
Al Ethics

Table 4.1: Thematic Analysis Results for Strategic CRM

For the operational CRM theme, the categories and codes are displayed in Table[4.2]
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Theme Category

Code

CRM Integration & Processes

Integration Considerations

CRM Automation

Usability

Operational CRM

Customer Activities

Customer Service

ChatBot

Text- & Speech-Based Al

Customer Privacy

Data Privacy & Security

Table 4.2: Thematic Analysis Results for Operational CRM

For the analytical CRM theme, the categories and codes are displayed in Table[4.3]

Theme Category

Code

Data Landscape

Data Analysis

Data Quality

Data Governance

Data Management

Analytical CRM

Customer Knowledge

Customer Segmentation

Real-Time Analytics

Customer Personalization

Predictive Analytics

Customer Retention

Customer Engagement

Lead Management

Sentiment Analysis

Table 4.3: Thematic Analysis Results for Analytical CRM

4.2 Opportunities of Al integration in CRM

This Section provides an overview of the different opportunities collected across
the three main CRM themes. The results presented in the tables also include the
corresponding article reference and the total number of articles that mention the

specific code as an opportunity.

4.2.1 Opportunities for strategic CRM

As can be seen in Table the code mentioned in most papers in the SLR is
competitive advantage. Besides competitive advantage, the codes data-driven and
customer lifetime value will also be considered.
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Code Article Reference Count
Competitive Advantage (1), (8), (9), (11), (12), (14), (16), (18), (19) 9
Data-Driven (2), (8), (10), (11) 4
Customer Lifetime Value (9), (10), (16) 3

Table 4.4: Opportunities for strategic CRM

The most frequently identified opportunity for strategic CRM is competitive advantage.
A total of 9 scholars agree that significant competitive advantages can be realized
through Al integration in CRM. Jaruwanakul (2024), article reference [11], for example,
states that operational efficiency can be improved and customer relationships
reinforced, which generates an overall increase in business performance and
consequently achieves a competitive advantage. Additionally, Ozay et al. (2024, p.23)
[2] support this statement and summarize that “Al-based CRM is now seen as an
invaluable tool for companies to gain a competitive edge in the market [...]”

Besides competitive advantage, being data-driven is also an opportunity
mentioned in a number of papers. It becomes evident that, through actively
considering Al integration in CRM, data-driven opportunities can be manifested.
In total, four papers highlight the possibilities that being data-driven creates for
an organization. Hoffmann et al. (2024, p.195) [10], for instance, believe that:
“lharnessing] data-driven approaches like data mining, Al, and customer-centric
strategies like CRM [...] is instrumental in shaping the future landscape of marketing
and sales.” Jaruwanakul (2024, p.124) [11] support this observation: “Organizations
that invest in data-driven capabilities can [...] extract actionable insights, identify
market trends, and make informed business decisions.”

Among the opportunities for strategic CRM is also the subject of customer lifetime
value (CLV). Scholars agree that Al can improve the calculation of the CLV (Ledro et al.,
2022; Saura et al., 2021) [3][16]. Al can analyze all the interactions a customer had
while engaging with the business. Based on that information, measures can be taken to
improve customer acquisition (Hoffmann et al., 2024; Golab-Andrzejak, 2024) [10][9].

4.2.2 Opportunities for operational CRM

Looking at Table it becomes evident that customer service and chatbot are
the opportunities identified in most papers in the SLR, closely followed by fext- &
speech-based AI and CRM automation. It is noteworthy that all identified codes appear
in at least nine articles of the SLR. This means that no code is based only on a few
mentions, which underscores the consistency and significance of these codes.
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Code Article Reference Count
. (2), (3), (9), (8), (9), (10$), (12), (13), (14), (15), (17),
Customer Service (18), (19) 13
ChatBot (1), @), 3), (8), (9), (10), (12), (13), (17), (18), (19) 11
Text- & Speech-Based Al (1), ), (M), (9), (12), (13), (14), (18), (19) 9
CRM Automation 2), 3), (9), (10), (14), (15), (17), (18), (19) 9

Table 4.5: Opportunities for operational CRM

In this research, customer service is the most pressing opportunity identified. Scholars
agree that customer service can be significantly enhanced by Al integration in CRM
(Ozay et al., 2024; Chatterjee et al., 2022; Rashi et al., 2024; Khneyzer et al., [2024)
[2][5][15][12]. Rashi et al. (2024, p.691) [15] state that “[...] Al can facilitate the
automation of customer services [...]” Khneyzer et al. (2024, p.11) [12] add to that by
revealing that “[Al] allows managers to make informed decisions [...], and eventually
provide enhancements to overall customer service.”

An important factor in the described customer service improvement is the code
chatbot. Although chatbot is closely related to customer service, in this study it is still
determined as a crucial separate opportunity. When implemented in CRM, chatbots
provide uninterrupted and accurate service delivery, ensuring “reliable responses to
inquiries and requests from both clients and internal users” (Sofiyah et al., 2024, p.47)
[17]. Khneyzer et al. (2024} p.14) [12] further elaborate that: “[...] Al chatbots free up
human resources to focus on more complex and value-added operations, enhancing
overall productivity. Al chatbots allow tailored and rapid consumer interactions,
resulting in increased revenue and customer loyalty.”

In addition to the chatbot opportunity, text- & speech-based Al is determined to be
an equally relevant opportunity (Chatterjee et al., 2024; Gotab-Andrzejak, 2024; Monod
et al.,[2023) [7][9][14]. An important function of text- & speech-based Al is the ability to
make sense of unstructured data and to modify it in such a way that relevant insights
can be identified more clearly (Chatterjee et al., 2024) [7]. This ability to provide
output in the form of natural language makes fext- & speech-based Al an indispensable
opportunity. This functionality can even analyze a voice conversation and provide a
text output in natural language, as Monod et al. (2023, p.553) [14] describe in their
study: “As the voice conversation is converted into text, the system is able to suggest
the response most relevant to the customer.”

There is also a need to look at the opportunities Al brings for CRM automation. Al
provides the functionality to automate tasks, so that almost no human interaction is
needed (Hoffmann et al., 2024; Golab-Andrzejak, 2024; Rashi et al., 2024) [10][9][15].
This enables the company to significantly improve resource allocation, reduce costs,
and save time. In other words, employees can use their time for more crucial tasks,
instead of spending time on routine and often redundant work. As a result, productivity
and overall company performance can be improved (Khneyzer et al., |2024; Sofiyah
et al., 2024) [12][17]. One manifestation of this is described by Monod et al. (2023)
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[14] in which the authors explain how Al-based automation is used to automatically
input data recorded in telephone conversations. As a result, there is no room for error,
alteration, or subjectivity on the salesperson’s side.

4.2.3 Opportunities for analytical CRM

Looking at Table it becomes evident that customer personalization and predictive
analytics are the opportunities most commonly identified in the SLR, closely followed
by real-time analytics, customer segmentation, and customer retention.

Code Article Reference Count
Customer Personalization 811’)’(2’5)(,32’1 éi),(l(;)): ((18;)’ ©), (10), (11}, (12), 43), 16
Predictive Analytics 823’)’(2()1’9()3)’ ®), ), (10), (11), (12), (14), (15), (16), 13
Real-Time Analytics 1), (2, 3), (8), (9), (10), (12), (14), (18), (19) 10
Customer Segmentation 1), ), 3), (N, (8), (9), (10), (15), (16), (19) 10
Customer Retention 1), 2), (8), 9), (10), (12), (15), (17), (18), (19) 10
Customer Engagement (1), 2), (8), (9), (10), (12), (15), (18) 8
Data Analysis (2), (8), (10), (12), (15), (16), (18) 7
Lead Management D), (2), (8), (9), (14), (16), (19) 7
Sentiment Analysis D), (2, (3), (9), 10), (12) 6
Data Management (8), (15), (16) 3
Data Quality (15) 1

Table 4.6: Opportunities for Analytical CRM

The opportunity identified in most of the papers in the SLR for analytical CRM
is customer personalization. It becomes evident that through Al integration in
CRM, it is possible to respond more effectively to customer needs and provide
personalized value to the respective customer (Chatterjee et al., |2021c; Jaruwanakul,
2024; Monod et al.,2023) [8][11][14]. This is achieved through the analysis of customer
preferences, consumer behavior, and purchase history. Based on this information
and on past recorded conversations with the customer, a product/service offering can
be personalized to the customer (Monod et al., 2023; Venkateswaran, 2023) [14][18].
This personalization extends to the possibility of showing cross-selling/ up-selling
options. With this function, a salesperson can identify the products a customer could
be interested in and suggest these in combination with previous purchases (Yoo et al.,
2024; Monod et al., 2023) [19][14].

Another opportunity identified in several articles in the SLR is predictive analytics.
Al enables predictive analytics in a way that forecasting can be performed more
accurately (Ozay et al., 2024; Gotab-Andrzejak, 2024; Hoffmann et al., 2024) [2][9][10].
This is possible through the analysis of historical market data, the identification of
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future market developments, and product demand estimations (Ledro et al., [2022;
Khneyzer et al., 2024; Monod et al., 2023) [3][12][14]. Predictive algorithms uncover
relationships between data points. In this way, they help understand consumer
behavior drivers and uncover potential market gaps (Rashi et al.,[2024).

Almost equally identified in the papers in SLR is the opportunity real-time
analytics. The Al integration in CRM unleashes the potential of analyzing data in
real-time. This creates the opportunity to immediately react to specific market changes
(Golab-Andrzejak, 2024; Ozay et al., 2024) [9][2]. Real-time availability also transcends
to customer service, where immediate actions can be taken based on customer
feedback (Monod et al., 2023; Khneyzer et al.,|2024; Venkateswaran, 2023) [14][12][18].
For example, “if the customer service employee’s attitude is not good in all aspects, the
Al can send them a warning in real time” (Monod et al., 2023, p.553) [14].

Besides this, AI-CRM also provides opportunities for customer segmentation. With
the capabilities of Al, it becomes possible to target specific audiences more directly
(Chatterjee et al., 2024; Gotab-Andrzejak, 2024; Yoo et al., 2024) [7][9][19]. For example,
by observing common characteristics among groups of individuals (Hoffmann et al.,
2024) [10] and the possibility to create funnels that can better distinguish between
customers (Saura et al.,|2021) [16].

Closely connected to this is the opportunity customer retention. Signs that a
customer is not satisfied and wants to leave can be identified in advance so that
measures can be taken to prevent the customer from leaving (Hoffmann et al., 2024;
Rashi et al., 2024; Chatterjee et al., 2021c) [10][15][8]. This early identification of
customers who are likely to leave is also known as customer churn (Gotab-Andrzejak,
2024; Ozay et al., 2024) [9][2].

Furthermore, opportunities for improving customer engagement are created.
The opportunities for customer engagement are mainly the result of the improved
customer personalization previously explained. As suggestions tailored to customers
are more fitting and satisfying through Al, customers are inclined to engage further
with the company’s business (Rashi et al., 2024; Khneyzer et al.,|2024; Venkateswaran,
2023) [15][12][18].

Another relevant opportunity to mention is data analysis. Through the capabilities
of Al, it is possible to analyze available data faster and more accurately (Chatterjee
et al., [2021c; Rashi et al., 2024) [8][15]. As such, improved data analysis provides the
basis for many of the other opportunities mentioned in this study (Khneyzer et al.,
2024; Ozay et al., 2024; Hoffmann et al., 2024) [12][2][10].

An additional analytical CRM feature for which Al creates opportunities is lead
management. Scholars agree that through the interaction of CRM and Al, it becomes
possible to collect leads more efficiently and subsequently turn these leads into actual
business opportunities (Monod et al., 2023; Chatterjee et al., 2021c) [14][8].

Sentiment analysis is also an opportunity that is mentioned several times. Using
Al and CRM opens up the ability to gain an understanding of customer opinions
and preferences, thus improving the flexibility to react to certain market tendencies
(Khneyzer et al., 2024; Hoffmann et al., 2024; Ozay et al., 2024) [12][10][2]. This
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sentiment analysis can even extend to the analysis of moods on social media
(Gotab-Andrzejak, 2024) [9].

For an improved data management, AI-CRM further creates opportunities. Al is
able to collect and aggregate all data from different sources, increasing data availability
and making sure that all information can be found in a single source CRM (Chatterjee
etal., 2021c; Saura et al., 2021) [8][16].

Directly connected to this is the matter of data quality. One paper mentions how
Al can be an opportunity for data quality, too. Rashi et al. (2024) [15] explain that this
becomes possible as incorrect inputs and calculation errors can be greatly reduced.

4.3 Challenges of Al integration in CRM

This Section provides an overview of the different challenges collected across the three
main CRM themes. The results presented in the tables also include the corresponding
article reference and the total number of articles mentioning the specific code as a
challenge.

4.3.1 Challenges for strategic CRM

Looking at Table it becomes clear that Al ethics and employee experience are
the challenges identified in most of the papers in the SLR, followed by change
management.

Code Article Reference Count
Al Ethics (1), 3), (5), 9, (10), (12), (13), (14), (18) 9
Employee Experience 1), 3), @), (1), (8), (10), (12), (14) 8
Change Management (1), 4), (5), 14), A7) 5

Table 4.7: Challenges for Strategic CRM

It becomes evident that ethical considerations related to Al are relevant for Al
integration in CRM. As Al systems increasingly influence customer interactions
and decision-making processes, Al ethics concerns impact the trustworthiness and
effectiveness of strategic CRM. Due to the ability of Al to connect to and analyze vast
amounts of data, it is crucial to make sure that regulations are followed. Adherence to
regulatory frameworks like the GDPR and the E-Privacy Directive is challenging but
necessary for Al integration in CRM (Kouroupis et al., 2021; Khneyzer et al., [2024)
[13][12]. Aless obvious implication of Al ethics is the subject of algorithm bias. Scholars
discuss how the complicated underlying algorithm responsible for all suggestions and
decisions could lack transparency or even impose biases. This is a challenge, as biases
can lead to inappropriate actions by employees and trust erosion on the customer side
(Monod et al., 2023; Chatterjee et al., 2022; Ledro et al., 2023) [14][5][1].

An equally relevant challenge is the subject of employee experience. Scholars
reveal that as a result of the fast-changing functionalities behind Al, it is difficult
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for employees to keep up with the changing skill sets involved (Ledro et al., 2023;
Chatterjee et al.,|2021bj Chatterjee et al.,2024) [1][4][7]. In addition, it can be observed
that a lack of knowledge and the potential for job displacement can also lead to
employee resistance to actually using Al applications connected to CRM (Monod et al.,
2023; Khneyzer et al.,|[2024) [14][12].

Besides this, change management is also a relevant challenge to mention. The
employees are used to working in a certain way. The introduction of Al to CRM leads
to changes in these working habits. If CRM-users are not willing to deal with the newly
added functions to CRM, this creates a challenge to overcome. Resistance can manifest
itself, for example, in the form of hesitation in entering relevant data, sharing specific
information, or making input errors (Ledro et al.,|[2023; Chatterjee et al.,|2022; Monod
et al., 2023; Sofiyah et al., 2024) [1][5][14][17].

4.3.2 Challenges for operational CRM

Looking at Table it becomes evident that inftegration considerations are the
challenges identified in most of the papers in the SLR, followed by data privacy &
security as well as usability.

Code Article Reference Count
Integration Considerations M), @), 3), (M, (10), (12), (14), (16), (17) 9
Data Privacy & Security 2), (13), 17 3
Usability 1), 4), (6) 3

Table 4.8: Challenges for Operational CRM

For operational CRM, integration considerations has been identified as a primary
challenge. An integration of Al in CRM is very complex. There are legacy systems to
consider and other applications that need to be connected with CRM effectively (Ledro
etal.,2023; Saura et al.,[2021) [1][16]. Furthermore, a large investment in terms of time
and financial resources is necessary, which can further hinder adoption (Hoffmann
et al., |2024; Sofiyah et al., 2024) [10][17]. If the infrastructure and resource guidelines
needed are not specifically met, scalability and customization functions cannot be
guaranteed. This can ultimately result in operational inefficiencies (Ledro et al., 2023;
Sofiyah et al.,2024) [1][17].

Also relevant to discuss is data privacy & security. Scholars identify privacy issues
related to Al integration as a crucial challenge to be aware of. If users do not trust
the usage of certain Al functionalities, this will affect adoption. This can be observed
in connection with the usage of chatbots but also when it comes to the safe storage
and usage of private data (Kouroupis et al.,|2021; Ozay et al.,|2024; Sofiyah et al., 2024)
[13][2][17].

An interesting challenge to mention is usability. The integration of Al into
CRM introduces immense capabilities, but it also adds layers of complexity that can
negatively impact usability. If CRM usage after Al integration is not seamless, the
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willingness to use the technology will decrease significantly (Chatterjee et al., 2021a;
Chatterjee et al., 2021b; Ledro et al.,[2023) [6][4][1].
4.3.3 Challenges for analytical CRM

Looking at Table the challenge identified in most of the papers in the SLR is data
quality, closely followed by data analysis and data governance.

Code Article Reference Count
Data Quality 1), @), 17 3
Data Analysis 1), 2
Data Governance (1), (18) 2

Table 4.9: Challenges for Analytical CRM

Data quality must be considered in terms of analytical CRM. Looking at the
combination of Al and CRM, one needs to understand that the suggestions and
analysis algorithms that Al runs can only be as good as the data. As a result, if
the information is submitted incorrectly and inconsistently, errors will occur (Sofiyah
et al., |2024; Ledro et al., 2023) [17][1]. This can again be connected to the subject
of employee experience, as insufficient knowledge might lead to wrong input. In
addition, if the organization as a whole is not prepared for Al integration, this also
brings risks (Chatterjee et al., 2024) [7]. This highlights the dual role of data quality
in AI-CRM integration: Although Al can mitigate certain data entry errors (Rashi et al.,
2024) [15], its analytical capabilities are fundamentally dependent on the reliability of
the underlying data.

Closely related to data quality is the challenge data analysis. Understanding
the available data is a time and resource-consuming task. Furthermore, with data
accessibility issues, a smooth data analysis process is endangered. It can also happen
that the algorithm is not suitable for existing data, decreasing the efficiency of analysis
(Ledro et al.,2023; Chatterjee et al.,|2024) [1][7].

With the topic of data privacy and Al ethics comes the challenge of sustainably
introducing data governance measures. Not implementing important data governance
procedures leads to potential exposure to ethical policies, customer distrust, and legal
regulations (Ledro et al., 2023; Venkateswaran, 2023) [1][18].

4.4 Guidelines for Al integration in CRM

This Section presents structured guidelines to support CRM-experts with the
integration of Al into CRM. The guidelines are organized according to the three CRM
types: Strategic, Operational, and Analytical CRM. Each guideline addresses specific
challenges or opportunities.
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4.4.1 Guidelines for strategic CRM

For strategic CRM, several key guidelines can be identified. An overview of each
guideline is provided in Table The table includes a unique ID for each guideline,
the description, and what the guideline is based on. In addition, an explanation for
each guideline is provided in the list of guidelines described below.

ID: 1

Description: “CRM experts should support their customers in actively managing
organizational change, by offering training, onboarding material, and guidance, so
that user resistance caused by Al-related process shifts is reduced.”

Based on: Change Management Code (Challenge) (Section 4.3.1).

Explanation: Resistance to change is one of the most cited challenges to AI-CRM
adoption. Change management practices are necessary to ease the transition and
avoid employee pushback. Support from the CRM experts side could be to offer help in
formulating an overall CRM strategy and to ensure that the organization understands
the capabilities offered by Al

ID: 2

Description: “CRM experts should ensure that continuous education is provided for
AI-CRM users, so that they can keep pace with evolving Al functionalities.”

Based on: Employee Experience Code (Challenge) (Section 4.3.1).

Explanation: As a result of the fast-changing functionalities behind Al, it is hard for
employees to keep up with the changing skill sets involved, therefore continuous
education of the system is needed. Without employee training, Al features might be
misused, leading to user disengagement, ultimately making the adoption of Al tools
ineffective.

ID: 3

Description: “CRM experts should ensure that they closely adhere to Al regulations
such as the GDPR, so that legal risks and trust issues in AI-CRM use are minimized.”
Based on: Al Ethics Code (Challenge) (Section 4.3.1).

Explanation: = Without considering ethical considerations in relation to Al
organizations can be exposed to regulations and penalties that could negatively
affect the overall companies reputation and performance.

ID: 4

Description: “CRM experts should regularly audit Al algorithms for fairness and
transparency, so that biased decision-making in CRM processes is avoided.”

Based on: Al Ethics Code (Challenge) (Section 4.3.1).

Explanation: If the underlying algorithm produces biased outcomes, this can induce
discrimination or favoritism in CRM actions. Bias mitigation is essential for ethical Al
use.
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ID Guideline Based on

CRM experts should support their customers in actively
managing organizational change, by offering training, | Change Management
on-boarding material, and guidance, so that user | (Challenge)

resistance caused by Al-related process shifts is reduced.

GDL-1

CRM experts should ensure that continuous education is
GDL-2 | provided for AI-CRM users so that they can keep pace with
evolving Al functionalities.

Employee Experience
(Challenge)

CRM experts should ensure that they closely adhere to Al
GDL-3 | regulations such as the GDPR, so that legal risks and trust | Al Ethics (Challenge)
issues in AI-CRM use are minimized.

CRM experts should regularly audit Al algorithms for
GDL-4 | fairness and transparency, so that biased decision-making | Al Ethics (Challenge)
in CRM processes is avoided.

Table 4.10: Guidelines for Strategic CRM

4.4.2 Guidelines for operational CRM

For operational CRM, several key guidelines can be identified. An overview of each
guideline is provided in Table[4.11] The table includes a unique ID for each guideline,
the description, and what the guideline is based on. In addition, an explanation for
each guideline is provided in the list of guidelines described below.

ID: 5

Description: “CRM experts should ensure that Al integration efforts accommodate
existing legacy systems and connect to existing applications without lowering
performance, so that disruptions and technical barriers to Al adoption are minimized.”
Based on: Integration Considerations Code (Challenge) (Section 4.3.2).

Explanation: Compatibility with existing systems is essential to avoid implementation
failures and operational friction.

ID: 6

Description: “CRM experts should ensure that chatbot functionalities are embedded
into CRM, so that service quality is improved, internal resources are freed up for more
complex tasks, and overall customer experience and productivity are enhanced.”
Based on: ChatBot Code (Opportunity) (Section 4.2.2).

Explanation: Chatbots reduce workload and enable scalable, real-time customer
interactions while lowering costs and waiting times.

ID: 7

Description: “CRM experts should implement text-and speech-based Al, so that
communication activities are supported and customer interactions improved.”

Based on: Text-and Speech-based Al (Opportunity) (Section 4.2.2).

Explanation: Al functionalities can transcribe, summarize, and analyze written as
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well as verbal customer interactions. This could enhance communication efficiency
and service consistency. By automatically generating conversation summaries or
suggesting context-specific responses, manual documentation efforts are reduced.

ID: 8

Description: “CRM experts should design AI-CRM tools that meet high standards
of data privacy and security, so that user concerns are diminished and adoption is
encouraged.”

Based on: Data privacy & security Code (Challenge) (Section 4.3.2).

Explanation: Customers and employees will avoid using Al tools perceived as risky or
intrusive, threatening system-wide adoption.

ID: 9

Description: “CRM experts should ensure user-friendly Al interfaces, so that perceived
complexity is reduced and daily usage across roles is facilitated.”

Based on: Usability Code (Challenge) (Section 4.3.2).

Explanation: Complex and unintuitive interfaces are a significant challenge to user
acceptance and regular CRM usage.

ID Guideline Based on

CRM experts should ensure that Al integration efforts
accommodate existing legacy systems and connect to | Integration
GDL-5| existing applications without degrading performance, so | Considerations
that disruptions and technical barriers to Al adoption are | (Challenge)
minimized.

CRM experts should ensure that chatbot functionalities
are embedded into CRM, so that service quality is
GDL-6 | improved, internal resources are freed up for more | ChatBot (Opportunity)
complex tasks, and overall customer experience and
productivity are enhanced.

CRM experts should implement text-and speech-based
GDL-7| Al so that communication activities are supported and
customer interactions improved.

Text-& Speech-based
Al (Opportunity)

CRM experts should design AI-CRM tools that meet high
GDL-8| standards of data privacy and security, so that user
concerns are diminished and adoption is encouraged.

Data privacy & Security
(Challenge)

CRM experts should ensure user-friendly Al interfaces, so
GDL-9 | that perceived complexity is reduced and efficient daily | Usability (Challenge)
usage is facilitated.

Table 4.11: Guidelines for Operational CRM

4.4.3 Guidelines for analytical CRM

For analytical CRM, several key guidelines can be identified. An overview of each
guideline is provided in Table The table includes a unique ID for each guideline,
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the description, and what the guideline is based on. In addition, an explanation for
each guideline is provided in the list of guidelines described below.

ID: 10

Description: “CRM experts should enable Al-driven personalization of marketing
and sales activities based on behavioral insights, so that customer satisfaction and
conversion rates are improved.”

Based on: Customer Personalization Code (Opportunity) (Section 4.2.3).

Explanation: Al enables CRM systems to analyze customer preferences, behavior,
purchase history, and recorded conversations. This allows the CRM to deliver tailored
product or service guidelines, including cross-selling and up-selling suggestions.
Through automation, this personalization becomes scalable, timely, and more precise
than manual approaches.

ID: 11

Description: “CRM experts should enable predictive analytics functionalities that use
historical and behavioral data to forecast customer needs, so that CRM users can act
proactively and personalize sales activities.”

Based on: Predictive Analytics Code (Opportunity) (Section 4.2.3).

Explanation: Anticipating customer needs improves targeting and reduces customer
churn. Predictive models help sales and marketing align better with actual customer
behavior.

ID: 12

Description: “CRM experts should ensure that CRM solutions can dynamically
segment customers based on Al-identified traits and behaviors, so that sales,
marketing, and service efforts are more precisely targeted.”

Based on: Customer Segmentation Code (Opportunity) (Section 4.2.3).

Explanation: Al automates the customer segmentation process, reducing manual
effort and time investment. It eliminates human biases that can be introduced by
sales or marketing teams and ensures consistent, data-driven grouping based on real
behavioral patterns, resulting in more efficient and accurate segmentation.

ID: 13

Description: “CRM experts should implement Al-driven lead identification and
qualification tools, so that high-potential leads can be automatically prioritized,
reducing manual effort and increasing conversion.”

Based on: Lead Management Code (Opportunity) (Section 4.2.3).

Explanation: Al optimizes the lead management process by automatically identifying
and scoring sales leads. This reduces the time-consuming and subjective task of
manual lead qualification, supports sales professionals in prioritizing high-quality
prospects, and increases the likelihood of conversion.
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ID: 14

Description:

“CRM experts should ensure high data quality,

so that Al

misinterpretations are prevented. Allowing unstructured input and applying NLU can
encourage richer user input while simplifying data structuring and analysis.”
Based on: Data Quality Code (Challenge) (Section 4.3.3).
Explanation: Bad data quality undermines the AI model and leads to incorrect
decision-making. Data quality mechanisms may include mandatory fields, real-time
validation, standardized input formats, or guided data entry.

ID Guideline Based on
CRM experts should enable Al-driven personalization
. o . Customer
of marketing and sales activities based on behavioral .
GDL-10 - . . . Personalization
insights, so that customer satisfaction and conversion .
. (Opportunity)
rates are improved.
CRM experts should enable predictive analytics
functionalities that use historical and behavioral data | Predictive Analytics
GDL-11 .
to forecast customer needs, so that CRM users can act | (Opportunity)
proactively and personalize sales activities.
CRM experts should ensure that CRM solutions can
. . . Customer
dynamically segment customers based on Al-identified .
GDL-12 . . . . Segmentation
traits and behaviors, so that sales, marketing and service (Opportunity)
efforts are more precisely targeted. PP y
CRM experts should implement Al-driven lead
identification and qualification tools, so that Lead Management
GDL-13 high-potential leads can be automatically prioritized, 1ag
. . . ) (Opportunity)
reducing manual effort and increasing conversion
efficiency.
CRM experts should ensure high data quality, so that Al
misinterpretations are prevented. Allowing unstructured | Data Quality
GDL-14 | . . . .
input and applying NLU can encourage richer user input | (Challenge)
while simplifying data structuring and analysis.

Table 4.12: Guidelines for Analytical CRM

4.5 Artifact Evaluation

This Section informs about the performed evaluation of the artifact designed: the
practical set of guidelines for Al integration in CRM. It includes an outline of the
evaluation process used, in[4.5.1} and the evaluation result, in[4.5.2]

4.5.1 Evaluation Process

An evaluation with three experts was carried out using semi-structured interviews.
Each
interviewee received the artifact (that is, the set of guidelines) and related
evaluation questions prior to the interview. The questions asked are introduced

The interviewees were two CRM-experts and one CRM-focused researcher.
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in the Methodology Chapter (see Subsection [3.5.4). As indicated, the questions are
designed to evaluate the guidelines based on strengths and weaknesses, suggested
improvements, and the overall relevance and applicability, which ultimately comply
with the defined artifact objectives (see Subsection[3.5.2).

The three experts interviewed are the following:

1. A CRM-Expert serving as the CSO of a CRM-vendor who uses CRM primarily for
sales-related activities, hereafter called interviewee 1.

2. A CRM-Expert serving as the CEO of a CRM-vendor, with extensive experience
in project management, consulting, and strategic management related to CRM,
hereafter called interviewee 2.

3. An Associate Professor from the Department of Computer and Systems Sciences
(DSV) at Stockholm University, specializing in ERP systems, with expertise in
CRM as a module of ERP and active engagement in Al research, hereafter called
interviewee 3.

4.5.2 Evaluation Results

As indicated in Section [3.5.4] the results are derived based on a deductive thematic
analysis and inform on the strengths and weaknesses, suggestions for improvements,
and the overall relevance and applicability of the artifact.

Interviewee 1

Interviewee 1 highlights that the inclusion of change management and employee
training as guidelines is a key strength of the artifact. For the interviewee, it is clear
that these guidelines have to be taken care of right at the beginning of such an
integration project. As another strength, Interviewee 1 mentions that the guidelines
are an optimal starting point to induce the right mindset, so that CRM-experts and
users can prepare themselves as well as possible. The interviewee clarifies that it is
important to understand what such a project is about. And what it is not about:

“The general image that is conveyed is also important. What are all the points to
consider [...]. If [CRM users] saw such guidelines, [they] would understand what it’s
actually about. [...] An Al in a CRM or a CRM in general is a project, it’s not a Disc that I
take, or a [USB] stick that I take and install. It's a project: namely taking someone by the
hand and training and accompanying and supporting them. And that’s what comes out
well in the guideline.”

When it comes to weaknesses, Interviewee 1 offers a suggestion for improvement.
The interviewee emphasizes that there is an initial guideline missing that should
investigate the actual expectations of the CRM-users. This means explaining what
things are possible and what is not possible, so that no misunderstandings arise and
it is clear what the objectives of the Al implementation are:
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“[...] What you might have to consider in your guideline is the topic of expectations:
What do I expect? What goal do I want to achieve with it? [...] Do I just want it because
everyone is doing it? Is it just a fashionable term or do I expect real added value. |...] 1
think the issue of expectations should be addressed.”

Regarding applicability, Interviewee 1 highlights that the guidelines are applicable
across industries, except for the chatbot (guideline 6), where the interviewee sees
possible issues when it comes to the nature of customer relationships. Especially if
interactions are personal by nature, he does not believe a chatbot will be beneficial:

“The guidelines themselves are important across all industries [...]. Except for the
chatbot. [...] There are simply industries where the relationship is so personal and I
think that’s what makes some industries so special.”

Finally, Interviewee 1 agrees that the guidelines are relevant for CRM-experts:

“Definitely. Deals with very important points. As I said, perhaps pay attention to
the one issue of expectations. Apart from that, it deals with very important points and
perhaps brings both the in-house CRM-expert and the customer’s CRM-expert together.”

Interviewee 2

Interviewee 2 highlights that the guideline provides the possibility to use it as a kind
of checklist, which, to the interviewee, is a strength. It helps CRM-experts to ensure
that everything is considered, so that no essential tasks are forgotten. The guideline
provides structure for the project, so that the whole process is not too overwhelming:

“I'm a fan of checklists, because you just know that we've thought of everything
afterwards. [...] It’s certainly a good way to help them realize things for themselves.”

Another strength highlighted by Interviewee 2 is that while the degree of complexity
might vary, the guideline is still applicable across industries:

“I do not see where it does not fit. |[...] Yes, the guidelines can be used without
restriction.”

When it comes to weaknesses and suggestions for improvement, for Interviewee 2,
there is a prioritization or weighting mechanism missing. For the interviewee, different
guidelines have different degrees of importance. Data quality (guideline 14), as an
example, is the most crucial guideline for Interviewee 2, as without a good data basis,
the decision on which Al functions to implement will not matter:

“I think there is a bit of a lack of prioritization. The 14 guidelines are listed in the
same way. Or they look as if they are of equal value. I certainly don’t think they are.
There are a few legal things that I see as more or less self-evident. [...] For me, it’s a much
higher priority to make sure that the material to be analyzed is there in the first place
than to worry about whether you have the right Al running.”

Furthermore, interviewee 2 questions whether the point of view taken from a
CRM-expert perspective is sufficient and if some crucial guidelines, as a result, are left
out:

“This is a view from the implementer’s perspective, not from the customer’s
perspective. I don’t know whether something important is being left out.”
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Therefore, the interviewee suggests that guidelines should also be developed that
specifically address what CRM-users must take care of independently and what is not
within the purview of the CRM-vendor:

“Something that says you have to be clear about these 5 points. So if you don’tdo |[...]
visit reports or phone calls, if that’s not in there, then you can leave out the Al before the
CRM and you can actually leave out CRM too.”

Ultimately, Interviewee 2 also agrees that the guidelines are useful for CRM-experts:

“[1t is useful] in the form of the checklist, that you think about everything, that you
are aware of a few things. It’s perhaps even more interesting for newcomers than for old
hands.”

Interviewee 3

Interviewee 3 highlights the structure that the guidelines bring to an Al integration
project as a key strength. It supports CRM-experts in the form of a checklist where
relevant parts can be picked out and addressed accordingly:

“I like the structure because you can also look at the different parts, and those parts
can be important for different actors. So, they can pick their own guidelines, the ones
that concern them, and start working. So that’s very nice, to have structure on it.”

Looking at weaknesses, interviewee 3 mentions that there could have been a higher
number of guidelines. And, by extension, guidelines that address more precisely how
to tackle certain issues:

“There actually could have been more guidelines. Because I think that some areas
are covered quite nicely, and some others are not. [...] They all are concerned with big
themes. And then you wonder: "How should I do this?“ [...] They don'’t hit the level where
people can directly apply them because they're too wide and there are not that many.”

At the same time, interviewee 3 provides suggestions on how to address this
weakness. An idea could be to offer another level to the guidelines. So, as an
example, have change management as a high-level category and then offer more
precise guidelines on a lower level:

“Maybe this could be solved by adding another level to the framework. [...] So maybe
you can have two strands.”

When it comes to potential changes to specific guidelines, interviewee 3 questions
whether guideline 3 has the right focus. In the opinion of the interviewee, the guideline
should rather focus on the Al Act instead of the GDPR:

“There’s the Al Act. [...] I think you should change that to the Al Act instead of GDPR.
GDPR has very little to do with AL”

The interviewee further questions whether guideline 11 is categorized in the right
CRM theme. It could fit better in the operational CRM type. In addition, the
interviewee mentions that the drawback of the guideline might be too narrow:

“Here it’s placed under analytical CRM. But it feels like youre recommending
personalized sales activities and that’s not part of analytical CRM. Is it? [...] Also, this
one’s a bit problematic because you talk about predictive analytics in general. And
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then you give a very specific recommendation: personalized sales activities. But with
predictive analytics, you can do many, many things.[...] So that’s kind of odd. You
recommend something broad, and then the solution is a very narrow example.”

Answering the question of applicability across industries, interviewee 3 agrees that
the guidelines are relevant to most industries. However, there might be an issue of
differentiation between B2B and B2C. Different guidelines might be more relevant to
one of the business models. In particular, guidelines 3, 4, 8, 9, and 11, the interviewee
identifies as more B2C-focused:

“I think most of them are generic enough to be applied across industries. I was
wondering about the difference between B2C and B2B scenarios. Some of the guidelines
[...] seem to be very B2C-focused.”

However, the interviewee stresses that in the end, this is not too big of an issue as
the CRM-experts themselves can decide which guidelines to address and which ones
might not be of high interest:

“So maybe not a big issue. A B2B reader can filter out what’s less relevant and focus
on the rest. But maybe it's something to consider.”

Finally, the interviewee agrees that the guidelines are practicable for CRM-experts:

“Yes, absolutely. They support that. Because there are only a few, you have to read
them all and maybe think “Oh, I forgot about change management’. And then include
it. So yes, definitely.”
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5 Discussion and Conclusion

This Chapter presents the final reflections of the thesis. First, the generated research
results are revisited by addressing the research question and its first two related
sub-questions (Section [5.1). Subsequently, Section discusses the results from
the artifact evaluation (see Section , and with it, the third research sub-question.
Furthermore, the thesis’s research contributions are outlined (Section[5.3), and ethical
as well as societal implications are discussed (Section[5.4). The thesis concludes with
limitations and directions for future research (Section|5.5).

5.1 Research Question revisited

This section reflects on the main results of the study in connection with the overall
research question and its first two sub-questions. The third sub-question will be
separately addressed in the following section.

Using a SLR and abductive thematic analysis, this thesis has explored how Al
can be integrated into CRM across the three main CRM types. The results show the
relationship between the identified opportunities and challenges on one hand, and
the need for practical guidelines to support the adoption of Al in CRM on the other.
The central research question that guides this thesis is: “How can Al be successfully
integrated into CRM across strategic, operational, and analytical CRM?”

This study answers the question by identifying specific opportunities and
challenges through a SLR of recent literature (2021-2025) and translating these findings
into structured guidelines for CRM-experts. The results suggest that a unique approach
to Al integration in CRM is necessary to accommodate the unique needs and priorities
of the respective CRM types. Strategic CRM benefits from the alignment of Al initiatives
with the overall business and customer strategy. Operational CRM focuses on the
facilitation and automation of Al-powered CRM processes, while analytical CRM
benefits from enhanced data analysis and decision-making capabilities. The study
highlights the importance of data quality and organizational maturity in the process
of Al integration.

With respect to the first sub-question: “What are opportunities in the adoption
of Al in strategic, operational, and analytical CRM?”, this study highlighted several
opportunities specific to the respective CRM types. Most of the opportunities were
identified in the area of analytical CRM. This is mainly due to the fact that many
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Al functionalities are designed to improve the understanding of customer data and
to make related processes more efficient. Ultimately, the opportunity in analytical
CRM identified in most papers in the SLR was to gain a more precise understanding
of individual customer needs. Al enables this by offering functionalities such as
predictive analytics, customer segmentation, and lead management. Operational
CRM has also revealed some opportunities in connection with Al, identified in the
SLR. In this CRM dimension, it is clear that Al ensures that daily work with CRM is
simplified and made more efficient. This includes the automation of CRM tasks that
normally have to be done manually. In addition, opportunities such as chatbots and
text-/ speech-based Al improve overall customer interaction and satisfaction. Strategic
CRM benefits from Al by leveraging the enhanced outputs generated by analytical
and operational CRM. This, in turn, may contribute to the overall realization of a
competitive advantage for the organization.

In summary, while there are various opportunities across all CRM types, it becomes
evident that analytical CRM is the CRM type with the most exposure and use for Al
functionalities. Analytical CRM thus serves as an enabler that enhances the capabilities
of the other CRM types.

The second sub-question: “What are challenges in the adoption of Al in strategic,
operational, and analytical CRM?”, was answered by highlighting several challenges
specific to the respective CRM types in Section[4.3] When looking at crucial challenges,
the one identified through the SLR and highlighted in the evaluation interviews was
data quality. Data quality, a challenge for analytical CRM, is not only important for
CRM in general, but also more incidental when AI comes into play. Data quality
does not mean simply filling out the given mandatory fields. The key is to provide
valuable content. That means being precise and thorough in documenting customer
interactions and information. Without detailed information, Al cannot perform the
analysis and provide the insights that CRM-users want to gain. Consequently, the
success of Al-powered CRM is largely dependent on data quality. Data quality is
again affected by challenges identified in strategic CRM, such as employee experience
and change management. Insufficient employee experience can lead to incorrect
data input and incorrect use of CRM-AI functions. The same applies to change
management. If change management is not addressed properly, users may be reluctant
to use the CRM system, again influencing the quality of data. In addition to the
challenges surrounding data quality and related issues, it has also become apparent
that operational CRM challenges regarding data privacy and security are of great
importance. Users must be reassured that they can trust the Al-powered CRM with
their data, so that the full potential of Al functions can be realized.

In summary, the most significant challenges in integrating Al into CRM relate to
data quality issues and data privacy concerns in relation to ethics and security.
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5.2 Discussion of Artifact Evaluation

The third sub-question: “What are practical guidelines for CRM experts that support
Al integration in CRM?”, was answered in Section 4.4| and further evaluated through
three expert interviews (see Section [4.5). The results present a total of 14 practical
guidelines across all three CRM types. Each guideline is based on an opportunity
or challenge. An additional explanation is provided as to why each guideline is
important. In the following, the results of the artifact evaluation are discussed based
on strengths/weaknesses, suggestions for improvement, as well as relevance and
applicability.

Consolidating the strengths mentioned by the interviewees, it becomes evident that
each of them agrees that the guidelines provide an optimal starting point for the Al
integration project. CRM-experts can use the guidelines as a checklist to keep track
of and prepare for this complex adoption. It has also become apparent that all the
interviewees see the guidelines as an overall valuable and practicable tool to support
CRM-experts with the Al integration in CRM.

The interviewees agree that the guidelines are applicable across industries, to some
extent. Interviewee 1 questions how realistic it is to introduce a chatbot. This is
because a chatbot would be more likely to reduce customer satisfaction in industries
that benefit from personal interactions. Although this statement is understandable and
makes sense, the question remains whether these industries should instead change
their mindset and culture. Ultimately, a chatbot could still be used in certain situations
and improve daily processes in these specific industries.

Interviewee 3 identifies a different issue and wonders whether B2B and B2C should
have been classified more precisely. This is also a valid point. While B2B and B2C are
not traditionally regarded as industries, it is nonetheless true that differences between
these business models should be taken into account. Some guidelines apply more to
B2B or B2C. Ultimately, CRM-experts must decide which guidelines are relevant for
each specific case. Accordingly, the guidelines should not all be seen as mandatory.
CRM-experts must decide what needs to be implemented and what does not.

In connection with this last remark stands the suggestion of interviewee 2 to
implement a weighting mechanism. This would help CRM-experts focus more easily
on certain guidelines. While this recommendation is reasonable, this thesis stresses
that in the end, weighting the guidelines could lead to bias. As already mentioned,
Al integration projects can have totally different goals and limitations. As a result, a
weighting mechanism might even hinder adoption in a way that CRM-experts could
focus too much on guidelines that do not affect their Al integration. However, the
guideline that should especially be highlighted is guideline 14: data quality. One of the
main drawbacks of this thesis is that without good data quality, Al integration in CRM
will not have a sustainable effect on the productivity of the CRM and, by extension, on
the overall company performance.

At this point, it is interesting to note that although both CRM-experts agree that
data quality is probably the most important guideline, it was not often identified as a

44



challenge in the SLR. One possible explanation could be that although this is a major
challenge, CRM scholars assume that it is a prerequisite and are therefore more focused
on highlighting the opportunities of Al integration and the less obvious challenges.
Another reason could be that scholars narrow their scope deliberately to specific issues,
such as user experience or a more technical perspective on Al functions, hence they
might treat data quality as a “given”. In other words, researchers may see data quality
mechanisms as a standard in CRM, rather than a specific problem of Al integration. As
a result of this consideration, another explanation may be that data quality problems
often originate from inefficient infrastructures within the organization handled by IT or
data management teams, and therefore do not surface in AI-CRM-oriented articles. As
alast remark, the search queries used for the SLR, as well as the inclusion and exclusion
criteria applied, might have led to the filtering out of papers mentioning data quality
more exclusively.

Overall, it can be said that many of the opportunities are very promising.
Ultimately, it is important to ensure that the data quality is right and that people
using AI-CRM have the necessary knowledge and a genuine interest in understanding
and using CRM. This ties in with interviewee 1’s desire to implement an expectation
management guideline to clarify to CRM-users what Al can and cannot do. Based on
this, it must be communicated what is suitable for the specific customer and what the
customer needs to bring to the table.

5.3 Research Contribution and Originality

The research contribution of this thesis is both practical and theoretical. When
it comes to practical contribution, this thesis presents a set of guidelines that
CRM-experts can apply in real-world settings. This statement is supported by three
experts interviewed in the course of this research. The guidelines support in the form
of a checklist. That is, CRM-experts can prepare for Al integration and make sure that
they have thought of everything before as well as during the integration process. It
also offers opportunities to clarify and meet expectations on the CRM-user side. While
earlier work has discussed best practices or success factors, this thesis is the first to (1)
root each guideline directly in the latest SLR insights and abductive themes, and (2)
package them as a broad, usable checklist across industries for CRM-experts. As such,
this thesis adds to the current academic literature by introducing these guidelines into
the general AI-CRM discussion.

Looking at theoretical contribution, this thesis is in line with prior literature
reviews mentioned in Section (Sauraetal.,2021; Ledro et al., 2022; Ozay et al.,|2024).
By systematically synthesizing research published after 2021, it offers an up-to-date
and refined SLR. This process yields a structured overview of recent opportunities
and challenges associated with Al integration in CRM, categorized according to the
three main CRM types. Through this structuring, the thesis provides a new synthesis
of prevailing implications within the field. Consequently, it contributes to current
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research by offering a cross-industry perspective and a clearer understanding of how
the balance between opportunities and challenges has evolved in recent years.

As a key contribution, this thesis also introduces the topic of data quality to the
AI-CRM research domain. Although earlier studies have noted data quality issues in
passing (Ledro et al., 2023; Chatterjee et al., 2024; Sofiyah et al., [2024), none have
surfaced data quality as a standalone theme in all three CRM types, nor have they
stressed its centrality for realizing the identified Al opportunities for CRM. The artifact
evaluation discussion (Section further demonstrates that data quality should not
be seen only as another barrier, but as a precondition that must be addressed before
any Al functionalities can be integrated in a meaningful way. This adds a novel
theoretical insight and a call for future scholars to investigate data quality frameworks
in AI-CRM research.

Furthermore, by mentioning the need to manage expectations around the topic of
Al integration, this thesis emphasizes that scholars should not only focus on discussing
the vast number of opportunities connected to Al. More importantly, they must
identify the underlying challenges that need to be addressed before Al opportunities
can be introduced to CRM profitably.

In summary, this thesis advances the AI-CRM literature by (1) updating and
re-framing the field’s core opportunities and challenges since 2021, (2) elevating
data quality as a standalone research priority, and (3) introducing new, empirically
grounded guidelines that bridge academic insight with CRM practice. These
contributions together provide both conceptual novelty and hands-on value for
scholars and CRM-experts alike.

5.4 Ethical and Societal Implications

Although ethical issues were considered in the research design (see Section [3.6), the
results still carry important ethical implications. First, CRM-vendors must ensure
that customer data used for the Al functionalities is collected and processed with
respect for privacy and consent. In connection with this stands the issue of algorithm
bias, underscoring the need to oversee and prevent any unfair and unaccounted-for
actions. Second, the results suggest that employees might feel fear of being replaced
by automation. This raises ethical questions with respect to transparency in change
management and the organization’s responsibility to support and educate staff rather
than letting them go.

This thesis provides practical guidelines for Al integration and, as a result,
affects our society. The guidelines can support CRM-experts before and during
their integration efforts. A successful integration could lead to more efficient CRM
processes that ultimately lead to a competitive advantage and improved organizational
performance. Improved organizational performance, in turn, benefits society through
additional job opportunities, higher wages, and, most importantly, flourishing
customer relationships.
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5.5 Limitations and Future Research

This thesis has some limitations in relation to the research methodology. More
precisely, the databases used for article extraction could have been extended to
additional ones. Moreover, by limiting the articles to the English language, there
might be some articles left out that could have been beneficial to this research.
Although a total of 19 thoroughly chosen articles is reasonable, a larger number of
papers might have added further insights. Future research could build upon this
limited number of databases and articles using an extended scope, hence generating
additional challenges, opportunities, and guidelines. A larger number of articles
could be achieved through a different selection of keywords. A less restrictive
selection criteria could have yielded a broader range of studies, potentially uncovering
additional insights. However, it should be kept in mind that this could also lead to a
lower quality of research findings. Moreover, this study has another limitation due to
the time period during which the research was performed. The effective date of article
selection was 15 February 2025. As Al and CRM are fast-evolving subjects, it is also of
interest for future research to assess articles published after this date, to keep track of
current developments.

In connection with the abductive thematic analysis employed, it should be
noted that the results may be affected by the background and experiences of the
researcher. The researcher has worked for a CRM-provider for several years and
therefore possesses some previous knowledge of CRM in general, but also about Al
functions implemented in CRM. It should further be noted that a more strategic and
business-oriented perspective is applied, due to the academic background of the
researcher. This may have influenced the way the data were interpreted and the themes
identified. However, it is thought that this thesis still adds relevant insights to the
current research landscape.

Another, more practical limitation is the limited number of guidelines. The
guidelines could have been formulated more precisely and in greater detail. However,
this was rejected due to increasing complexity and the objective of keeping the
guidelines broad and relevant across industries. As such, the guidelines provide several
opportunities for future research. Any guideline can be used and separately examined
in more depth, perhaps establishing sub-guidelines to give additional instructions as
to how to tackle a specific guideline. Of special interest could be the data quality
guideline, which should be addressed more extensively. It might also be interesting
to examine the differences between B2B- and B2C-focused CRM to account for the
unique nature of each business model type. In addition to that, future research could
examine specific industries. Of high interest could be the healthcare industry with
its long-term patient relationships, highly personalized processes, and tough privacy
restrictions. One could examine how the unique opportunities of Al integration in CRM
can be balanced in connection with data protection regulations and ethical issues.

Finally, a case study could be performed, in which the guidelines are used by
CRM-experts in practice. Future research could examine how and to what extent the
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guidelines are able to support the Al integration efforts of CRM-experts. The results
could be used to further improve, refine, and expand the set of guidelines.
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Appendix A

Statement for IT Tools and Al Usage

This thesis used Overleaf for the writing of the thesis. In Overleaf itself, the Writefull
integration was helpful for correcting grammar and spelling errors, as well as for
suggestions of improved phrasing. The reference management tool Zotero was used
for the SLR conduction as well as the management of all other articles used and
cited in this thesis. The reference list was also generated through the integration of
Overleaf and Zotero. In addition, ChatGPT was used in the beginning of the thesis
for guidance, help with a thesis outline, and approaches to different chapters. During
the thesis development, ChatGPT helped clarify concepts and provided suggestions for
improvement. As English is not the native language of the researcher, ChatGPT assisted
in some instances with improving the phrasing of specific text passages. However, the
content of this thesis was always the own invention of the researcher. Furthermore,
DeepL was used to help when there was a need to translate German to English or the
other way around. For the evaluation interviews hitps://transcribe.dsv.su.se, DSVs own
interview transcription tool, was utilized to transcribe two interviews that were held
in German. The transcripts were then cleaned up and translated into English with the
help of ChatGPT. The third interview was transcribed with the internal transcription
tool of Microsoft Teams. All interview transcripts were then additionally checked and
tidied up by the researcher.
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Appendix B
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Appendix C

Transcript for Interview 1

Interviewer: Well first, thank you, Interviewee 1, for doing the interview with me. I now
must provisionally ask you whether you are willing to do the interview and agree to it.

Interviewee 1: Yes, I agree.

Interviewer: Thank you. Then I would jump straight into the individual guidelines.
Guideline 1 arose from the fact that change management must be carried out for all
CRM projects, including when Al comes into play. And that’s where the statement
came from that, as a CRM expert you must ensure that you provide training documents,
onboarding materials, training, instructions, etc. So that people can deal with it. I think
the explanation is relatively clear. If change management is not regulated, then all the
Al functions are of relatively little use because people don't know how to handle it. And
accordingly, there may be a certain amount of frustration on the part of CRM users
because they simply can’'t do anything with it and feel overwhelmed.

Interviewee 1: This guideline is, by the way, for every CRM project, even without Al,
one of the most important things of all. Exactly this guideline, in connection with Al, is
even worse, because without these training materials, without the constant repetition
and without taking away the fear of the topic, you don’t get anywhere. So that’s a big
catch for CRM introductions in general, even without Al, and even more important
with Al Incidentally, you also notice this here in the company.

Interviewer: Yes, exciting. I also believe that the topic of change management is
quite underestimated, because often, as soon as it has been introduced, people draw a
line under it, but then often forget that it also has to continue and is not just finished.

Interviewee 1: Exactly. With a normal CRM implementation, you need regular
meetings after the implementation, after the key user training, after the go-live. With
the key user training, you need regular meetings to regularly discuss the results and
regularly talk about the problems. Today I have an appointment with an existing
customer who is plugging away. And it's not yet with Al It’s just a normal CRM
introduction. I have a lot of them at the moment. So, and then Al in CRM. And who
uses it? - Very few. That’s it. So that’s a very typical point because, I'm sure you'll get
to it, the issue of fear simply prevails. Uncertainty, what am I allowed to do, what am I
not allowed to do, what can I do, what can I not do. And that is a very, very important
point. And you have to support this change management again and again and again.
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There’s no other way. Here in the company too, definitely. Not just with the customer.
Not just when introducing it to the customer. So, I put a big tick in the box.

Interviewer: Great. Then let’s take a look at the second one. It goes in a similar
direction. It's more of a deepening of the whole thing. In other words, not only
providing documents, but also really ensuring that they are looked at on the one hand,
and then also sitting down and really going through the training scenarios themselves.
And then, in particular, as soon as Al functions are added, to ensure that training is
provided in relation to them. Both for the CRM experts and the users themselves.

Interviewee 1: It's not just the training that is important here. These recurring
appointments. That is important. The exchange between the users themselves is
important. So, it’s not just that we go here and say this is how it’s done. And the
next time, how was it? And this is how it will be done. But the exchange between the
users is damn important. Because we don’t always have the insight into the customer’s
processes and training something, the basic training, which isn’t always what the
customer usually needs on a day-to-day basis. We provide the basics. The customer
has to use it. And then one of the users gets stuck at some point. CRM experts don't
even notice this. But the exchange between colleagues is often more open. Hey, what a
bummer, it doesn’t work that way. Or how do you do that? I always get stuck at the same
point. And that’s why it’s important to have regular meetings after training courses and
after other training courses, where it’'s simply about exchanging ideas. So, tips and
tricks, best practice, so to speak, a very important point.

Interviewee 1: Yes, I think it is very helpful.

Interviewer: Then we have the issue of ethics. In Germany, but also in other
countries, we have to comply with data protection laws, respect privacy, protect
unpublished data on local servers and so on. And that’s where I found a challenge in
this context. That’s why I came to the conclusion that as a CRM expert, you also have
to ensure that you comply with the relevant guidelines, because otherwise there will
be problems of trust on the part of the users, but you also expose yourself to possible
penalties or other problems. And that is precisely why this guideline was created.

Interviewee 1: Perhaps I should add that we have to point this out, but always in
consultation with the customer’s data protection officer. That is still such an important
point, because in principle we are not legal advisors, so we sit back and say, the
customer does it this way, he does it this way, he does it this way, we do it this way, how
you do it is your decision, coordinate it with your data protection officer, because that
also works differently for each customer. It’s about scanning business cards, not Al. Can
I scan the business card I receive? Yes, or no? Do I have to ask for consent beforehand?
Yes, or no? And although this is EU law, the interpretation is still slightly different for
every company. So, I fully agree, this whole GDPR or the whole issue of data protection,
very important point. And we have to provide support, but not legal advice. That
is a very, very important point to say, these are the options, this is how others do it,
this is how we do it, we recommend this and that, but you have to coordinate it with
a data protection officer in the company. On the one hand, and on the other, it is
also important that these data protection guidelines are clearly defined in a company.
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Because we also have a problem in our company: there is a guideline for dealing with
Al, and just yesterday at lunch we had a discussion where I was asked: if I adhere
to all the guidelines in this regulation, then I can’t use Al in our company, because I
answer an email and the email contains data from one contact person, or from several.
According to the guidelines, I am not actually allowed to have this data processed by
an Al So, this is a very important point and one of the biggest uncertainties for users.
What am I allowed to do and what am I not allowed to do? And I'd rather not do it
before I get a scolding or before something worse happens. An important point.

Interviewer: In other words, perhaps the statement here is even too high level,
because it’s actually much more specifically about not only generally ensuring that the
CRM side complies with certain regulations, but also ensuring that the user side itself
has to look. So perhaps it is also important to emphasize here that it is not so much
on the CRM expert side to ensure that you comply with regulations, but actually just as
much, if not more, on the user side itself.

Interviewee 1: Definitely. And again, the issue of management or data protection
officers. There are different forms of data that the Al could process. This is a simple
email or a call log or a visit report where I mention names. Simple form. Only through
many discussions with our customers. What actually is Al in CRM? Everyone defines
it differently. And what do I expect? Some expect normal text processing, summaries,
voice input, etc. But others expect analyses and suggestions. What should I do today?
Who should I call today? Why should I call someone? So, can the Al then scan customer
data, product data, sales data, sales history, visit reports? So, it’s not just about data
protection. Can the Al find out who I have spoken to? What is the function? What is
the person’s attitude towards us? So maybe actual personal data too? I talk to them
about soccer, about hobbies. I dictate this in my visit report. The Al processes this
information. Is that allowed? Apart from personal data, can the Al have access to our
sales data? Can it know where our customers are located? Who makes how much
turnover? So again, not just data protection in the sense of personal data, but also
company data. A very important point. And two pairs of shoes, so to speak.

Interviewer: Then again in the direction of ethics. Another challenge arising from
the ethics code is the issue that an algorithm can also start to hallucinate if it has access
to a lot of data. In other words, it can develop a kind of bias, which in turn can lead to
final results that don’t actually correspond to what you would suggest to the customer
or provide evaluations that may not be useful at all. And I think it’s very important on
the CRM side, especially on the CRM vendor side, to make sure that if you have your
own Al, it doesn’'t hallucinate, because otherwise, in the worst case, you might suggest
things to the user that aren’t so helpful or even go in the wrong direction.

Interviewee 1: Absolutely. And the issue of data quality also plays a very important
role here. I'm talking to one of our customers who is a C customer based on his current
turnover. But he has the potential to be an A customer. But the Al doesn’t know that.
How would it know that? Well, it can only do that if I store this potential with the
customer. IfI don't store it, I know it. And my colleague knows because we talk about it.
An Al can't figure it out. How would it know? On the one hand, especially when it comes
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to evaluation, how do I evaluate a lead? And that only works if all the data is in there.
And that is the biggest problem, data quality with CRM. That’s the biggest problem of
all. And if this data isn’t in there or if I leave a conversation and they shake my hand
again when I leave and say, see you next time, that’s a sentence that the Al never knows.
How is it supposed to know that? But as a salesperson, regardless of the industry, it’s a
damn important phrase because it tells you, hey, we're moving on. Even if the data says
that this is actually a high-level lead. It depends on how he says goodbye to you, how
he shakes your hand, how he looks at you. And these are things like that, how is the Al
supposed to know that?

Interviewer: Absolutely. Yes. We'll come to data quality later. In my opinion, this is
also one of the most important challenges or the biggest challenge in the whole topic
of Al and CRM. Now we come to a point that deals with the whole topic of integration,
especially when other applications, such as ERP systems or Office applications like
Teams, Outlook etc. are connected, that if you have already implemented a CRM
with normal functions, and Al is added, you still have to make sure that the existing
processes and interfaces continue to function in the same way. I think this is relatively,
perhaps even too self-evident, but I thought that it might still be relevant to include as
a guideline in some form.

Interviewee 1: It goes without saying and yet we have the problem that it is very
difficult to implement in practice. Less difficult for us, but for our customers. Our
customer communicates with the customer, with his customer, by email, telephone,
it’s all in the CRM. We have the entire history from the ERP, we may also have other
systems, a website connected to it, legacy systems connected to it, service applications
connected toit, it’s all in the CRM. And the customer now communicates via WhatsApp,
writes a few WhatsApp messages or sends a Teams message, give me a call. Information
that passes by. And that exists, even if we try to have everything in the CRM. There are
still communication channels that pass us by. And that’s why, even if it goes without
saying, it'simportant to remember that some of our customers communicate with their
customers via channels that are not centrally connected. That is an important point.

Interviewer: Understood, yes. I think that almost goes back to data quality in the
sense of how the user deals with the CRM. With all the applications that are available.
If they still find a way around it, then it doesn’t exist now.

Interviewee 1: We have a lot of communication in LinkedIn, even in-house at the
moment. It’s not in the CRM. Unless you do copy and paste. So, we have the issue of
data quality. Out of 10 communications, you'll find 2 in the CRM. If it doesn’t work
automatically, you don't do it. That’s a problem.

Interviewer: Then we have the chatbot issue. Maybe here again as background.
Chatbot is now defined in the thesis as a tool where you can communicate, both on a
simple level. I ask the question: Does CRM offer a module for the medical technology
sector? But I'm also interested in the chatbot for the salesperson specifically, if he uses
CRM,, in the form that he can say or even write in parallel while talking to a customer
or a prospective customer, to say, what can I suggest to him based on the products he
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bought before. So, if I integrate a chatbot, then I want to have the option of having a
kind of assistant that I can talk to.

Interviewee 1: Very interesting, but, and this is perhaps the topic of industries, not
feasible in every industry. We now have several breweries. The person who enquires
at a brewery is often even overwhelmed by a chatbot, so the restaurateur doesn’t know
that. The restaurateur picks up the cell phone and on the other side, what should you
ask? Is there a wheat beer or is there also a non-alcoholic wheat beer? He looks at the
product range list. So, yes, in principle, yes, but not a yes for all sectors, so to speak.

Interviewer: Okay.

Interviewee 1: For some, that’s simply oversized.

Interviewer: Understood. So here too, perhaps even referring to another guideline,
the topic of user-friendliness or the topic of training in a different sense, that there are
also people who are overwhelmed with such applications or cannot handle them.

Interviewee 1: Exactly.

Interviewer: And in this respect, perhaps not quite such an important guideline,
because you have to look at whether it fits the specific use case.

Interviewee 1: Imagine the brewer, when he goes to the homepage and the first
thing he sees is a chatbot, the innkeeper is already fed up. He wants to talk to someone.
He wants to talk to someone about how much beer, etc. And when and so on. He’s not
interested in the chatbot. It’s a completely different story in the automotive sector. It’s
expected there. If you don't have something like that, you're old school. Yes, butin these
other industries, I'd rather say in the food sector, it's completely different. A completely
different industry, completely different thinking, completely different people working
there. In the cosmetics sector too, by the way. And in industries where the sales force
visits customers once a week or every two weeks, they are used to and expect personal
contact. They have a relationship with each other. They don'’t just talk about business.
And that’s why I don’t see chatbots being a big issue in these sectors. Internally or in
industrial sectors, absolutely. In the retail sector, absolutely. But if I'm used to my sales
representative from the painting company or the paint distributor visiting me once a
week and introducing me to new brushes and bringing me the paint I've ordered. The
typical craftsman, I don’'t know how to put it properly, the simple trade, so to speak, is
not interested in the chatbot.

Interviewer: Yes, understood.

Interviewee 1: At least at the moment. That might change in five years’ time.

Interviewer: With Guideline 7, I also had a bit of trouble finding a good wording
for the code. I called it text and language-based Al, because for me it is also linked to
the chatbot. But for me it also goes in another direction, namely what you have just
mentioned, the topic of visit reports or even real conversations that you had on the
phone or via teams. There is the possibility of evaluating with the help of an Al. And
this is particularly exciting because it can handle unstructured texts very well, which is
perhaps more annoying for a human, because you then have to somehow pick out the
important things from this free text. And an Al with text-analyzing skills can go over it
very well and summarize it and extract the essence, which is an opportunity.
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Interviewee 1: Absolutely. Period. No further comments. Absolutely.

Interviewer: Great. Then we come back to the topic of ethics. In principle, we've
already talked about the challenge of data protection, but also the issue of security in
the sense of whether someone external, who may even be malicious, can access it, how
well the Al applications are protected. I think this is also relatively self-explanatory,
that you have to make sure that the whole thing is secure and does not allow access
by unauthorized persons. We've already talked about this a moment ago, the topic of
user-friendliness. Of course, it’s great if you have an Al and a chatbot and an analysis
function, but if the person using the CRM is sitting in front of the Al application and is
overwhelmed or can’t handle it, then it very quickly leads to frustration and then also to
frustration with the entire CRM. And that’s why this was born out of a challenge, in the
sense that ifit's not introduced properly or is not intuitive enough, it leads to resistance
and users become frustrated.

Interviewee 1: Incidentally, not just with Al in CRM, but with CRM in general. An
ERP system can look modest, nobody cares. A CRM system has to look good, be easy
to use. I have to be able to get added value out of it quickly. So, the operation of the
Al in CRM, that’s another challenge on top. It has to be as simple as possible. It has
to be easy to use, basically like an app. Just like you're used to in ChatGPT on an app,
for example. It has to be that simple, otherwise it won’t be used. Without lots of clicks,
without lots of buttons so that I can do something, without lots of options, as simple as
possible. Only then will it be used.

Interviewer: Yes, understood. I would agree with that. So, it saves even more time
and that’s ultimately one of the things you want to achieve, to make it as easy and quick
as possible for the salesperson or marketing employee to get through their day-to-day
work.

Interviewee 1: And that’s why it’s better to offer fewer possibilities, fewer options
and rather focus on the most important functions that can be available instead of
bringing a whole bunch of flowers, because then nothing is used at all. Then you look at
it, don’t understand what you see and close it again. That’s a very common realization,
but as I said, generally when it comes to CRM. Because whether a visit report is entered
and a task is created from it is different from whether an order is created. If I don't
create the order, I can’t write an invoice. If I create a visit report or not, it doesn’'t matter
in the first step. That is the consequence at some point. And that’s why it has to be as
simple as possible.

Interviewer: Exactly, now we're coming back to an opportunity. In the area of
analytical CRM, we are now hoping that we have a very good database and can analyze
it well. Then we have the opportunity to use Al to find out what the specific customer
likes and how we can adapt our product to this customer. In other words, this is how
the topic of customer personalization came about.

Interviewee 1: Absolutely. And the most important thing, or one of the most
important things, as we said earlier, is the database, I.e. The past. And not just the
past in terms of the last few days, but the past in terms of the last few years, which
play a major role. What does the customer need? When does the customer need
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what? Is it seasonal? What factors might be involved? And these are things that the old
salesperson who has been looking after the customer for 30 years knows, but the new
salesperson who is replacing the retiring old hand cannot know. How do they know?
And these are important points. This is a huge opportunity. But for this opportunity
to work properly, data quality is essential. And not just sales figures, but also access
to visitors, visit reports, telephone calls and e-mail traffic. There’s so much that plays a
role here that the old hand simply has in his gut and in his head that the new hand can’t
even know yet. And there is so much that plays a role, I.e. A typical algorithm to predict
what the customer will buy and when the customer will buy it. You can do that using a
normal algorithm, you don’t need Al. We can already do it without Al. Or when should
I visit a customer again? Based on the last visit. But the important thing is actually to
take these soft factors into account, and that’s where the added value comes in. What is
written somewhere in the email or what I have entered somewhere in a field are these
soft factors that the normal algorithm cannot find out. And there is this, or there can
be an extreme push. I see it as a huge opportunity. But it’s not easy. It really isn't easy.
I think people often imagine it to be easier. So maybe one sentence about that. I gave
a presentation on Al in CRM at an association of brewers. There were people sitting
there with iPads and cell phones. They always have the chatbot open, so to speak, and
communicate with some Al. And there are some who sit there with a pad and pencil.
So, and then you ask the guys with the appropriate technical equipment, what do you
expect from the AI? Simple visit reports, structured visit reports, visit suggestions, etc.?
So, everything they want is understandable. And that’s also realistic somewhere. And
then you talk to the owner, the 60-year-old owner sitting there with his pad and pen
and he says: new customers. I expect the Al to bring me new customers. Ah, yes,
and how? Yes, the Al should tell me who can buy my product. Ah, and from which
database? Yes, I don’t know, it’s Al it can do everything. Yes, so perhaps that’s also a
bit of a balancing act. What is the expectation out there at the moment and what is
realistic? Two completely different things.

Interviewer: Yes, incidentally, one of my aims of this thesis, or rather the motivation
for the thesis, is that a great deal is written about what it can potentially do or what it
can potentially not do, but less is said about how many of the opportunities are actually
realistically achievable. That’s why it’s a very valuable contribution now in the context
of the interview and also for my discussion later on about which of the opportunities
are more realistic and which are not.

Interviewee 1: Yes, and it’s also always the willingness, maybe there still, I've
spoken to another customer from the industry or from several customers from industry
branches and there comes the question, hey, do you have AI? Of course we have Al.
Okay, let me see. Yes, can't the Al predict what my turnover will be in the next six
months? I say, yes, of course, can the Al access your historical sales data? No, no, no,
are you crazy? No, that’s secret, nobody is allowed to do that. So, the important thing
is, what information am I prepared to give the Al and what do I expect to get out of
it? I expect a sales forecast for the second half of the year, but I don’t feed the Al with
historical data. Where is that supposed to come from, how is that supposed to work?
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This is a difficult idea on the subject of Al. An analysis by an Al on its own data? No,
definitely not. A prediction based on AI? Of course.

Interviewer: There is perhaps another guideline that arises from the fact that, as
a CRM expert, you have to educate yourself a little or ensure clear conditions, what
is possible and what is in the open, what is trumpeted to the world and what doesn’t
make sense at all.

Interviewee 1: It’s not a one-size-fits-all solution and creating this awareness is
damn important. I can't do everything, because we're currently undergoing a major
transformation and we all agree that a lot more will happen in the future, but without
a basis, nothing can come of it and I'm going to sit down and say that Al will bring me
new customers - sorry, what do you want with that?

Interviewer: Yes, | understand. We've actually already talked about the next point:
prediction, forecasting I don’t think we need to go any deeper. Customer segmentation
actually goes in a similar direction to what you said earlier about data quality and do I
maintain it now as a c or b customer. Do I maintain the sectors properly. Do I maintain
how many employees are in the company. Do I maintain from which market it comes
from.

Interviewee 1: How you maintain it well is how it is. With regard to the database.
I maintain the potentials. I maintain his plan for the new building,. I maintain the
fact that he has bought three other companies, etc. That’s completely different from
looking at the customer in isolation, also looking at the history in isolation, if I don’t
take the potentials into account, how can marketing measures be derived from that?
No chance, it’s not possible.

Interviewer: Exactly. I think lead management is also a very exciting topic,
especially because in my opinion lead is also thrown around a lot in the CRM space,
similar to Al itself. If you look at lead management, independently of Al for the time
being, I would say it is an important point in CRM, many would like and now with
Al together is of course the hope or the idea or the chance in this sense that you can
evaluate even easier through website visits or through contacts on linkedin and faster,
because the manual work of a salesperson can be extensive. So, here the question of
how realistic the whole thing is, arises.

Interviewee 1: There is certainly great potential, I am of the firm opinion that at the
moment this lead qualification, this initial lead qualification, is often a manual process
and at least this initial lead qualification as a manual process can be greatly expanded
because I look at who is on our homepage, where does the inquiry come from, what
does the company actually do and we look at key figures. The Al can examine the
key figures in the same way, of course we continue to look at how many employees
there are, who is on the road where and in which industry they are. The qualification
and classification of leads via an Al certainly has great potential, but it should also be
treated with caution if it runs completely automatically. For example, if an Al had
classified our first brewery inquiry based on history, we wouldn’t have any breweries
as customers today. It would have sorted them out. Basically, it was the personal
conversation that then revealed: yes, okay, it might be a good fit after all. We now
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have a few breweries, but this is an example based on history and the data available,
an algorithm would actually have to say this doesn't fit this is an industry that doesn’t
fit this is a completely different business model that doesn't fit, so maybe an Al will
be smart enough at some point to suggest other industries and say hey if you can do
this well then maybe you can also do it in this industry. That would be cool. Yes, but
looking at the history of how things have gone with us, I would say an Al would have
sorted out someone from the brewing industry. Sweet cider producers, four users,
sweet cider producers, we won new customers last year. Every normal person who
looks at it says what nonsense that doesn't fit. A huge potential for us because there’s a
cool ERP system behind it and we can advertise well with them. So there’s a marketing
potential behind it.

Interviewer: Then we now come to the last and probably most important guideline
that we have already mentioned several times in our conversation. The topic of data
quality. Major challenge not only in Al-related CRM but also in everyday CRM. I don’t
think we need to say much. We've already mentioned it enough. I also have the topic
of unstructured data in here. We've also already had it in relation to visit reports. In the
thesis, I have the whole thing both as a challenge but also as an opportunity because
you could also argue that if there is a good data situation or vice versa, the Al could
help to create better data quality in the form of making it easier for the user to create
entries or perhaps even to take over the entries for someone at some point that you
would otherwise not make that you would forget, so perhaps the topic of unstructured
data is also a bit like that.

Interviewee 1: So often a very banal example the field service of a customer visits
his customers. We have field staff out on the road who record visit reports imagine.
Visit reports are not recorded the way we imagine. Visit reports are written by some in
continuous text over a Din A4 page and in principle there are three important pieces
of information in it and others write only the three important pieces of information
leaving the rest completely unstructured, some with a template. Most without, some
dictate the thing on their cell phone, some type what they have written on the pad
again in the evening in the office. And the problem is now you have ten visit reports
with the customer. There you want to get an overview of what is the current status with
the customer. Now you actually have to read through these ten visit reports to be up to
date and say: summarize the most important information of the last contacts. A huge
added value, time saving without end, very important point.

Interviewer: What is your general impression of it. What do you think of the
guidelines as a whole?

Interviewee 1: I think the guidelines are very important, especially that you have to
think about these guidelines before you introduce CRM or Al in CRM. On the one hand
it's important for the person who introduces it to the customer, but it’s also important
for the customer himself to think about it. Am I aware of everything that’s being
processed? Am I aware that my data quality has to be behind it so that my result comes
out. The guidelines themselves are important across all industries. Is that someone
in industry in trade or also in the service sector. Applies everywhere. Important point
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and important is to simply put these guidelines down again and look over them and
perhaps also think for yourself does it suit me, so does the Al suit me at all?

Interviewer: Thinking about strengths now, or maybe a specific guideline that
stands out for you?

Interviewee 1: It’s the beginning that’s most important to me. That there’s a certain
quality of data in there. It has to be clear that data protection guidelines are adhered to.
That’s all clear. But it’s precisely at the beginning of this guideline that I communicate
cleverly, that I have to train, that I have to take people by the hand, that I have to allay
fears for such an introduction. That’s a particular strength. That it’s pointed out right
at the beginning, so I think that’s quite good and also important across all sectors in
this case. The general image that is conveyed is also important. What are all the points
to consider? And not like the brewer I told you about earlier who sits down: I want new
customers. And exactly someone like that, if he saw such guidelines, would understand
what it’s actually about. An Al in a CRM or a CRM in general is a project, it’s not a CD
that I take or a stick that I take and install. It's a project: namely taking someone by the
hand and training and accompanying and supporting them. And that’s what comes
out well in the guideline.

Interviewer: Great. Now if you think of weaknesses, be it from the wording or
be it that you are missing an important point that wasn’t pictured. Can you think of
anything?

Interviewee 1: The thing that comes to my mind, what you have to clarify or what
you might have to consider in your guideline is the topic of expectations: What do I
expect? What goal do I want to achieve with it? I think that’s an important point to
work out. Do I just want it because everyone is doing it? Is it just a fashionable term
or do I expect real added value. That’s an important point. And I think the issue of
expectations should be addressed, at least for us, when we talk to our customers, that’s
what I always do. What do you expect? What experience do you have? What do you
expect from the AI? and what are you prepared to invest? And then come up with the
guidelines. These are the points that need to be addressed. But I think it’s important to
have this basic understanding, this expectation: What can it do, what can it not do. It’s
not a jack of all trades. I think that’s an important point. And I think that also belongs
at the beginning of this guideline. But the rest is all cross-industry.

Interviewer: I agree, because it shouldn’t end up being a kind of wish list, where the
customer says I want all of this, even though you haven’t even discussed which of it is
realistic and sensible.

Interviewee 1: really, when introducing Al into a CRM, the first thing you have to do
is clearly identify what my expectations are and what I'm prepared to invest in order
to achieve them. Am I prepared to make my sales representatives work hard to record
their visit reports properly, so that I have the data quality to reach my expectations
up there. Or do I think: yes, let them get on with it. But then I don’t need to start at
the top and want to think about cross-selling and upselling processes if the basis isn't
right. That’s why: it’s a holistic process. It has to start at the top and, in my opinion,
expectations are one of the most important points.
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Interviewer: Understood. What would you change from the content. Maybe back
to comprehensibility. Because we had it earlier from the fact that you also thought the
guidelines are just as exciting for CRM users. I just had the thought, because I actually
aimed the guidelines specifically at CRM experts who are also familiar with CRM-AI,
how much of the guidelines might even be too deep or too difficult to understand for
someone who has no knowledge of the subject. How much would have to be explained
to someone who has never heard of CRM.

Interviewee 1: That’s difficult. There are such different levels of knowledge. There’s
no such thing as knowing what a lead is. You have to explain to some people what a
CRM system is. Why you need something like that at all, even with existing customers,
you sometimes have to explain why you actually need it. So that’s difficult. I don’'t
think you can formulate the guidelines in such a way that everyone understands them.
It is impossible for a CRM expert, I.e. Someone who introduces the CRM from the
manufacturer or from the manufacturer’s side to someone or with the project, with the
project manager, or key user on the other side, to understand it absolutely. You are on
the same wavelength. Everyone knows what a lead is. You know what upselling is. But I
don’t think it can be the claim to formulate it in such a way that everyone understands
it. That is simply far too broad.

Interviewer: That’s actually where my reason for limiting it to CRM-experts came
from because as you say I also felt it was impossible to specify that to all possible roles
that interact with CRM. In the end there are different levels of education, different age
groups etc. It’s just not possible to map that out. When it comes to cross-industry,
we've already said you meant for the most part it fits all industries.

Interviewee 1: Exactly, except for the chatbot. For breweries, as an example. The
brewer or the restaurateur who probably wouldn'’t use the chatbot on the website. He
calls on his cell phone, for example. He wouldn't even think of visiting the website.
There are simply industries where the relationship is so personal and I think that’s what
makes some industries so special.

Interviewer: Exactly then actually last question: does the guideline help with the
introduction of CRM or specifically with the introduction of Al in CRM?

Interviewee 1: Definitely. Deals with very important points. As I said, perhaps pay
attention to the one issue of expectations. Apart from that, it deals with very important
points and perhaps brings both the in-house CRM expert and the customer’s CRM
expert together. This shows once again: what do I have to think about. What is relevant?

Interviewer: Great then were through and thank you so much for our great
conversation. It was very informative and I will definitely present the results to you
then.
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Appendix D

Transcript for Interview 2

Interviewer: So Interviewee 2, thank you very much for taking part in the interview
here. I need your permission once again.

Interviewee 2: I agree.

Interviewer: And then I would say let’s jump straight into the first guideline.
Perhaps first of all, every guideline is the result of either a challenge or an opportunity.
This means that opportunities and challenges were worked out beforehand. And on
the basis of this, I then came up with guidelines with a description and a further
explanation. And here you can see in the first guideline that the whole thing emerged
from the topic of change management. In this case, change management is a challenge
for CRM experts. And the message of this guideline is that CRM experts should be
provided with training documents, onboarding materials and instructions so that users
are better prepared and know what they can do with Al functions. And the whole thing
is designed to ensure that CRM users do not become resistant or frustrated if they are
unable to understand how to use certain functions or what their effects are.

Interviewee 2: Yes, that'’s definitely an important story. At this point, I also thought
about the topic of leadership and support from the management. It has been proven
time and again in many projects that the fish stinks from the head. In other words, if
the management doesn’t actively support the project, then you’ll have a problem with
the whole organizational change anyway.

Interviewer: That was an important point, yes. In other words, a further guideline
or specification at this point could be that you should not only ensure that materials
are made available, but also somehow make sure that the...

Interviewee 2: A commitment, I would say, must be clear. A commitment from the
management for the product, for the project. Formulate the expectations you have of
it, the support. A project manager on the customer side who also has the ability to
make decisions, i.e. the right, not just the ability, but the right to make decisions. I
think these are the important things at this point. So, if it comes back later, somewhere
in the guidelines, but that...

Interviewer: Yes, understood. Then let’s take a look at the next one. It goes in
a similar direction, is for me almost a further specification of the topic of change
management. This could be a sub-type of change management, namely the topic of
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employee or user experience. In the sense that I think it’s not enough just to provide
FAQs and documents, but also to actually provide training to show people how to use
the whole thing. And not only on the side of the CRM experts’ customers, but also for
the CRM experts themselves. In other words, it must also be known in-house how Al
functions work or are to be used. In principle, it comes back to the same thing: if you
don’t know how to use it, frustration arises and then perhaps even frustration not only
with the Al application, but also with the entire CRM system.

Interviewee 2: Yes, certainly correct. I take a somewhat critical view of the whole
issue when it comes to the level of training of the users. The fact that you have very
different types of people or types of training. Someone who has never worked with
chat GPT and then suddenly has an Al in front of them and other people who work with
an Al tool image and do all sorts of things. There’s certainly quite a range in terms of
knowledge and user skills. Conversely, I can also imagine that there are simply buttons
in the AI CRM that you press and then a function is executed here and a purchase
prediction is made for the customer. That’s it. I don’t need Al knowledge for that. I
just need to know where the button is and press it and assume that Al will do the right
thing.

Interviewer: Guideline 3 is ethical. For us in Germany specifically, this is also a
GDPR topic. Exactly, it’s really just about building trust on the part of CRM users. By
complying with certain regulations. But of course, this can also be extended to the
extent that if such regulations are not followed, then the CRM, in this case the CRM
manufacturer, could also be subject to certain penalties or other restrictions. In this
respect, there is satisfaction and trust on both sides on the part of the user, but it is also
in the CRM expert’s own interest to comply with such regulations.

Interviewee 2: I don't think there’s much to say about that. On the one hand, many
will certainly work with an API for some kind of Al and then also have the support of
the Al in question in terms of security. But of course you can’t prevent any company
secrets from ending up in an Al. Conversely, if you have the right subscription model,
you also have an ADV promise, i.e. that the data will not be used for training. So it’s
actually relatively safe.

Interviewer: It may also depend on the next point, whether it is even an in-house
algorithm that is behind it or whether it is from an external company. If, of course, you
have a little less control over with external offers. What happens? This actually boils
down to the next guideline, or the next challenge, that algorithms can also be biased
or hallucinate. And as a CRM manufacturer, you should also be aware that this can
lead to results that you may not see beforehand or that you don’t want or that are not
appropriate. The Al may say something completely different to what I want.

Interviewee 2: Yes, exactly.

Interviewer: Yes, this guideline was relatively self-explanatory for me. Almost too
much so, but I thought I'd include it anyway. It’s clear that the CRM system itself already
has many interfaces to various other applications. Be it ERP systems or document
management or simply Microsoft Office products. And then, of course, it should also
be ensured that when Al functions are added to the CRM, they do not ensure that these

71



interfaces no longer work, but that nothing is impaired. And, of course, the existing
processes for employees will continue to function in the same way.

Interviewee 2: Yes, I think there’s little to say about that.

Interviewer: Exactly, now we have the first chance. In this case, the idea behind
the chatbot is that you can take over certain work processes or services so that the
employee has time for other tasks. Or very short FAQs, for example, that are made
possible by a quick query. Of course, it can also be a more extreme form of this, where
the salesperson has their own chat during a conversation and then writes in what they
are hearing from the other person and the chatbot then makes suggestions for the
salesperson. This could also be the topic of cross-selling or upselling.

Interviewee 2: Yes, so a lot of functionality that is useful in several areas, most
simply in service, where you just throw an FAQ into the language model. Or maybe
some hotline points, which I think the whole sales topic is a bit more complex. But it’s
an opportunity. It can work in several departments. Yes.

Interviewer: The whole thing goes in a similar direction, Guideline 7. Of course,
you could now also say, chatbot is also text- and speech-based Al somewhere. What I
wanted to get at with the code is that the Al is able to go over unstructured formats in
particular. For example, continuous text that is written, or even conversations that may
not necessarily be allowed to be recorded under data protection law. But theoretically,
the Al could also record this and then analyze and summarize it accordingly, thus also
reducing the workload.

Interviewee 2: Important topic. In particular, dictating into the CRM system to get
visit reports, phone calls, whatever, into the system quickly and with as much text as
possible. And not just the statement, I visited customer XY, period. And everything
happens on the data afterwards. So the more there is in there, the more detailed it is,
the better. And in this respect, it is important that there is also a voice-based Al.

Interviewer: Exactly, then we come to Guideline 8. Actually, Guideline 8 is not so
much about data protection, but for me it’s more about security. Security in the sense
that no third parties should be able to easily gain access to data that the Al uses or
influence the Al in a certain way in terms of the algorithm or similar things. This
is actually a relatively self-explanatory point, but I think you should also keep this in
mind.

Interviewee 2: Yes.

Interviewer: Because I think that users in particular will feel much better if they
know that there are certain barriers that can prevent the whole thing from happening.

Interviewee 2: Yes, yes. I don't think there’s much to say about that.

Interviewer: This guideline is along the lines of what you just had a moment ago,
kind of. Subject of user-friendliness or subject, interviewer 2: how familiar people
are with Al applications beforehand. And I think that’s also an important guideline in
the sense that if it'’s extremely complex to use certain applications, then many people
probably won'’t even consider the possibility that...

Interviewee 2: If I always have to define something promptly for 10 minutes before
it comes out, we firstly have the qualification problem again and secondly a loss of
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time. I think there will be a lot of preconfigured queries that you simply execute. It's
often the case that the same thing is simply queried for different customers. Always
the same prompt, just for a different customer. And then it would be nonsense if I had
to formulate the text in a user-unfriendly way every time. It's much easier to execute a
predefined query.

Interviewer: Exactly, now we're getting back into the opportunity area with the last
or with Guideline 10 to 12, so that of course with the appropriate data situation you
have the opportunity to understand customers better and then also to simplify this a
little bit in a certain way through Al or also to analyze it in an unbiased way through
Al, because as a human being you may then assess or understand certain customer
characteristics differently than an Al understands them. Of course, you can also turn it
around and say that this can also be a disadvantage if the Al...

Interviewee 2: Yes, I find it an interesting aspect that you can rule out the issue of
prejudice. According to the motto, he doesn’t buy anything. You only ever buy the same
things. And an Al approaches it without prejudice. That’s an interesting thought.

interviewer: Whereby of course it is also clear that it also reduces the workload here
again in the sense that you no longer have to go through the entire purchase history
yourself as a salesperson, but of course the Al can then see it relatively quickly itself and
say, in the last three years this was the main product that was purchased or whatever.

Interviewee 2: Yes, I think that the functionality is one of the main reasons why
people use it at all. The exciting thing is more likely to be whether the database provides
all of this. If I want to make cross-selling and upselling suggestions, then I need a
complete sales history in the CRM system. I would say that 70% of systems don’t have
this. A sales analysis of the customer broken down to the item purchased. It may say
that he makes 15,000 euros in sales per month because the figures come from some
ERP system. But breaking this down to item level and building a complete structure is
difficult. To do this, you need a complex interface to the ERP system. Otherwise, the
data is not available in the CRM. So Amazon has it easier because all the sales data is
already in the system. But a normal CRM doesn’t have the data at all. So in this respect,
this is really more of an opportunity where you have to look again at how realistically it
can ultimately be implemented.

Interviewer: Yes, exactly.

Interviewee 2: It's not Al's fault that it can’t make decent predictions if it doesn’t
have the data to do so. Data, data, data.

Interviewer: Exactly. The next guideline actually goes in a very similar direction, the
topic of forecasting. So no longer just analyzing what was there before, but also using
that and looking at what he could continue to buy and then, on the other hand, also
being able to apply the whole thing not only to the customer, but also to the company.

Interviewee 2: Topic planning, sales planning etc.

Interviewer: Exactly.

Interviewee 2: We have the same issue as with Guideline 10. If I don’'t know the
products that are being bought, I can’t make a prediction.

Interviewer: Yes.
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Interviewee 2: There we are again on the subject of the interface to other systems.
Interviewer 2: Just as important, just as important.

Interviewer: I think then we actually have a similar conclusion with Guideline
12. Here again, the issue of what is maintained and what is entered into the CRM is
certainly important. So when is it a C-customer, when is it a B-customer, when is it
an A-customer. But I also think that an Al simplifies a few things in the sense that you
can quickly look up in which market the customer is primarily active, in which sectors
the customer is primarily active. And how much turnover does it generate, how many
employees does it have - this is perhaps all information that an Al can access relatively
quickly and you no longer have to search for it yourself. And perhaps again the issue
of prejudice, that an Al might assess some customers differently than a human would.
Although, of course, there is also the flip side.

Interviewee 2: Yes. Definitely an exciting opportunity. I don't think there’s much to
add to that.

Interviewer: I personally find Guideline 13 an exciting opportunity, although I'm
not entirely sure how realistically it can be implemented. On the subject of lead
management, I wonder how much an Al can take away from the lead generation or
lead qualification process. So let’s say someone lands on a website, I don’t think the Al
has access to see who is there...

Interviewee 2: We use a tool, Lead-Lab, which anonymously logs click behavior.
This means that if someone has been on our website and visits 17 pages, I can see
the 17 pages they have been on and also theoretically how long they have been there,
although this is only theoretical. You don’t know whether they did something else in
between if five minutes have passed somewhere. But if you had the data analyzed and
the Al knew what was specifically on the relevant websites, how it should interpret
it, which is very easy for us, for example, via the interfaces to ERP systems, because
most people only look at the page that matches their ERP system and not five others.
When I use proAlpha, I don'’t look at any Abas systems or SAP. These would already be
simple qualification options that could be fully automated by the Al. Or even, what
do I know, when people click on industry pages or marketing measures or trade fairs,
whatever. So you could say that things must be of some interest to the person and could
make some predictions as to whether high potential can be derived from this. Perhaps
more likely if there are frequent visits and many clicks, but you just don’t know which
employee that is. Maybe it’s a student who is collecting data for their bachelor thesis.
So I think that’s difficult to interpret. It’s a tool, but the message behind it is perhaps
simpler for existing customers. If you know that there is an existing customer on the
system and you have a product catalog or something similar or perhaps even technical
drawings in particular, if something like that is downloaded, then it is actually likely
that the customer is looking at some product in more depth. And of course I can also
address this or have it addressed by a machine or a person. So this is also an exciting
opportunity.

Interviewer: but also to observe how well or how easily you can then ultimately
implement it.
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Interviewee 2: Yes, I think it's easier to use with existing customers than with
prospective customers you don’t know. Because it's anonymized, you first have to find
out who it was that was on the industry pages or whatever. You get the IP address of
the company and that’s it. If nobody comes forward via a contact form, it’s a lot of hard
work to find out.

Interviewer: Now we come to the last guideline and actually also to the point or the
challenge that we have now discussed several times, certainly also one of the biggest
challenges in the whole topic, the topic of data quality. And as we have already said,
Al can’t really do anything without proper data. This means that, as a CRM expert, you
should firstly ensure that users fill everything in properly or actually enter as much as
they can, as much as they want and also make sure that you make use of unstructured
data formats, as these can be evaluated quite well and easily by Als using Natural
Language Understanding.

Interviewee 2: Exactly. If it’s a company that doesn’t record visit reports, that doesn’t
record phone calls, that doesn’'t have a sales history down to item level, to put it bluntly,
it doesn’'t need to worry about Al. There is no complete basis for anything meaningful
to come out of it. I repeat myself, data, data, data.

Interviewer: That is, It is perhaps also exciting again as an initial question or as
another guideline to first look at, does the customer need Al at all? Does the customer
understand what Al with CRM means? And is it even necessary to introduce Al for
certain users?

Interviewee 2: Or is the customer willing to provide all the data? That is always
one of the first guidelines. If the employees are of the opinion that secrecy is better
than transparency when it comes to data, then you can actually forget the whole CRM
project.

Interviewer: Okay, so we've now gone through the guidelines roughly and can jump
into my questions. First of all, the overall overview of the guideline. Is there anything
that comes to mind? Perhaps in terms of complexity or understanding, or is there
something missing?

Interviewee 2: Yes, if 'm missing something, I'm missing some kind of weighting
because I would see the 14 points as having different levels of importance. Or in order
or something. No, it’s not top-down either. I think the last one is one of the most
important. Last guideline. But in the end, it helps someone who is implementing CRM,
AI CRM, to at least check it off. I've thought of everything.

Interviewer: Then we can actually jump straight to the strengths and weaknesses.
What is good, what is bad? It can relate to certain guidelines. But it can also refer to,
as I said, wording, complexity, comprehension issues. So you're pretty open about how
you interpret strengths.

Interviewee 2: Now I notice something that I didn’t think of in the first pitch. This
is a view from the implementer’s perspective, not from the customer’s perspective. I
don’t know whether something very important is being left out. We did discuss a few
things, even along the lines that the company management has to be behind it, etc.
But that would almost be a guideline in itself. It doesn’t have to be 14 points, in my
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opinion. But something that says you have to be clear about these 5 points. So if you
don’t do that, like we talked about the interfaces or visit reports, phone calls, if that’s
not in there, then you can leave out the Al before the CRM and you can actually leave
out CRM too. Then I'm the DM market that just spreads news and says, this is a special
offer from next week and I'll just blow it into the mass market. But then I'm not so
interested in the individual user behavior, I'm just using the discount. Maybe that’s
one thing, whether it’s okay to only look at it from one direction. Otherwise, I'm a fan
of checklists, because you just know that we've thought of everything afterwards. Now
just from the implementer’s point of view. I've already mentioned weaknesses. I think
there is a bit of a lack of prioritization. The 14 guidelines are listed in the same way.
Or they look as if they are of equal value. I certainly don't think they are. There are
a few legal things in there that I see as more or less self-evident. I would query, so I
expect that’s just the way it is. And vice versa, I'm riding on the data again. For me, it’s
a much higher priority to make sure that the material to be analyzed is there in the first
place than to worry about whether you have the right Al running. One thought would
perhaps be to bring in a second perspective in terms of changing the guidelines, but not
fourteen, I don’t think. Or just having some kind of focus and telling the customer that
you need to pay attention to that. And for the implementer, I would incorporate some
kind of weighting and say that this part is extremely important, that it is necessary, but
not decisive.

Interviewer: Exactly. To explain question 4 perhaps briefly, is it clear?

Interviewee 2: Yes, yes and I was wondering if I could think of anything to say about
it. i don’t see where it doesn't fit.

Interviewer: Good, that was important to me. The point was to avoid focusing only
on the retail industry or only on mechanical engineering or only on consumption or
only...

Interviewee 2: Even if it were insurance or something, cross-selling and up-selling
might be much easier, because I have a much more manageable product range if I
can only sell 25 insurance policies. Then I have a different checklist, so I can see
which of the 25 he already has and what is still missing or what goes with something.
It's much easier than finding out in a 100,000-item product range what the customer
could technically use for cross-selling or up-selling. So, yes, the guidelines can be used
without restriction.

Interviewer: And last but not least, can the guideline provide fundamental support
for CRM experts with the introduction of Al in CRM.

Interviewee 2: Yes. So, on the one hand, in the form of the checklist, that you think
about everything, that you are aware of a few things. It's perhaps even more interesting
for newcomers than for old hands. If I'm doing the cheapest project, then I'm aware
of a lot of things. Then maybe it’s just the checklist, but for newcomers it’s certainly a
good way to help them realize things for themselves.

Interviewer: Then thank you for your contribution, your participation in the study
here and you will definitely hear about the results then.
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Appendix E

Transcript for Interview 3

Interviewee 3: OK, question 1: What'’s your overall opinion on the guidelines? I like
the structure because you can also look at the different parts, and those parts can be
important for different actors. So, they can pick their own guidelines, the ones that
concern them, and start working. So that’s very nice, to have structure on it. Then
maybe there actually could have been more guidelines. Because I think that some areas
are covered quite nicely, and some others are not. So you get a feeling that you could
probably have more guidelines. Because it’s three areas, and you need to support all
three, that’s quite a lot.

Interviewer: Okay.

Interviewee 3: So that’s my overall comment. Since there are so few guidelines and
the ideas are very wide, the guidelines don't get very short. They all are concerned with
big themes. And then you wonder: “How should I do this?” So that’s one thing.

Interviewer: OK.

Interviewee 3: Then we jump to the next question: What are the strengths of the
guidelines? I think I already covered that. They are structured well. And the drawback
or weakness is that they don’t really bottom out, so to say. They don't hit the level where
people can directly apply them because they're too wide and there are not that many.
That'’s the current weakness.

Interviewer: I understand.

Interviewee 3: I can show you an example of this. The first two ones are really about
education or change management. The first one is kind of the initial trigger to move
in a certain direction, and the second one is to keep moving. And that’s 50% of your
strategic guidelines. There must be more, I think.

Interviewee 3: Then you come to ethics. So I got the kind of feeling that it should be
four or five more guidelines that support other areas of strategic CRM.

Interviewer: Yeah, I agree.

Interviewee 3: I got this feeling that 50% of the strategic guidelines support
education or change management, and two support ethics. But strategic CRM is much
more than that.

Interviewer: I get what you're saying.
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Interviewee 3: Maybe this could be solved by adding another level to the
framework, actually.

Interviewer: Do you mean like one overarching and then diving deeper into
sub-guidelines?

Interviewee 3: Yes. So maybe you can have two strands—you have ethics and
change management—then you can have a third. Of course, someone else might say
that’s too complicated.

Interviewer: Hmm, yeah.

Interviewee 3: So it’s tricky. But this is one thing I thought about when browsing
through it.

Interviewer: That’s a fair point.

Interviewee 3: OK. Next interview question: Would you change any guidelines? If
so, in what way? Yes. One example is guideline 3. It says CRM experts should ensure
they closely adhere to GDPR regulations, so that legal risk and trust issues in Al use are
minimized. But I don’t think GDPR has anything to do with Al, actually. That’s a bit
strange. There’s the Al Act—I think that’s what you meant. And it’s quite strict.

Interviewer: OK.

Interviewee 3: I think you should change that to the Al Act instead of GDPR. GDPR
has very little to do with Al

Interviewer: I was referencing privacy laws, that you're not allowed to use, for
example, private information of a person. At least that’s how I know it from Germany. I
think it’s also EU-related, but I'm not sure if it’s part of GDPR or a totally different one.

Interviewee 3: Could be. GDPR says you shouldn’t use data for other purposes.

Interviewer: Hmm.

Interviewee 3: On the other hand, if you're already using CRM, then you're probably
using it for selling, so why not? I mean, I don’t see huge issues in combining CRM with
Al unless you bring in the AI Act. For example, trying to figure out if someone has a
disorder, that’s illegal under the AI Act.

Interviewer: OK.

Interviewee 3: So that’s one thing. Let’s see if there are more.

Interviewee 3: No, I probably don’t have more comments on specific guidelines in
that set (operational CRM).

Interviewee 3: Let’s look at the next guideline 11. It says the CRM experts
should enable operative analytics functionality and not use only historical paper
data to forecast customer needs. That way, they can enable proactive activity and
personalized sales activities. Here it’s placed under analytical CRM. But it feels like
you're recommending personalized sales activities and that’s not part of analytical
CRM. Is it? Or maybe it is?

Interviewer: Yeah, I think it depends a bit on the view you take. You're right—if
you purely look at the process, then it would be operational. That’s totally fair. I
was thinking more of the underlying algorithm that powers this process. Instead of
manually thinking about “how can I address this customer’s need,” you're supported
by predictive analytics to automate that thinking.
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Interviewee 3: Yeah.

Interviewer: But that’s a general takeaway: while there are three different CRM
themes, there’s definitely overlap between them.

Interviewee 3: Yes. That’s one thing. Also, this one’s a bit problematic because
you talk about predictive analytics in general. And then you give a very specific
recommendation: personalized sales activities. But with predictive analytics, you can
do many, many things. Not just that. So that’s kind of odd. You recommend something
broad, and then the solution is a very narrow example. You could, for example, use
predictive analytics to change your product strategy, or run a general campaign, or be
more proactive in social media. So, there are two levels here: one is very general, and
the other is super specific.

Interviewer: That’s true.

Interviewee 3: So that’s a bit odd, just in this one. The other ones. I don’t have
similar concerns. I believe they're all good.

Interviewee 3: Next—question 5: Are the guidelines relevant across industries?
Let’s see. I think most of them are generic enough to be applied across industries.
I was wondering about the difference between B2C and B2B scenarios. Some of the
guidelines, like number 11, seem to be very B2C-focused.

Interviewer: Mm hmm.

Interviewee 3: Let me just browse through the rest. Yes. Guidelines 3 and 4 are also
very B2C. They talk about fairness and such. But if you're selling to Boeing or Airbus,
for example, you don’t do a psychological profile on them.

Interviewer: Mm hmm.

Interviewee 3: So those 3 and 4 lean toward B2C. And then I think 8 is also
B2C-focused.

Interviewer: I mean, I see your point about B2C, but I think businesses would still
be interested in ensuring privacy and security when using Al. Even in B2B contexts.

Interviewee 3: Yes, but then it should be phrased differently. In B2B, it's more about
trade secrets, IP, and proprietary data—ensuring that doesn’t get leaked.

Interviewer: Mm hmm.

Interviewee 3: So, a few guidelines are phrased in ways that fit better with B2C.

Interviewer: Yeah.

Interviewee 3: And guideline 9, about user-friendly interfaces, is another example.
That’s more B2C. Because in B2B, it’s usually about API access or integrations—not
necessarily user interfaces.

Interviewer: Yeah.

Interviewee 3: It’s still relevant. But on another level.

Interviewer: Yeah, I had initially thought about going specifically for B2B or B2C.
But the articles from my SLR, not many of them clearly stated if they were B2B or B2C.
Still, they had good insights. So I decided to take them all in and try to phrase the
guidelines to fit broadly.

Interviewee 3: Yes.
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Interviewee 3: OK. So maybe not a big issue. A B2B reader can filter out what's less
relevant and focus on the rest. But maybe it’s something to consider. Like adding a
dimension to the framework. You could have 20 guidelines, and then filter by B2B or
B2C, or by CRM type, and get the 15 most relevant ones.

Interviewer: Oh yeah, that’s a really cool idea.

Interviewee 3: That could be a totally different way of providing the guidelines.

Interviewer: Yeah.

Interviewee 3: Question 6: Do you believe the guidelines support CRM experts
in facilitating Al integration? Yes, absolutely. They support that. Because there are
only a few, you have to read them all and maybe think “Oh, I forgot about change
management”. And then include it. So yes, definitely.

Interviewer: Perfect. Thanks again very much for taking part in the interview.

Interviewee 3: No problem.
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